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1. Introduction

The production of commaodity field crops, including non-durum wheat, canola, and field peas, makes
a large contribution to the Canadian agricultural economy (Agriculture and Agri-Food Canada, 2022a).
Beginning in 2019, the COVID-19 pandemic caused major disruptions throughout many global
agricultural supply chains (Arita et al., 2022; Brewin, 2021; Malone et al., 2021). These challenges were
further exacerbated by drought and other extreme weather events occurring throughout Canada,
particularly in 2021 (Statistics Canada, 2021a). Nonetheless, production of principal field crops continues
to be a significant economic driver for the Canadian agriculture and agri-food sector (Government of
Canada, 2022).

A large portion of field crops produced in Canada are exported to international markets, making
Canada a major contributor to international commodity field crop markets (LMC International, 2020;
Pulse Canada, 2021; Statistics Canada, 2022a) (LMC International, 2020; Pulse Canada, 2021; Statistics
Canada, 2022a). Within Canada, much of the production of these crops is concentrated in the Prairie
provinces (Government of Canada, 2022) and, in particular, the province of Saskatchewan (Agriculture
and Agri-Food Canada, 2022b).

On a global scale, international commodity crop markets are increasingly conditioned by evolving
expectations and requirements regarding sustainability attributes (see, for example, Mazzocchi et al.,
2021; Okpiaifo et al., 2020; Tobi et al., 2019, etc.). This trend is being driven by increasing consumer
awareness of, and preference for, sustainably sourced food products (Noor et al., 2022; Xie et al., 2021;
Yadav et al., 2022). As this trend continues, it will become increasingly valuable for agri-food producers
to develop an in-depth understanding of the environmental impacts of and mitigation opportunities for
the products they produce, potential priority areas along supply chains to target for sustainability
improvement efforts, and how their environmental impacts compare to those of their competitors.

In the context of international field crop markets, there is the potential for large differences in
environmental impacts per unit of crops produced in different regions throughout the world. These
differences may be driven by a number of factors, including regional differences in soil, climate, and
management practices (Abdalla et al., 2016; Kajsa et al., 2019). Field-level nitrous oxide (N,O) emissions
(a major source of greenhouse gasses (GHGs) in agriculture), for example, may be impacted by the type
and application method for nitrogenous fertilizers, soil water content, nitrogen availability in soils (Van
Zandvoort et al., 2017), as well as other management and climate conditions (Hassan et al., 2022; Kuang
et al., 2021). These differences may be even more pronounced when considering “life cycle” (i.e., supply
chain) impacts occurring upstream of farm-level production processes. Regional differences in field-level
fertilizer-use efficiency (Q. Liu et al., 2021), for example, may be compounded by regional differences in
the impacts characteristic of fertilizer production (Gong et al., 2022; Kakanis, 2021; Ouikhalfan et al.,
2022).

To support rigorous assessment of, and differentiation between, the environmental impacts of
internationally traded crop products, it is necessary to use life cycle thinking-based assessment tools
(Pelletier, 2015). Such tools allow for transparent and reproducible assessment of the cumulative
resource demands and environmental burdens associated with the complete supply chain of a product
or service. Among such tools, life cycle assessment (LCA) is the most widely utilized. It has already been
applied to a number of agri-food production systems both within Canada (Bamber et al., 2022; Dias et
al., 2017; Pelletier, 2017; Turner et al., 2022, etc.) and internationally (Hietala et al., 2021; Masuda,



2016; Pelletier et al., 2014; Schmidt Rivera et al., 2017, etc.). Use of LCA and derivative methods is
supported by internationally accepted, standardized methodological reference norms, including the
ISO14040 and 14044 series for LCA (I1SO, 2006a, 2006b), and 1SO14067 (I1SO, 2018) for carbon
footprinting.

Currently, it is estimated that one third of total anthropogenic GHG emissions are attributable to
food systems (Crippa et al., 2021). Within Canada, the agricultural sector is responsible for 8% of total
direct GHG emissions and a much larger share of “life cycle” (i.e. supply chain) emissions. Direct
agricultural emissions in Canada have increased 26% over the past thirty years (Flemming et al., 2021).
Identification of key drivers of GHG emissions within Canadian agriculture, and comparison of emissions
with those of products from international competitor countries are therefore vital to: (a) developing an
in-depth understanding of the sustainability challenges facing the Canadian field crop sector, along with
areas for improvement; and (b) potential opportunities or liabilities with respect to competing on the
basis of sustainability attributes.

On this basis, the Government of Saskatchewan and the Global Institute for Food Security (GIFS)
commissioned a study to enable comparing the carbon footprints of three key crops grown in
Saskatchewan and other Canadian provinces (canola, non-durum wheat, and dry field peas) to those
same crops grown by a subset of international competitors (Australia, France, Germany, and the United
States) on a rigorous, transparent, and methodologically consistent basis. The results of this study will
be used to support sustainability policy initiatives in both domestic and international contexts. The
current document reports the methods for and results of this study.

2. Methods

Development of carbon footprint models for the crop-region combinations of interest followed a
staged approach. In brief, stage 1 comprised a data mining and quality assessment exercise to identify
sufficiently credible/rigorous data to support model development, and to select among available data
sources. The outcome of stage 1 was a report describing the methods, data sources, and results of the
data quality assessment and selection process. This report was subsequently shared with the
Government of Saskatchewan and GIFS (stage 2) for consultation prior to proceeding to the modelling
stage. Finally, in stage 3, carbon footprint models were developed for each of the crop-region
combinations, and comparisons made between the GHG emissions associated with each.

2.1 Crop-region combinations included

In total, 16 crop country combinations were proposed by the study commissioners for inclusion in
this analysis (table 1). Specifically, this included canola, non-durum wheat, and field peas grown in
Saskatchewan, Canada (average including Saskatchewan), Australia, France, Germany, and the U.S.
These combinations were selected by the Government of Saskatchewan because they represent priority
field crops (i.e., on the basis of value and volume) for comparison with international competitors. In
2020, Canada was the largest producer of each of these three crops across all of the regions considered
except for non-durum wheat production, of which the U.S. produced the most (table 2). Estimates of
non-durum wheat production are not available for France and Germany as neither data provided by
FAOstat (2021) nor made available through each countries’ respective national statistical offices
(Destatis, 2022; INSEE, 2022) separate estimates of durum- and non-durum wheat production. However,
Groth et al. (2020) indicate that production of durum wheat in Germany is limited and that
approximately 80% of durum wheat in Germany is imported. Similarly, 5 year average data from 2012-



2016 indicate that durum wheat production in France averages approximately 1.91 million tonnes,
representing about 5% of wheat produced in France during the same time period (FAOstat, 2021;
FranceAgriMer and Arvalis, 2017).

An additional differentiation of importance is between spring and winter wheat. Spring and winter
wheat differ in terms of when seeds are sown and grain is harvested. Spring wheat is sown in spring, and
grain is harvested in the fall, whereas winter wheat seeds are sown in the fall and grain is harvested in
the subsequent spring/summer. In Canada, the majority of non-durum wheat produced (i.e., ~“90%) is
spring wheat (Statistics Canada, 2022b). In Australia, the majority of wheat produced is also spring
wheat, although there is increasing interest in production of winter wheat due to the rising frequency of
drought conditions in the fall in Australia (Cann et al., 2019; Shackley et al., 2022). In contrast, spring
wheat represents only ~25% of U.S. wheat production (USDA, 2022a), and the majority of wheat grown
in Germany and France is also winter wheat (Canal et al., 2017; Macholdt and Honermeier, 2017).

Table 1. Crop-region combinations included in this analysis. Green fill represents combinations included,
while grey fill represents crop-region combinations excluded.

Canola

Non-Durum wheat

Dry field peas

Saskatchewan

Canada

Australia

France

Germany

u.S.

Table 2. Production estimates for each crop in the regions included in this analysis. Recent estimates of
non-durum wheat production are not available for France or Germany.

Production (tonnes)

Canola Non-Durum wheat Field peas
Saskatchewan 10,025,036 9,881,930° 1,903,690°
Canada 18,595,379 26,185,750° 3,651,020°
Australia 3525412° 23,352,042" /¢
France 3,918,400 34,050,960¢ 612,000¢
Germany 3,565,300 21,755,200¢ 273,400¢
u.S. /c 46,994,164f 720,005

a5 year average (2018-2022) as reported by Statistics Canada, table 32-10-0359-01 (Statistics Canada,

2022)

b 5 year average (2017-2021) as reported the Australian Bureau of Statistics (ABARES, 2022)
¢ Crop-region combination not included in this analysis
45 year average (2018-2022) as reported by EU Oilseed and Protein Crops (European Commission,

2022a)

10



€ 5 year average (2018-2022) as reported by Eurostat (European Commission, 2022b)
f5 year averagefrom (2018-2022) as reported by USDA NASS (USDA-NASS, 2022)

2.2 Identification of potential data sources

Calculation and comparison of carbon footprints across the crop-region combinations required the
identification and compilation of data of sufficient quality to characterize crop management practices,
soil/climate conditions, inputs, emissions and yields in each region. Specifically, data from the following
categories are required for inclusion in all crop-region models:

Yield

Seed inputs

Nutrient inputs/soil amendments including lime, manure, N fertilizers, P fertilizers, K fertilizers,
and S fertilizers

Pesticide inputs including herbicides, fungicides, and insecticides

Energy use for irrigation

Energy use for field activities

Transportation of field inputs

Post-harvest energy use

Field level fluxes including direct and indirect N,O emissions from N inputs, CO, emissions from
lime and urea, and soil carbon changes from land use or management changes.

The following data points were excluded due to lack of relevance to the carbon footprints of field
crop production:

e Infrastructure is excluded due to trivial contributions to GHG emissions when taken over the
lifespan of the infrastructure

e Field level methane emissions from application of manure to agricultural fields are excluded, as
field level emissions are negligible (Uddin et al., 2020), and calculation of them is not included in
the IPCC methods (IPCC, 2019).

Such data may be derived from various sources that differ in their scope, coverage, and quality.
Potential sources include publicly-available and commercial life cycle inventory (LCI) databases, other
publicly available databases such as those provided by national and international statistics agencies,
peer-reviewed scientific literature, and reputable grey literature sources produced by governments and
industry groups. Sources were only included if they presented quantitative values for the inventory data.
They were excluded if they presented the sources of the inventory data without including the values.

All of the countries of interest have developed country-specific, publicly available LCI databases (Figl
and Kusche, 2021; Fritter, 2020; Grant, 2016; Koch and Salou, 2016; USDA-National Agricultural Library,
2014), which provide varying degrees of sectoral coverage. In addition to these country-specific
databases, Moreno Ruiz et al. (2021) and van Paassen et al. (2019) were also searched. Each of these
databases were first searched to determine if they included complete LCI datasets representative of
each crop-region combination. To be considered, data sets had to be available as unit process data sets,
rather than aggregated system process data sets. System process data sets were excluded because they
represent the complete inventory of elementary flows associated with the supply chains of products,
rather than as a set of linked processes with product flow inputs and outputs. Because of this, no
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individual LCI data points can be sourced, no modifications can be made to the data sets (i.e., changing
electricity grid mixes to more appropriate mixes, etc.), and all granularity is lost with respect to the
contributions to GHG emissions arising from the different life cycle stages of crop production.

Searches of peer reviewed scientific literature were also performed to identify possible sources that
may provide data of higher quality. All fields searches in the Web of Science database were used with
the keywords “life cycle assessment” OR “life cycle inventory” OR “life cycle analysis” OR “carbon
footprint” OR LCA OR LCl in combination with terms representing each region-crop pairing. Region terms
were used that represented both the name of the region itself, as well as the nationality attributable to
that region (i.e., Canada OR Canadian, France OR French, etc.), except for searches using the term
Saskatchewan. Multiple possible synonyms were used to represent each crop in each search to ensure
complete coverage of the peer reviewed literature. The terms pea OR pulse OR legume were used to
search for literature related to field peas. The terms wheat OR “spring wheat” OR “winter wheat” were
used to search for literature related to wheat. The terms canola OR rape OR rapeseed were used to
search for literature related to canola. No temporal boundaries were placed on these literature
searches, because any potential data derived from these literature searches was subsequently assessed
for data quality as described in section 2.3.

Grey literature from government and industry groups were similarly consulted to identify potential
sources of high-quality data. Grey literature sources were identified through internet and website
searches of each region’s statistical databases and government agricultural departments. These included
Statistics Canada and Agriculture and Agri-food Canada, the Australian Bureau of Statistics and
Department of Agriculture, Fisheries and Forestry, the French National Institute of Statistics and
Economic Studies and Ministry of Agriculture and Food, the German Federal Statistics Office and Federal
Ministry of Food and Agriculture, and the United States Census Bureau and Department of Agriculture.
These sources were searched for agricultural census data, and any data related to production volumes
and yields, land use, field activities and management practices, irrigation, or inputs of fertilizers and crop
protection products. Additional searches were also performed to identify potential sources from
industry groups representing field crop farmers in each region. These included the Canadian Roundtable
for Sustainable Crops (CRSC), the Canola Council of Canada, the Canadian Canola Growers Association,
Grain Growers of Canada, Western Canadian Wheat Growers, Pulse Canada, Saskatchewan Pulse
Growers, Grain Growers and Grain Producers of Australia, the Grains Research and Development
Corporation, the Australian Oilseeds Federation, L'Association générale des producteurs de blé, the
French Federation of Qilseed and Protein Crop Producers, Terres Inovia, ADEME, Union zur Forderung
von Oel und Proteinpflanzen, the German Grain Club, the National Association of Wheat Growers and
National Wheat Foundation, and the American Pulse Association.

It must be noted that data sets sourced from different LCI databases and literature sources may not
be methodologically consistent due to differences in reporting guidelines, modelling protocols, and
submission criteria (Turner et al., 2020). For example, land use changes and land occupation are
modeled differently between Moreno Ruiz et al. (2021) and van Paassen et al. (2019). Therefore, it was
necessary that all relevant data identified from the source documents be extracted and remodeled on a
methodologically consistent basis to enable rigorous comparisons between results.
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2.3 Data quality assessment

Following the identification of potential data sets and/or individual data points in LCl databases,
peer-reviewed literature, and grey literature sources, all data points were screened using established LCI

data quality screening methods to determine the quality of data available for modeling inputs to each
cropping system. Data quality criteria were defined in accordance with the pedigree matrix defined by

Ciroth et al. (2016) (Table 3), with specific modifications (described below) as appropriate to the goals of
the current analysis. The pedigree matrix provides a semi-quantitative method for assessing the quality

of individual data points relative to the overall data quality goals of the analysis being performed. Each

score in the pedigree matrix is associated with an additional uncertainty factor that combines with base
sectoral uncertainty factors for each data point to generate the overall uncertainty distribution for that

data point (Table 4), in accordance with equation 1 in Ciroth et al. (2016). The use of a pedigree matrix
for assessing data quality allows for assessment of parameter uncertainty, an important contributor to

uncertainty in LCA studies (Bamber et al., 2019).

Table 3. Default pedigree matrix for assessing data quality (Ciroth et al., 2016).

Reliability

Completeness

Temporal
correlation

Geographical
correlation

Further technological
correlation

Quality
Score

Verified data based
on measurements

Representative data
from all sites relevant
for the market
considered, over and
adequate period to
even out normal
fluctuations

Less than 3 years of
difference to the
time period of the
data set

Data from area
under study

Data from enterprises,
processes and
materials under study

Verified data partly
based on
assumptions or
non-verified data
based on
measurements

Representative data
from > 50% of the sites
relevant for the
market considered,
over an adequate
period to even out
normal fluctuations

Less than 6 years of
difference to the
time period of the
data set

Average data from
larger area in which
the area under study
is included

Data from processes
and materials under
study (i.e. identical

technology) but from
different enterprises

Non-verified data
partly based on
qualified estimates

Representative data
from only some sites
(<< 50%) relevant for
the market considered
or > 50% of sites but
from shorter periods

Less than 10 years of
difference to the
time period of the
data set

Data from area with
similar production
conditions

Data from processes
and materials under
study but from

different technology

Qualified estimate
(e.g. by industrial
expert)

Representative data
from only one site
relevant for the
market considered or
some sites but from
shorter periods

Less than 15 years of
difference to the
time period of the
data set

Data from area with
slightly similar
production
conditions

Data on related
processes or materials
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Reliability Completeness

Temporal Geographical Further technological
correlation correlation correlation

Non-qualified
estimates

. Data from unknown
Representativeness Age of data unknown Data on related

or distinctly different
unknown or data from | or more than 15 y processes on

North A i
a small number of sites | years of difference to .area (Nor . merica laboratory scale or
and from shorter the time period of instead of Middle from different
P East, OECD-Europe

Quality
Score

periods the data set instead of Russia) technology
Table 4. Default pedigree matrix uncertainty factors (Ciroth et al., 2016).
Score Reliability Completeness | Temporal Geographical Technological
Correlation Correlation Correlation
1 1 1 1 1 1
2 1.05 1.02 1.02 1.01 1.05
3 1.1 1.05 1.1 1.02 1.2
4 1.2 1.1 1.2 1.05 1.5
5 1.5 1.2 1.5 1.1 2

When assessing the quality of yield data, the definitions associated with each data quality score for
temporal correlation were altered to better reflect the potential for inter-annual variability in crop
yields. Currently, the standard pedigree matrix as defined by Ciroth et al. (2016) assigns the highest
quality score to data points for which there is less than 3 years of difference in the time periods of the
study and the data set, with data quality decreasing as data sets get older. Use of this system, however,
assumes that data are representative of discrete moments in time, or periods of time that do not span
data quality rankings. This is inappropriate when assessing data quality for yield estimates due to the
potential for inter-annual variability in yields. Inter-annual yield variability may be high for canola
(Takashima et al., 2013; Taylor et al., 2013; Torriani et al., 2007), wheat (Fischer et al., 2022; Hoffmann
et al., 2018; Liu et al., 2019), and field peas (Fuhrer and Chervet, 2015). This is a particularly salient issue
for Canadian yield data, as 2021 yields for all three of the crops included in this analysis were drastically
reduced due to widespread drought across the Canadian prairie provinces in 2021 (Agriculture and Agri-
Food Canada, 2021). Similar reductions in yield were also experienced for a number of crops around the
world in 2021 (USDA, 2022b). Given the potential for interannual variability in yields, alterations have
been made to the temporal correlation row of the pedigree matrix for assessment of yields as detailed
in table 5.

Table 5. Alternative pedigree matrix definitions for assessment of the quality of yield estimates used in
the current analysis.

Temporal correlation — Score definition Data quality score
5+ year average with last year less than three years prior

3 year average with last year less than three years prior OR 5+ 2
year average with last year 3-6 years prior

3 year average with last year 3-6 years prior OR 5+ year average 3
more than 6 years prior
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1 year value less than 6 years prior OR 3+ year average more than | 4
6 years prior
1 year value more than 6 years prior

An additional change was also made to the pedigree matrix with respect to the assessment of
reliability for each data point. In the default pedigree matrix, verified data based on measurements are
assigned the highest quality score while non-verified estimates are assigned the lowest quality score. In
the context of this analysis, however, verified measurements of farm level inputs and outputs should
not be considered as the highest quality data unless replicates are taken from a sufficiently large sample
of farms to be nationally representative. This is often not the case, particularly in the context of field-
level emissions, such as nitrogenous emissions released from application of N fertilizers to agricultural
fields (Klimczyk et al., 2021). Rather, well defined mathematical relationships are often used for
estimation of field-level nitrogenous emissions at large scales, such as whole countries (Yeluripati et al.,
2015). Many different models exist for the estimation of field-level nitrogenous emissions that may vary
in their geographic scope, complexity, and types of nitrogenous emissions covered. These include the
IPCC models which may be used to represent globally generic emissions using Tier 1 methods and
default emissions factors or nationally-resolved emissions using Tier 2 methods and regionalized
emissions factors (IPCC, 2019). These models are widely accepted, as evidenced by their use in the
National Inventory Reports (NIRs) of each country included in this analysis (CCNUCC, 2022; Environment
and Climate Change Canada, 2022; Federal Environment Agency, 2022; Government of Australia, 2022;
U.S. Environmental Protection Agency, 2022). In some cases, farm input data are also modeled,
particularly when measured data are unavailable. This is the case, for example, in the Australian canola
carbon footprint report prepared by the Commonwealth Scientific and Industrial Research Organisation
(CSIRQ) in which N fertilizer inputs are modeled based on equations from a previously developed
calculator (Eady, 2017).

Taking into account the preferability of modeled data in estimating emissions at the national scale,
and the potential for the use of modeled data for farm level inputs, the following changes were made to
the reliability column of the pedigree matrix. First, nationally-resolved modelled emissions (such as
those calculated using IPCC Tier 2 methods) were given a reliability score of 1 because these are the
highest quality data practically available for modeling at the national scale. Generically modeled
emissions (such as those calculated with IPCC Tier 1 methods) were given a reliability score of 2.
Similarly, modeled inventory data were given a reliability score of 2. In all cases, reliability scores may be
further decreased if the model inputs included in the data set themselves receive lower reliability
scores. Finally, measured input and emissions data from a single or a small number of field sites (i.e.,
<10) or experimental sites were given a score of 4 for reliability, as these measures are poorly fit for use
at the national scale.

When models were used to calculate LCI data points (e.g., N2O emissions calculated using the IPCC
methodology), the specificity of the emission factors (EFs) were assessed in combination with the
geographical representativeness of the data entered into the model (e.g., N fertilizer application rate,
etc.). The lowest geographical representativeness between the data entered into the model and the EF
specificity was used as the limiting factor in assigning the pedigree score. For example, if the N fertilizer
application rate was representative of the region under study, but a global EF for N,O emissions was
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used (e.g., IPCC Tier 1), the value for N,O emissions was assigned a geographical representativeness
score of 2, representing “average data from larger area in which the area under study is included”. If the
EF used was representative of a different region (not globally representative), then scores of 3,4, or 5
were assigned depending on the similarity of production conditions in that region to the region under
study. In general, if a combination of sources were used for one data point (or several sources listed
generally and the specific source for each data point was not indicated), then the pedigree scores were
assigned based on the lowest quality source (table 6).

Table 6. Alternative pedigree matrix definitions for assessment of reliability.

Reliability — Score definition Score
Verified data based on measurements from a
large number of sites, such as survey data OR
nationally-resolved emissions models, such as
IPCC Tier 2

Verified data partly based on assumptions or
non-verified data based on measurements OR
generic emissions models, such as IPCC Tier 1
Non-verified data partly based on qualified
estimates

Qualified estimate (e.g. by industrial expert) OR
measured inputs and emissions from a single or
small number of field or experimental sites (i.e.,
<10)

2
3
4
Non-qualified estimates e

Changes were also made to the pedigree matrix with respect to the assessment of completeness for
each data set. The pedigree matrix defined by Ciroth et al. (2016) assigns the lowest data quality score
for completeness when the representativeness of the data set is unknown. However, in a review of
Canadian agri-food LCI data sets for population of the Canadian Agri-food Life-Cycle Data Centre
(CALDC), Turner et al. (2020) found that only a small portion (i.e., ~7%) of data sources presented
information regarding the percentage of the supply covered by the sample used in dataset generation.
Therefore, the absence of information regarding representativeness of data sets was expected to be the
norm during this data mining exercise. For this reason, unknown or unreported data set
representativeness was instead assigned a completeness score of 3, representing the average data
quality score on the pedigree matrix, and <50% of the supply covered (Table 7). Additionally, the
definition for a completeness score of 4 was expanded to include data derived from recommendations
(i.e., from crop-growing manuals, etc.). Recommendations were assigned a score of 4 because they are
not explicitly representative of any of the supply; however, it was assumed that recommendations are
based on relevant metrics that inform the practices performed by farmers. The definitions for
completeness scores of 1, 2, and 5 were unchanged.

Table 7. Alternative pedigree matrix definitions for assessment of completeness in terms of percentage
of supply covered.

‘ Completeness — Score definition ‘ Data quality score




fluctuations

fluctuations

or representativeness of data unreported

derived from recommended practices (i.e., crop growing manuals,

Finally, the definition associated with a score of 1 for geographical correlation was slightly modified.
region within a country, such as a province or state in Australia and the U.S., or a specific region in
assumes an equal distribution of agricultural activities within each country being modelled, which is
Queensland, South Australia, or Tasmania (ABARES, 2022). For this reason, data sets representative of
covered was still taken into account in assessing completeness, meaning that although data sets may

Representative data from all sites relevant for the market

considered, over and adequate period to even out normal

Representative data from > 50% of the sites relevant for the 2

market considered, over an adequate period to even out normal

Representative data from only some sites (<< 50%) relevant for 3

the market considered or > 50% of sites but from shorter periods,

Representative data from only one site relevant for the market 4

considered or some sites but from shorter periods, or data

etc.)

Representative data from a small number of sites and from

shorter periods
Except for Saskatchewan, this analysis focused on national-level carbon footprint models of each crop-
region pairing. In some cases, however, data sets were found which were representative of a smaller
France or Germany. According to the standard definitions in the pedigree matrix, such data points would
be given a geographical correlation score of 3 as they are not nationally representative. However, this
often not the case. Within Australia, for example, the provinces of New South Wales and Western
Australia produce much larger amounts of agricultural products than do the provinces of Victoria,
smaller areas within the regions being modeled were given geographical correlation scores of 1 if they
corresponded with important production regions. Importantly, however, the percentage of supply
receive higher scores for geographical correlation, they were still scored accordingly based on the
percentage of overall supply covered for completeness.

In some cases, the definitions associated with different data quality scores in the pedigree matrix
were too general to adequately assess data quality. For this reason, some interpretations of data quality
definitions were required to be better able to more systematically assess data quality. Specifically, for
the reliability category, data that were either published in a database or in peer reviewed literature
were considered to be verified data, and hence to align with the reliability definitions for scores of 1 and
2. In some cases, interpretation was also required for temporal correlation in instances in which older
data were extrapolated forward in time (i.e., data representative of 2000-2005 extrapolated forward to
2021). In these cases, temporal correlation was assessed in accordance with the final year of the original
data set date range, plus an additional credit to represent the modifications made to the data set. A
data set originally representative of the time period 2000-2005 extrapolated to 2021 would therefore be
given a temporal correlation score of 4 rather than 5. If the documentation for a dataset did not indicate
the years of representativeness, it was assumed that the data were from 5 years prior to the publication
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of the original source describing the methods of data collection. This provided a conservative estimate
of the length of time from data collection to publication.

Importantly, in making these changes to the pedigree matrix, only the definitions associated with
different data quality scores were altered. The contributions to data quality uncertainty associated with
each data quality score in each category have not been altered from those presented in table 4 (from
Ciroth et al. (2016)).

2.4 Choice of best fit data sets for crop-region models

Once all potential data points were assigned data quality scores for their reliability, completeness,
and temporal, geographic, and technological correlation, decisions had to be made regarding which of
the identified sources were of the highest quality for use in model development. This choice was done
through calculation of the amount of uncertainty that would be introduced into the models through the
use of each specific data source. The total uncertainty associated with each of these data points from
each potential source was calculated, taking into account the pedigree matrix score for each data point
and associated uncertainty contribution (Tables 3 and 4). According to Ciroth et al. (2016), total
uncertainty may be calculated using the equation

Ur =exp| [(InUp)? + Z(ani)z
7

where U; represents total uncertainty, U, represents basic uncertainty, and U; represents the additional
uncertainty factors from pedigree matrix scores. U: represents the total geometric standard deviation of
the uncertainty distribution of each inventory data point, from which Monte Carlo samples would be
drawn during uncertainty propagation (Bamber et al., 2019). U, represents the contribution to total
geometric standard deviation that may be derived from the range of collected measurements for a
specific data point, such as those collected from a sample of farmers (Turner et al., 2022). U; therefore
represents the contribution to total uncertainty derived from the pedigree matrix entries associated
with each data point (Ciroth et al., 2016). Since the raw data used in the calculation of each data point in
each source was not available, U, was assumed to be equal to a base value of 1 for all data points. As a
result of this assumption, the U term drops out of the total uncertainty calculation because In(1) = 0.
Each value for U: is therefore representative of contributions to uncertainty related only to the pedigree
matrix entries for each data point. Using this method, all calculated uncertainty values were within the
boundaries of 1.00 < U; < 2.52, as these values represent the minimum and maximum values of
equation 1 (i.e. representing pedigree matrix entries of all ones and all fives, respectively).

Once uncertainty values were calculated for each data point from each identified data source, the
calculated uncertainty values for data points representing the same inputs for each crop/country
combination were compared to identify the data point/source which is of the highest quality (i.e., that
will introduce the least amount of uncertainty into the final results). The choice of best fit data for
modelling each data point for each crop-region combination therefore took into account these overall
data quality scores. For the choice of data representing fertilizer and pesticide inputs, two options were
possible for use as a data source: the combination of nutrient or total pesticide inputs with the
distribution of types of fertilizers or pesticides applied, or the use of data characterizing the amounts of
specific fertilizer and pesticide types. In these cases, the data chosen was that which had the lowest
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overall uncertainty score (i.e., highest overall data quality). Similarly, data on energy use related to field
or post-harvest activities may be characterized by the total energy use, or the combination of energy
use per activity and activity data (i.e., number of passes, etc.). For manure, data can be represented as
the total amount of manure applied per total ha of harvested crop, or as the percent of crop receiving
manure and the amount of manure applied per ha of crop receiving manure. The data with the highest
overall quality was also chosen for these data points.

For field-level emissions and soil carbon changes, the available data points were also compared
against a potential scenario of using the best available input data in conjunction with the best practices
for emissions modelling. For this study, IPCC Tier 2 methods for modelling direct and indirect N20
emissions, IPCC Tier 1 methods for modelling CO, emissions from lime and urea, and IPCC Tier 2
methods using the data available in the each country’s NIR for soil carbon changes were considered to
be best practices (IPCC, 2019). These methods are in line with those applied for calculation of GHG
inventories in each country’s NIR, and are internationally recognized (IPCC, 2019). This choice is also in
line with the guidelines for assessment of environmental performance of animal feed supply chains
provided by UN FAO LEAP (FAO, 2016), the most relevant guidance document from the partnership as
the crops included in this analysis may be key contributors to livestock feeds (Begna et al., 2021,
Cordeiro et al., 2022; Pembleton et al., 2016).The data quality for these scenarios was compared against
the best available data points for these emissions from the identified sources. Therefore, for some crop-
country combinations, the best available data for emissions may come from the best available data for
fertilizer inputs, re-modelled using IPCC best practices (i.e. rather than coming directly from any of the
identified data sources).

In instances of equivalent uncertainty scores for specific data points, data points coming from data
sets from which other data points were already selected were preferentially selected based on the
higher likelihood of methodological consistency in the generation of the data points.

2.5 Carbon footprint methodology

2.5.1 Intended applications, audience, and practitioners

The intended audience of this study includes a number of governmental and industry stakeholders
both within Canada, and internationally. These stakeholders include GIFS, the Government of
Saskatchewan, as well as relevant representatives of the various countries to which comparisons are
made in this report. The results of this study are intended to be used to draw meaningful comparisons
between the relative carbon footprints of major commodity field crops grown within Saskatchewan,
Canada, and countries representing major competitors in international markets. These results may also
be used to identify potential hotspots within the supply chains for major agricultural products in Canada
that may serve as priority targets for future GHG mitigation efforts.

2.5.2 Functional unit

Results for each crop-region combination are reported according to a functional unit of one kilogram
of product (i.e., wheat grain, canola seed, and dry field peas) at farm gate.
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2.5.3 System boundaries

The system boundaries for this analysis included all relevant material, energy, and emissions flows
associated with production of commodity field crops in each of the crop-region combinations. These
included farm-level inputs of fertilizers, plant protection products, seed, and energy for irrigation, field
activities, and post-harvest activities (i.e., product drying). All on-farm activities were considered as
foreground processes, while all processes occurring upstream of the farm were considered as
background processes. Transportation of material inputs to the field was also considered. The
geographical, temporal and technological boundaries were intended to be representative of actual
contemporary production conditions in Saskatchewan, Canada, Australia, France, Germany, and the
United States as possible. Section 2.5.6 lists the sources for each data point and their associated data
quality scores relative to this overarching goal.

2.5.4 Cut-off criteria and exclusions

Across all three crops, material inputs and associated GHG emissions attributable to production and
maintenance of infrastructure were excluded as they generally make small contributions (i.e., <5%) to
life cycle GHG emissions compared to combustion of fuel during use (Biswas et al., 2008; Bortolini et al.,
2014; Meisterling et al., 2009). These impacts decrease further when amortized against total crop
production over the lifespan of the infrastructure (Ghamkhar et al., 2022), which may be up to 30 years
for some machinery (Lips, 2017). Additional crop and crop-country based exclusions were also made, as
detailed below.

2.5.4.1 Canola

Data taken from van Paassen et al. (2019) for modeling canola production in Canada and Australia
included small inputs of pig and poultry manure to each system. These inputs were excluded from
calculation of life cycle GHG emissions for these two systems. Exclusion of manure inputs from average
canola production systems in each country is in line with manure input values reported by Alcock et al.
(2022). Additionally, exclusion of manure from the Canadian production system is in line with the
updated canola carbon footprint report produced for the CRSC ((S&T)2 Consultants Inc., 2021a) which
indicate that, on a production-weighted basis using best available data, only ~2% of harvested canola
area in Canada receives an application of manure. Additionally, there are no data available on manure
application rates, nor the types of manure applied, which could significantly affect amounts of nutrients
applied. Similarly, exclusion of the indicated manure inputs to Australian canola production systems is in
line with previous carbon footprint analyses of Australian canola production performed by Eady (2017),
who indicate that animal manure is not applied to broad-acre cropping (i.e., large-scale field-crop) soils
in Australia.

Data taken from van Paassen et al. (2019) also include small amounts of lime as inputs to both
Saskatchewan, and Canadian canola production systems. These inputs, and associated CO, emissions
from the application of lime to agricultural fields are excluded from this analysis in line with the updated
canola carbon footprint report produced for the CRSC ((S&T)2 Consultants Inc, 2021a). This report
indicates that no publicly available information characterizing agricultural lime use in Canada has been
released within the last 20 years, and that, based on Canadian NIRs, there is a low average emissions
rate from agricultural lime use in Canada. Inputs of lime to Saskatchewan and Canadian canola systems
have therefore been excluded.
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Inputs of energy for irrigation of Australian canola crops were excluded. This is in line with previous
work done by Eady (2017), which indicates that only a small portion of Australian canola is irrigated,
based on customized statistics received from the Australian Bureau of Statistics specifically for their
study. While Eady (2017) indicates that a large portion of canola production in Tasmania is irrigated,
Tasmania represents only a very small percentage of total Australian canola production (i.e., ~0.1%)
(ABARES, 2022).

2.5.4.2 Wheat

Similar to canola, inputs of lime and associated emissions were excluded from Saskatchewan and
Canadian wheat production systems for the same reasons as previously described. Unlike canola,
however, inputs of manure from van Paassen et al. (2019) were not excluded from the Canadian wheat
production model. The updated carbon footprint report for Canadian wheat production produced for
the CRSC indicates that reconciliation units 17 and 19 in Ontario have data available regarding manure
application rates, and significant wheat production ((S&T)2 Consultants Inc., 2021b). However, neither
manure application rates, nor types of manure applied are reported, so types and amounts indicated by
van Paassen et al. (2019) were used instead. For Saskatchewan, manure inputs were still excluded, since
RUs 17 and 19 are in Ontario.

2.5.4.3 Field peas

Lime and manure inputs and associated emissions were excluded from Saskatchewan and Canadian
pea production systems since the CRSC reports indicated that they excluded them due to low impacts
((S&T)2 Consultants Inc, 2021b), despite the values indicated in van Paassen et al. (2019) for lime and
manure application to Canadian peas. Bamber et al (2020a) also did not report any lime or manure
application to Canadian peas, based on survey responses from farmers. Irrigation was excluded for
Saskatchewan and Canadian pea production systems, since all sources were in agreement that there is
no significant amount of irrigation taking place. Irrigation was also not included for German peas since
van Paassen et al (2019) did not include any inputs of energy use for irrigation, although Nemecek
(2007a) did indicate an input of irrigation water.

2.5.5 Allocation methods

2.5.5.1 Manure

Manure inputs to fields were generated from animal production systems, where the animals ate
crops that were originally fertilized using synthetic fertilizers. Therefore, the nutrients present in manure
originated from synthetic fertilizer production processes. Based on this reasoning, manure inputs were
modelled as these original synthetic fertilizer production processes, rather than as a co-product of
animal production systems. This removes the need for allocation between manure and all other co-
products of these animal production systems. However, the nutrients present in the manure were
considered recycled materials since they contributed to the growing of the first round of crops (that fed
the animals), then the second round of crops (that are receiving the manure). A 50/50 allocation of
upstream impacts between the first use and second, recycled use of nutrients was assumed, in line with
recommendations from AFNOR (2011).
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2.5.5.2 Wheat grain and straw

Wheat cultivation results in two co-products — wheat grain and wheat straw. While canola (Igbal et
al., 2016; Karan and Hamelin, 2021; MacWilliam et al., 2014; Rothardt et al., 2021; Umbers and Watson,
2021; Vinzent et al., 2017; Wang et al., 2020) and pea residues (Bahl and Pasricha, 2000; Marschner et
al., 2004; Walley et al., 2007; Wang and Sainju, 2014) are commonly left on fields and/or incorporated
into soils, a portion of wheat straw is harvested and removed from fields to be used in other processes.
Therefore, wheat grain and straw are considered to be co-products of wheat production systems. ISO
guidelines present a hierarchy of methodologies for dealing with processes that produce multiple co-
products. First, it is recommended that allocation be avoided by taking a system expansion approach. If
such an approach is infeasible and allocation is unavoidable, ISO guidelines dictate that impacts should
be allocated between co-products first according to an underlying biophysical relationship between co-
products, and, if not possible, according to some other relationship such as relative economic value (I1SO,
2006a).

The first step in developing allocation factors for wheat grain and straw was determining the
proportion of straw that is removed from agricultural fields — that is, the proportion of above-ground
crop residues that are a co-product. High quality, crop-specific information regarding amounts of crop
residues baled are not available from any of the countries included the current analysis. Estimates in the
literature regarding wheat straw removal rates for each country vary significantly (i.e., from 15% - 85%
of residues removed) (Brosowski et al., 2020; Broster and Walsh, 2022; Fix and Tynan, 2011; Juneja et
al., 2013; Lafond et al., 2009; Li et al., 2012b; Lokesh et al., 2019; Weiser et al., 2014). Unfortunately
these sources only provide estimates of straw removal rates, without taking into account the proportion
of area from which residues are removed. Calculation of total straw removed per kg of wheat therefore
required estimates of removal rates, as well as crop area from which residues are removed.

In the absence of high quality, consistently calculated data regarding the total amount of residues
removed per region, a standardized rate of residue removal has been applied to all regions. This
standardized rate is calculated based on data for Saskatchewan, which indicates: total non-durum wheat
area in Saskatchewan in 2021 (Statistics Canada, 2022b); total area from which crop residues were
removed in Saskatchewan in 2021 (Statistics Canada, 2021b); and an average residue removal rate for
Saskatchewan of 34.5% (Lafond et al., 2009). For all wheat production models it was therefore assumed
that 8.3% of wheat straw was removed from fields, reflecting 34.5% of straw removed from 24.1% of
non-durum wheat area (Lafond et al., 2009; Statistics Canada, 2021b, 2022b). Given the high degree of
variability in estimates of wheat straw removal rates this assumption was the subject of sensitivity
analyses. One key drawback of this approach is that it is based on the assumption that all land from
which straw was removed in Saskatchewan is used for production of non-durum wheat (i.e., assuming
that straw is only removed from non-durum wheat fields). While this assumption is tenuous, in the
absence of crop-specific information regarding areas from which residues are removed it is unavoidable.
The limitations of this assumption are further discussed in the limitations section.

Following identification of the amounts of straw co-produced with grain, it was necessary to
choose an allocation method for partitioning impacts between co-products. LCI data for wheat
cultivation were sourced from a variety of databases, reports, and literature sources which varied in
their allocation principles. In some cases, co-production of wheat straw was ignored, and all impacts
were allocated to production of wheat grain ((S&T)2 Consultants Inc., 2021a, Munoz et al. 2013), which
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is an approach that is not consistent with the 1ISO 14044 standard for life cycle assessment. When
impacts were allocated between co-products both mass (i.e., Doran-Browne et al., 2015; Li et al., 20123;
Naudin et al., 2014) and economic (i.e., Eady et al., 2012; Nguyen et al., 2012; Van Middelaar et al.,
2013) allocation principles were commonly applied. In some cases, allocation factors were instead
defined based on measures of relative chemical energy content between grain and straw. Pelletier et al.
(2010) allocate between wheat and straw based on gross chemical energy content, but do not present
the allocation factors used. Similarly, Nordborg et al. (2014) also allocate based on gross chemical
energy content, but this allocation step is done at the ethanol production plant rather than on-farm, so
allocation is between wheat grain and the co-product distiller’s dried grains with solubles. Data from
Van Paassen et al. (2019) include allocation factors for wheat straw and grain based on gross chemical
energy content. Finally, Buchspies and Kaltschmitt (2018) discuss the use of lower heating values as a
basis for allocation, but only apply this principle to bioethanol production and not on farm, instead
allocating all impacts to production of wheat grain.

While economic allocation between wheat grain and straw has been commonly applied in the
literature, strong arguments have been made against its use (Pelletier and Tyedmers, 2011) on the basis
that economic value bears no relationship to and fundamentally misrepresents the actuals flows of
resources and emissions characteristic of industrial activities. For this reason, economic allocation was
not used in this analysis, and allocation factors were instead defined based on underlying biophysical
relationships, consistent with the ISO allocation hierarchy (ISO, 2006a). Arulnathan et al. (2022) provide
an in-depth discussion of the use of external- or internal-causality in choice of biophysical relationships
used as a basis for allocation between co-products. In doing so, they provide a strong argument for the
use of chemical energy content as an underlying biophysical basis upon which to define allocation
factors, as the amounts of energy present in co-products should roughly reflect the relative proportions
of input energy used in production of each co-product, while other relationships, such as mass, may not
(Arulnathan et al., 2022).

Both mass, and energy-based allocation methods were examined for their appropriateness to use in
this analysis. To generate mass allocation factors between grain and straw, the percent of straw
removed for each country was multiplied by the estimates of total above-ground biomass for each
country (see section 2.5.8.3), and the proportions of total co-produced mass were used as allocation
factors. Definition of energy-based allocation factors accounted for two important considerations: first
that estimates of the relative energy contents of wheat grain and straw were available in consistent
units for calculation of allocation factors; and second that factors may be regionally resolved, as energy
content of wheat grain and straw may be impacted by both varietal (Montero et al., 2016; Rodehutscord
et al., 2016) and local climate and soil conditions (Hernandez et al., 2019; Montero et al., 2016).
Montero et al. (2016), for example, find that wheat straw produced in Baja, California has an average
higher heating value of 14.86 MJ/kg DM, less than that of the higher heating value of 16.68 MJ/Kg DM
predicted for wheat straw produced in China (Niu et al., 2014).

Accounting for both the necessary consistency in units and potential regional differences in energy
contents, only the energy allocation factors presented by van Paassen et al. (2019) were deemed
appropriate for use in this study. Both Havrysh et al. (2021) and Feedipedia (Heuzé et al., 2021, 2015)
provide the necessary energy contents for calculating allocation factors, but neither provide this
information on a spatially resolved basis. To calculate energy allocation factors, the values presented by
Van Paassen et al. (2019) were adjusted to account for the grain and crop residue yields used in this
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analysis. Upon calculation of these energy-based allocation factors it was determined that the energy-
and mass-based allocation factors differed very little (i.e., 0.22% - 0.25%). Given the small differences in
allocation factors, mass- and energy-based allocation were considered equivalent in this analysis. The
allocation factors used in this analysis were therefore based on relative mass of co-products, and are
presented in Table 8. Further, a sensitivity analysis was not performed around this choice of allocation
method since the differences in resulting impacts would be trivial.

Table 8. Mass allocation factors used for partitioning of impacts between wheat grain and straw in this
analysis, taking into account the proportions of straw removed from fields in each region.

Wheat grain allocation factor Wheat straw allocation factor
Saskatchewan 0.95 0.05
Canada 0.95 0.05
Australia 0.95 0.05
France 0.96 0.04
Germany 0.96 0.04
United States 0.95 0.05

2.5.5.3 Nitrogen credit

Peas are nitrogen-fixing legume crops, which can provide an input of N for the next crop in rotation.
This was modelled using system expansion and substitution. The N credit provided by peas for the next
crop in rotation was modelled as an avoided input of ammonia fertilizer, reflecting the fact that the next
crop in rotation would require a smaller input of N fertilizer due to the N fixed by the peas. This was
modelled as ammonia since this is the simplest N fertilizer that is used as the building block for all other
N fertilizer types.

2.5.6 Foreground data collection

A large number of potential data sources were identified for modeling different crop-region
combinations. In total, 43 sources were accessed for canola, 57 for non-durum wheat, and 22 for field
peas. These sources included complete data sets from LCI databases, as well as individual data points
from peer-reviewed literature, and government and industry group publications and statistics. Overall,
the identified sources included the majority of foreground data required for modeling crop-region
combinations, with some minor data gaps as described in detail below. The following sections detail the
best identified data for modeling each crop-region combination and associated data quality scores.
Complete lists of all sources consulted for each of the three crops, the data available therein, and their
associated data quality scores are appended as separate excel files. Preceding these sections, a single
section is presented in which assumptions regarding manure inputs to foreground systems are
described. This section is presented separately from each crop to avoid repetition between sections as
the information therein is relevant for all crops receiving manure.

2.5.6.1 Manure inputs

Manure inputs were included in relevant crop-country combinations as inputs of organic fertilizers.
As detailed previously in section 2.5.5.1, manure inputs were modeled as equivalent nutrient inputs
from the specific crop-region combination fertilizer mix divided in half to reflect applications of synthetic
fertilizers to crops fed to the animal recycled through the animals’ digestive systems. The exception to
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this was the French pea production model in which manure inputs were the only source of applied N,
and no inputs of synthetic N sources were included. Replacement of N from manure in the French pea
production system therefore used the N fertilizer mix from the German pea production system.
Application of this allocation principle required data regarding approximate N, P, and K contents of the
manure inputs. In all cases, inputs of manure were stated to be from pigs and poultry (van Paassen et al.
2019). Exact nutrient contents of different manures are dependent on dietary compositions and the
amounts of different nutrients being taken in by the animals, as well as the form in which manure is
managed (Galassi et al., 2010; Horf et al., 2022). This is reflected, for example, in differences in
estimates of nutrient composition of pig slurry from Saskatchewan (Government of Saskatchewan,
2022), Germany (Kuhn et al., 2018), Denmark (Sommer et al., 2014), and Czechia (Hlisnikovsky et al.,
2022). The following assumptions were made regarding nutrient compositions of different manures. N
and P contents of pig manure for all European were assumed to be the same as those in Germany in line
with Kuhn et al. (2018), and assuming pig slurry has a density of 1000 kg/m?3, within one standard
deviation of average pig slurry densities as reported by Moral and Paredes (2005). K contents of pig
manure for all European countries were assumed to be the same as those reported by Moral and
Paredes (2005). N, P, and K contents of pig manure for Canada, and the U.S. were assumed to be the
same as average values reported by the Government of Saskatchewan (2022), also assuming pig slurry
has a density of 1000 kg/m3 (Moral and Paredes, 2005). N, P, and K contents of Canadian, American, and
European poultry manures were assumed to be the same as those reported by Azeez and Van Averbeke
(2010). While more regionalized nutrient contents could be determined for poultry manure from North
American systems based on previously reported laying hen and broiler feed compositions (Pelletier,
2008; Pelletier et al., 2014; Turner et al., 2022), the mix of manure attributable to different poultry
species is unknown, making accurate calculations of appropriate manure nutrient contents difficult.
Finally, nutrient contents for pig, and average nutrient contents for poultry manure for Australia were
taken from the Australian Grains Research and Development Corporation (Griffiths, 2014). All assumed
manure nutrient contents are reported in Table 9. Large losses of nutrients may occur during manure
storage, after excretion but before manure is applied to fields (Bai et al., 2016; Tittonell et al., 2010). To
take these factors into account, all assumed manure nutrient contents reported in Table 9 are contents
following losses from manure storage systems. Therefore, all losses during storage are allocated to the
animal production system that produced the manure, not to the crop systems currently being modelled.

Table 9. Assumed percent nutrient contents of pig and poultry manure at time of application to field

North America Europe Australia

Pig Poultry Pig Poultry Pig Poultry
N 0.389 3.71 0.598 3.71 1.9 3
P 0.126 1.465 0.293 1.465 2.5 2.15
K 0.168 1.795 0.226 1.795 0.7 1.3

Based on the above information, data quality scores were assigned to those flows of synthetic
fertilizers included in production models to replace nutrients from manure inputs, based on the quality
of the sources from which nutrient contents were obtained. Rather than providing separate scores for
pig and poultry manure, scores were assigned for each manure modeled as N fertilizers, P fertilizers, and
K fertilizers. In each case, data quality scores were assigned to reflect the worst data quality between

25



the sources considered, thereby providing a conservative view of data quality related to modeling of
manure inputs. Data quality scores for manure inputs to each country are presented in Tables 10-12.

Manure nutrient contents were derived from the same sources for all Canadian and U.S. crop
production systems, so they all received the same data quality scores. A score of 4 was given for
reliability because it is unclear how many sites were sampled in determination of pig manure nutrient
contents (Government of Saskatchewan, 2022). A score of 4 was given for completeness because the
assumed nutrient compositions of poultry manure are taken from a single large supplier with little
relevance to the markets being modeled (Azeez et al., 2010). A score of 5 was given for temporal
correlation because the data collected for determining pig manure nutrient contents were collected
from 1998-2000 (Government of Saskatchewan, 2022). A score of 5 was given for geographic correlation
because the information on poultry manure nutrient content is based on estimates from a company in
South Africa (Azeez et al., 2010). Finally, a score of 4 was given for technological correlation because
manure is being modeled as upstream synthetic fertilizer inputs — that is, this data quality score does
not reflect a limitation of the sources from which nutrient contents were taken, but rather a limitation
of the modeling procedure used.

Table 10. Data quality scores for manure inputs to Canadian and U.S. crop systems

Reliability Completeness | Temporal Geographic Technological
correlation correlation correlation

Manure 4 4 4

modeled as N

fertilizer

Manure 4 4 4

modeled as P

fertilizer

Manure 4 4 4

modeled as K

fertilizer

For German and French cropping systems, a score of 4 was given for reliability as nutrient
contents are derived from qualified estimates (Kuhn et al., 2018). Similarly, a score of 4 was given for
completeness as both the number of sites, and their relevance to the German and French markets are
unknown. A score of 5 was given to temporal correlation because estimates of pig manure K contents
are from a paper published in 2005 (Moral and Paredes, 2005) without any indication of when data was
collected, so it was assumed to be 5 years prior to publication data, and because estimates of poultry
manure nutrient contents were from 2006 (Azeez et al., 2010). Finally, a score of 4 was given for
technological correlation for the same reasons as previously described for Saskatchewan, Canadian, and
U.S. cropping systems.

Table 11. Data quality scores for manure inputs to German and French crop systems

Reliability

Completeness

Temporal
correlation

Geographic
correlation

Technological
correlation
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Manure 4 4
modeled as N
fertilizer
Manure 4 4
modeled as P
fertilizer
Manure 4 4
modeled as K
fertilizer

Finally, for Australian cropping systems, a score of 4 was given for reliability as nutrient content
estimates provided by the GRDC were assumed to be based on expert opinion, as the original source
from which they were derived is unavailable (Griffiths, 2014). The unavailability of this source also
resulted in a score of 4 for completeness. A score of 5 was given for temporal correlation, as the
estimates of manure nutrient contents are based on data collected in 1992. A score of 5 was given for
geographic correlation because no explicit information was available indicating the geographic scope of
the data that was collected. Finally, a score of 4 was given for technological correlation for the same
reasons as previously described for Saskatchewan, Canadian, and U.S. cropping systems.

Table 12. Data quality scores for manure inputs to Australian crop systems

Reliability Completeness | Temporal Geographic Technological
correlation correlation correlation

Manure 4 4 4

modeled as N

fertilizer

Manure 4 4 4

modeled as P

fertilizer

Manure 4 4 4

modeled as K

fertilizer

2.5.6.2 Canola data sources

Generally, data characterizing canola production systems for each crop-region combination were of
relatively high quality. Of the canola combinations included, Saskatchewan canola production had the
lowest data quality scores for transportation and post harvest energy use (table 13). This was driven by
the relatively small number of sources (3) found that presented LCI data for canola production in
Saskatchewan specifically. Of the sources considered, it was common for Saskatchewan to be presented
as part of an aggregated data set representing production conditions in western Canada, rather than
being presented on its own, or in a disaggregated format. There were, however, some data included for
yields, herbicides, field level emissions and soil carbon changes that were of similar quality to those to
be used for modeling average canola production in Canada (table 14).
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Table 13 lists the data sources for each type of LCI data, and the quality of those data. A five year
average (2018-2022) yield was calculated based on the yearly values from Statistics Canada (2022b). This
year range was chosen since it is the most temporally up-to-date, and is sufficiently long to diminish the
yield impacts of the anomalous 2021 year across all countries (Agriculture and Agri-Food Canada, 2021,
USDA, 2022b). The data on fertilizer inputs came from the CRSC report, and were calculated based on
the total amount of N, P, K and S indicated in the report, as well as the distribution of types of fertilizers
used to supply each nutrient. Manure and lime inputs were excluded since the CRSC report indicates
that they are applied in very small amounts. The total amounts of herbicide, insecticide and fungicide
inputs came from the CRSC report ((S&T)2 Consultants Inc, 2021a), as well as the proportions of types
(by active ingredient) of herbicides sold (used as a proxy for types of herbicides applied). The
proportions of insecticide and fungicide active ingredients applied came from MacWilliam et al. (2016),
since these were not indicated in the CRSC report. The N,O emissions calculated in the CRSC reports are
based on the most recent, best practices for the IPCC methodology, with region-specific Tier 2 emission
factors used and scaled up to provincial and national averages. Therefore, the N,O emission values for
Saskatchewan and Canada were taken directly from the CRSC report rather than re-calculated.

Table 13. Data sources used for modeling Saskatchewan canola production, and their associated
pedigree matrix scores

Source to be
used

Technological
correlation

Geographical
correlation

Temporal
correlation

Reliability | Completeness

Data point

Yield (and the
inverse, land
area)

StatsCan,
table 32-
10-059-10
(Statistics
Canada,
2022b)

Seed

MacWilliam
etal.,
(2016)

Fertilizers

CRSC
((S&T)2
Consultants
Inc, 2021a)

Herbicides

CRSC
((S&T)2
Consultants
Inc, 2021a)

All other plant
protection

CRSC
((S&T)2
Consultants
Inc, 2021a)
inventory
data with
distribution
of types
from
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MacWilliam
etal.,
(2016)

Field activities
energy use

CRSC
((S&T)2
Consultants
Inc, 2021a)

Transportation

Distances
from van
Paassen et
al. (2019)

Post harvest

CRSC
((S&T)2
Consultants
Inc, 2021a)

Field level
emissions of
N20

CRSC
((S&T)2
Consultants
Inc, 2021a)

CO2 emissions
from lime and
urea

Calculated
using IPCC
methods
and data
from CRSC
((S&T)2
Consultants
Inc, 2021a)

Soil carbon
changes

CRSC
((S&T)2
Consultants
Inc, 2021a)

Data characterizing Canadian average canola production were of relatively higher quality than the
Saskatchewan-specific data (table 14). A total of five sources were identified as providing the highest
quality data for all required inventory data. Notably, completeness scores for many of the data sources
were assigned a value of three, indicating that they were either representative of less than 50% of
Canadian canola supply, or the amount of supply was not indicated. As noted previously, a lack of
reporting of the percentage of supply covered by samples used for collection of LCI data is common
(Turner et al., 2020). The worst data quality score assigned for Canadian canola production was a score
of 4 given to the technological correlation for the calculation of soil carbon changes. This score was
assigned because the methods to be used do not differentiate between crops. However, the methods to
be used are consistent with those used in calculation of the Canadian NIR (Environment and Climate
Change Canada, 2022), and represent the current best practices for calculation of average soil organic
carbon changes in the field crop sector.
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Table 14 details the sources and quality of the data used for each LCl data category for Canadian
canola production. As was done for Saskatchewan, a five year average yield (2018-2022) was calculated
from Statistics Canada yearly values. Manure and lime inputs were excluded since the CRSC reports
indicated that they were applied in very small amounts for Canada. Data for all other fertilizer inputs
came from van Paassen et al. (2019). Some of the fertilizer inputs were listed as only “NPK compound”
or “PK compound.” However for modelling upstream impacts, precise fertilizer products need to be
defined. This was achieved by modelling the generic compounds as a mix of the fertilizer products also
indicated by van Paassen et al. (2019), in a combination that includes the same amount of N, P, Kand S
nutrients. Since these fertilizer products were modelled as a proxy for the generic compounds indicated
by van Paassen et al. (2019), the technological correlation for these amounts received a data quality
score of 4, for related technology. The amounts of total pesticides applied came from van Paassen et al.
(2019), however they do not indicate what types of herbicides, insecticides, and fungicides are applied.
Therefore, the distribution of different pesticide inputs from Nemecek (2015) was used in combination

with the total amounts from van Paassen et al. (2019).

Table 14. Data sources to be used for modeling Canadian canola production, and their associated
pedigree matrix scores

Data point

Source to
be used

Yield

StatsCan,
table 32-
10-059-10
(Statistics
Canada,
2022b)

Seed

Alcock et
al. (2022)

Reliabilit

Yy

Completenes
s

Temporal
correlatio
n

Geographica
| correlation

Technologica
| correlation

All other
nutrient
inputs

van
Paassen et
al.,, (2019)

All pesticides

amounts
from van
Paassen et
al., (2019),
types from
Nemecek
(2015)

Irrigation
energy

CRSC
((S&T)2
Consultant
s Inc,
2021a)

Field activities
energy use

CRSC
((S&T)2
Consultant
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s Inc,
2021a)
Transportatio | distances
n from van ) 3 4
Paassen et
al. (2019)
Post harvest Alcock et
al, (2022) | 2 3 2
N20 CRSC
emissions ((S&T)2
(direct and Consultant
indirect) s Inc,
2021a) 3
CO2 van
emissions Paassen et
from lime and | al. (van 2 3 2 2
urea Paassen et
al., 2019)
Soil carbon CRSC
changes ((S&T)2
Consultant
sInc,
2021a) 4

Data characterizing Australian canola production were of similarly high quality (table 15). In total,
12 sources were consulted to identify the best data for characterizing Australian canola production. As
with the Canadian canola production data, many of the data sources for Australian canola production
were assigned completeness scores of 3 for either not indicating the percentage of supply covered, or
for covering less than 50% of the Australian canola supply. The highest quality data characterizing yields
was the annual report of the Australian Oilseeds Federation (Australian Oilseeds Federation, 2021).This
source does not directly report yield; rather, it reports total production and total land area used for
growing canola in Australia, from which yields were subsequently calculated for the five-year period of
2017-2021 (no data were available for 2022). Manure was excluded from the Australian canola
production model since the literature review by Alcock et al. (2022) found that no manure was applied
to Australian canola. Fertilizer inputs were modelled the same way as for Canada, with data sourced
from van Paassen et al. (2019), and the “NPK compound” and “PK compound” flows were modelled
using a mix of the other fertilizer inputs that gave the same nutrient inputs.

Data on the total inputs of herbicides, fungicides and insecticides came from van Paassen et al.
(2019), however they did not indicate what specific products or active ingredients were applied. Little
information is available regarding the specific distribution of types of pesticides applied in Australian
canola systems. Therefore, the following assumptions have been made regarding Australian pesticide
mixes. Herbicides are assumed to be a mix of 18.36% glyphosate, and 81.64% atrazine, in line with the
proportions indicated in the canola production data set from the AusLCl database (Tomkinson, 2013).
Fungicides are assumed to be an equal proportion mix of foliar fungicides registered for use on canola in
Western Australia for blackleg, sclerotinia stem rot, and white leaf spot (Beard and Hills, 2022), three
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predominant fungal diseases of canola production systems in Australia (Van de Wouw et al., 2016).
Similarly, insecticides are assumed to be an equal proportion mix of registered insecticides for control of
mites and aphids (GRDC, 2018), two predominant insect pests affecting Australian canola crops (Arthur
et al., 2015; Ward et al., 2021).

Through data quality assessment and calculation of total uncertainty contributions from pedigree
matrix entries, it was found that the use of data from van Paassen et al. (2019) for calculation of N,O
emissions resulted in lower uncertainty than would use of data from the CSIRO canola carbon footprint
report (Eady, 2017), in spite of its lower completeness score (i.e., a 3 rather than a 2). This is because the
data from van Paassen et al. (2019) had a much higher data quality score for temporal correlation than
the data from the CSIRO report (i.e., a 1 rather than a 5). When combined with the uncertainty factors
presented by Ciroth et al. (2016) the combination of scores attributable to data from van Paassen et al.
(2019) resulted in a lower overall uncertainty score than that of the CSIRO report (Eady, 2017).

Table 15. Data sources to be used for modeling Australian canola production, and their associated
pedigree matrix scores

Data point Source to | Reliabilit | Completenes | Temporal | Geographica | Technologica
be used y s correlatio | | correlation | | correlation

n

Yield Australian
Oilseeds
Federation
Annual
report
(Australian
Oilseeds
Federation
,2021)
Seed Alcock et
al., (2022)
Lime Alcock et
al., (2022)
All other van
nutrient Paassen et
inputs al.,, (2019)
All pesticides total
amounts
from van
Paassen et
al., (2019),
distributio
n from
AuslLCI

and
registered
products
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Field activities | van
energy use Paassen et
al.,, (2019)
Transportation | distances
from van
Paassen et
al.,, (2019)
Post harvest Alcock et
al., (2022)
N20O emissions | van
(direct and Paassen et
indirect) al,, (2019)
CO2 emissions | IPCC
from lime and | methods
urea with data
from
Alcock et
al., (2022)
Soil carbon NIR
changes methods
(Governm
ent of
Australia,
2022)

Data sources used for modeling French canola production are presented in table 16. These data are
of similarly high quality, with the majority of data being sourced from van Paassen et al. (2019), or from
Alcock et al. (2022). A total of 11 sources were consulted in identifying French canola production data.
The yield value was calculated as a five year average from 2018-2022 from the EU Qilseed and Protein
Crop Production report (2022a). Fertilizer data were sourced from van Paassen et al. (2019), with the
same fertilizer mix proxies used for “NPK compound” and “PK compound”. Manure inputs were included
for France, and the amounts and types came from van Paassen et al. (2019). As described in section
2.5.5.1 (Manure allocation methods), the total nutrient contents of these manures were determined,
and they were modelled as a mix of synthetic fertilizers that provide those nutrients. This was done to
avoid allocating the impacts of the animal production system, and to instead include the impacts of the
original production of the fertilizers that were used to fertilize the crops that fed the animals that
produced the manure. As described in section 2.5.6.4, all manure data sources received poor data
quality scores since some values used in the calculations came from expert opinion from over 15 years
ago, including nutrient contents representative of South Africa. As was done for Canada and Australia,
total amounts of herbicide, fungicide, and insecticide inputs were sourced from van Paassen et al.
(2019). Information on pesticide mixes used in France were taken from Agreste (Agreste, 2022).

As with the Australian data, data from van Paassen et al. (2019) were used in the calculation of N,O
emissions, and CO, emissions attributable to lime and urea application despite some other sources
having potential higher quality data for individual indicators. Specifically, data from Nguyen et al. (2012)
received a higher completeness score than that of van Paassen et al. (2019), but received a considerably
worse score for technological correlation (i.e., 5 as opposed to 1). Since poor technological correlation is
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the largest overall contributor to uncertainty from pedigree matrix entries (Ciroth et al., 2016) these
data were associated with higher levels of uncertainty for modelling of N,O emissions. Similarly, the
method for modeling soil carbon changes used by Ben Aoun et al. (2016) resulted in lower total
uncertainty than those proposed to be used here. However, they used the CERES-EGC model (Gabrielle
et al., 2006), a process-based model for simulation of soil carbon dynamics. Use of process-based
models requires significant expertise to properly parametrize the models, and these models generally
have large context-specific data requirements making their implementation challenging (Adams et al.,
2013). While the results of these models may provide more accurate estimates of soil carbon changes
associated with French canola production in specific geographical/temporal contexts, the use of
process-based models is outside the scope of the current analysis. Rather, use of the methods proposed
herein (which are consistent with the French NIR (CCNUCC, 2022)) represent best practices for the
current analysis.

Table 16. Data sources to be used for modeling French canola production, and their associated pedigree
matrix scores

Data point

Source to
be used

Reliability | Completeness | Temporal
correlation

Geographical | Technological
correlation correlation

Yield

EU Oilseed
and
Protein
Crop
production
(2022a)

Seed

Alcock et
al., (2022)

Lime

Alcock et
al., (2022)

All other
fertilizer
inputs

van
Paassen et
al.,, (2019)

Manure

inputs
from van
Paassen et
al. (2019),
modelled
as
fertilizer
inputs
based on
nutrient
contents
from
Azeez and
Van
Averbeke
(2010),
Kuhn et al.

34



(2018),
and Moral
and
Paredes
(2005)

All pesticides

amounts
from van
Paassen et
al., (2019),
types from
Agreste
2022

Irrigation
energy

van
Paassen et
al., (2019)

Field activities
energy use

van
Paassen et
al., (2019)

Transportation

van
Paassen et
al., (2019)

Post harvest

Alcock et
al., (2022)

N20 emissions
(direct and
indirect)

Modeled
with data
from van
Paassen et
al., (2019)

CO2 emissions
from lime and
urea

Modeled
with data
from
Alcock et
al., (2022)

Soil carbon
changes

NIR
methods
(CCNUCC,
2022)

Finally, data characterizing German canola production were of similarly high quality. A total of 10
sources were consulted to identify potential data for use in modeling. Fertilizers, manures and pesticides
were modelled using the same methods as France. Information on the distribution of pesticides applied
to German canola systems were taken from Nordborg et al. (2014). As with previous data sets, data
from van Paassen et al. (2019) were used in modeling of N,O emissions in spite of its lower
completeness score than data sourced from O’Keeffe et al. (2017). The former data is of poorer quality
with respect to temporal correlation, resulting in higher overall uncertainty (table 17).
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Table 17. Data sources to be used for modeling German canola production, and their associated
pedigree matrix scores

Data point Source to be | Reliability | Completeness | Temporal | Geographical | Technological
used correlation | correlation correlation
Yield (and the | EU Qilseed
inverse, land and Protein
area) Crop
production
(European
Commission,
2022a)

Seed Alcock et al.,
(2022)

Lime Alcock et al.,
(2022)

All other van Paassen
fertilizer van Paassen
inputs et al., (2019)
Manure van Paassen
(modelled as et al. (2019)
fertilizer) for amounts,
based on
nutrient
contents
from Azeez
and Van
Averbeke
(2010), Kuhn
et al. (2018),
and Moral
and Paredes
(2005)

All pesticides amounts
from van
Paassen et
al., (2019),
types from
Nordborg et
al. (2014)
Irrigation (Nemecek,
energy 2007b)

Field activities | van Paassen
energy use etal., (2019)
Transportation | distances
from van
Paassen et
al.,, (2019)
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Post harvest Alcock et al.,

(2022)
N20 emissions | Modeled
(direct and using data
indirect) from van

Paassen et

al. (2019)

CO2 emissions | Modeled
from lime and | using data
urea from Alcock
et al. (2022)
Soil carbon Modeled
changes using NIR
methods
(Federal
Environment
Agency,
2022)

2.5.6.3 Non-durum wheat data sources

Data characterizing Saskatchewan wheat production were, with few exceptions, of fairly high
quality (table 18). Data for grain yield came from Statistics Canada (2020), and data for the amount of
straw removed came from Lafond et al. (2009), and Statistics Canada (2022b, 2021b). The amount of
straw removed was used as the co-product of wheat grain production (see section 2.5.5.2 for the
methods of allocation between co-products). It was also subtracted from the amount of above-ground
residue produced for calculations of N>O emissions from crop residue (see section 2.5.8.3).

Scores of 4 for reliability and completeness were assigned to data characterizing seed and nutrient
inputs, field activity energy use, transportation, and post-harvest energy use. These data were based on
expert opinion or recommendations, rather than data that directly represented practices on farms. The
data sourced from van Paassen et al., (2019) for Canadian seed inputs are from 2013, and for post-
harvest drying energy use are from a source published in 2010. The proportion of straw removed from
fields received a score of 2 for reliability, as this data was based on experimental measures investigating
proportions of straw removed by common baling machinery in Saskatchewan. However, this data
received scores of 4 for completeness and 5 for temporal correlation because only a small number of
experimental sites were considered, and data was collected during the 2002-2005 growing seasons.
Data on the total amounts of herbicides, insecticides and fungicides came from the CRSC report, as well
as data on the types of herbicides applied. However, they did not report the types of insecticides and
fungicides applied, therefore this information was taken from Nemecek (2015a) in combination with the
total amounts from the CRSC report. The data for pesticide inputs from the CRSC report ((S&T)2
Consultants Inc., 2021b) are representative of the province of Alberta, rather than the province of
Saskatchewan, or the entirety of Canada.
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Similar to canola, changes in soil carbon are to be estimated using methods from the Canadian NIR
(Environment and Climate Change Canada, 2022), which do not provide crop-specific estimates of soil
carbon change, hence leading to the score of 4 for technological correlation.

Table 18. Data sources to be used for modeling Saskatchewan non-durum wheat production, and their
associated pedigree matrix scores

Data point

Source Reliabilit | Completenes

V' S

Temporal
correlatio
n

Geographica
| correlation

Technologica
| correlation

Yield (grain)

StatsCan,
table 32-
10-059-10
(Statistics
Canada,
2022b)

Straw
removed

Lafond et
al. (2009)

Seed

CRSC
report
((S&T)2
Consultant
sInc.,
2021b)

Nutrient
inputs

CRSC
report
((S&T)2
Consultant
sInc.,
2021b)

Herbicide
inputs

CRSC
report
((S&T)2
Consultant
sInc.,
2021b)

Other
pesticide
inputs

Total
amounts
from CRSC
report
((S&T)2
Consultant
s Inc.,
2021b),
fungicide
and
insecticide
types from
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Nemecek
(2015)

Field activity
energy use

CRSC
report
((S&T)2
Consultant
sInc.,
2021b)

Transportatio
n diesel

van
Paassen et
al. 2019

Post-harvest
energy use

CRSC
report
((S&T)2
Consultant
sInc.,
2021b)

Direct and
indirect N20
emissions

CRSC
report
((S&T)2
Consultant
sInc.,
2021b),
scaled to
account for
assumed
residue
removal
rates

CO02
emissions
from urea

Calculated
using IPCC
methods
based on
urea inputs
from CRSC
report
((S&T)2
Consultant
sInc.,
2021b)

Soil carbon
changes

CRSC
report
((S&T)2
Consultant
sInc.,
2021b)
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Data characterizing Canadian-average production of non-durum wheat were also of generally
high quality (table 19). Proxy data from Saskatchewan were used for calculation of the amount of wheat
straw removed. Fertilizer data came from van Paassen et al. (2019) and were of relatively high quality,
however they received a score of 3 for technological correlation since proxy fertilizers were modelled
when van Paassen et al. (2019) indicated an application of “NPK product” and “PK product” (as
described in the canola section). Similar to the Saskatchewan average data, transportation of field inputs
is an area of relatively poor data quality, indicating that this should be a focus for data collection
improvements during future studies. The data sourced from van Paassen et al. (2019) for Canadian seed
inputs are from 2013, and the data from the CRSC report on post-harvest drying energy use are from

expert opinion.

Table 19. Data sources to be used for modeling Canadian non-durum wheat production, and their
associated pedigree matrix scores

Data point

Reliabilit

Source Completenes | Temporal | Geographic | Technologic

correlatio | al al
n correlation

correlation

Yield (grain)

StatsCan,
table 32-10-
059-10
(Statistics
Canada,
2022b)

Straw
removed

Lafond et al.
(2009)

Seed

van Paassen
et al. (2019)

All fertilizer
inputs

van Paassen
et al. (2019)

Manure
inputs
(modelled as
fertilizers)

van Paassen
et al. (2019),
based on
nutrient
contents
from
Government
of
Saskatchewa
n (2022) and
Azeez and
Van
Averbeke
(2010)

All pesticide
inputs

CRSC report
((S&T)2

Consultants
Inc., 2021b),
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fungicide and

insecticide

types from

Nemecek
Irrigation van Paassen
energy et al. (2019)
Fuel use for van Paassen

field activities | et al. (2019)
Transportatio
n of field
inputs
Post-harvest | CRSC report
energy use ((S&T)2
Consultants

van Paassen
et al. (2019)

Inc., 2021b)

Direct and ((S&T)2

indirect N20 | Consultants

emissions Inc., 2021b)
scaled to
account for
assumed
residue
removal
rates

CO2 van Paassen

emissions et al. (2019)

from lime and

urea

Soil carbon CRSC report

changes ((S&T)2
Consultants
Inc., 2021b)

In general, the available LCI data for Australian wheat production were of fairly high quality (table
20). The sources of data for seed, lime inputs, and transportation from van Paassen et al., (2019) are all
around 10 years old at the time of writing this report. Proxy data from Saskatchewan were used for
calculation of the amount of wheat straw removed. This data was collected using experimental
measures from a small number of sites throughout southern New South Wales in 2014 (Broster and
Walsh, 2022). The choice of data to characterize post-harvest energy inputs was difficult due to
differences in final moisture content after grain drying between sources. The data on post-harvest
energy use from Nemecek (2015) received the best data quality score (i.e., lowest associated
uncertainty) of all the possible sources, despite being representative of processes in Switzerland rather
than Australia, and being greater than 10 years old resulting in scores of 5 for completeness, and 4 for
geographical correlation. However, these data are presented in terms of amount of moisture removed
from the grain after drying, while data from van Paassen et al. (2019) present post-harvest energy use in
terms of amount of dried grain. To avoid relying on additional sources of data to calculate the amount of
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moisture removed, and for methodological consistency in data sources, data on post-harvest energy use
has been taken from van Paassen et al. (2019).

Table 20. Data sources to be used for modeling Australian non-durum wheat production, and their
associated pedigree matrix scores

Data point Source Reliabilit | Completenes | Temporal
y s correlatio
n
Yield (grain) van Paassen 3 )
et al. (2019)
Straw Lafond et al. ) 4
removed (2009)
Seed van Paassen
3 3
et al. (2019)
Lime inputs van Paassen
et al. (2019) 2 3 3
Fertilizer van Paassen
. 3 2
inputs et al. (2019)
Manure Amounts
inputs based on
van Paassen
et al. (2019)
and nutrient 4 4
contents
from
(Griffiths,
2014)
Herbicide, total
fungicide and | amounts
insecticide from van
inputs Paassen et 2 3 3
al. (2019),
types from
Nemecek
Irrigation van Paassen ) 3 )
energy et al. (2019)
Field activities | van Paassen
2 3 2
energy et al. (2019)
Transportatio | van Paassen ) 3 3
n et al. (2019)
Post-harvest van Paassen ) 3
energy use et al. (2019)
Direct and Modelled
indirect N20 | using IPCC
emissions Tier 2 with N
input data 3 2

Geographica | Technologic
| correlation | al
correlation
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from van
Paassen et
al. (2019)

CO2 van Paassen

emissions et al. (2019)

from lime and

urea

Soil carbon Modelled

changes using NIR
data
(Governmen
t of
Australia,
2022)

The data sources for French and German wheat production are similar, and have overall high
quality (tables 21-22). The data from van Paassen et al., (2019) for seed and transportation of field
inputs are 9 years old, and assumed to be 14 years old based on time of publication respectively, at the
time of writing this report. Proxy data from Saskatchewan were used for calculation of the amount of
wheat straw removed from both the French and German production systems. As with Australian wheat
production, post-harvest energy use data has been taken from van Paassen et al. (2019) rather than
Nemecek (2007b) for the same reason as previously described. For pesticide inputs for France, data on
the total amounts of herbicides, fungicides, and insecticides were taken from van Paassen et al. (2019),
and data on the specific types of plant protection products came from Agreste (Agreste, 2022) for
herbicides and fungicides, and Nemecek (2007b) for insecticides. The Nemecek insecticide data were
valid from 2000-2004, extrapolated to the year 2021 (without an explanation of how this was done), and
thus have a data quality score of 4 for temporal correlation. Some of the herbicides and fungicides
indicated by Agreste (Agreste, 2022) did not have representative background production inventories in
ecoinvent, therefore they were modelled as the generic “pesticide, unspecified”, which gave them a
technological correlation of 4. Similarly for Germany, the types of pesticides came from Nordborg et al.
(2014), and some of these pesticide types were modelled as “pesticide, unspecified”. For soil carbon
change for France, Muiioz et al. (2014) had data of higher quality than is achievable via modelling using
the NIR values since it was modelled specifically for wheat, whereas the NIR is not crop specific.
However, for consistency with the data available for all countries, we have chosen to model soil carbon
changes according to the NIR model.

Table 21. Data sources to be used for modeling French non-durum wheat production, and their
associated pedigree matrix scores

Data point Source Reliabilit | Completenes | Temporal | Geographica | Technologica
y s correlatio | | correlation | | correlation

Yield (grain) Eurostat

Database
Straw Lafond et
removed al. (2009)
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Seed

van
Paassen
et al.
(2019)

Lime

van
Paassen
et al.
(2019)

Fertilizers

van
Paassen
et al.
(2019)

Manure
(modelled as
fertilizers)

van
Paassen
et al.
(2019)
for
amounts,
based on
nutrient
contents
from
Azeez
and Van
Averbeke
(2010),
Kuhn et
al.
(2018),
and
Moral
and
Paredes
(2005)

Herbicide and
fungicide
inputs

total
amounts
from van
Paassen
et al.
(2019),
types
from
Agreste
(Agreste,
2022)
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Insecticide
inputs

total
amounts
from van
Paassen
et al.
(2019),
types
from
Nemecek
(2007b)

Irrigation
energy use

van
Paassen
et al.
(2019)

Field activities
energy use

van
Paassen
et al.
(2019)

Transportatio
n of field
inputs

van
Paassen
et al.
(2019)

Post-harvest
energy use

van
Paassen
et al.
(2019)

Direct and
indirect N20
emissions

Modelled
using
IPCC Tier
2
methods
with N
input
data
from van
Paassen
et al.
(2019)

CO2 emissions
from lime and
urea

van
Paassen
et al.
(2019)

Soil carbon
changes

Modelled
using NIR
values
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(ccNucc
,2022)

Table 22. Data sources to be used for modeling German non-durum wheat production, and their
associated pedigree matrix scores

Data point

Source

Yield (grain)

European
Commission
(2022)

Straw
removed

Lafond et al.
(2009)

Seed

van Paassen
et al. (2019)

Lime

van Paassen
et al. (2019)

Fertilizer
inputs

van Paassen
et al. (2019

Manure
(modelled as
fertilizer
inputs)

van Paassen
et al. (2019)
for
amounts,
based on
nutrient
contents
from Azeez
and Van
Averbeke
(2010),
Kuhn et al.
(2018), and
Moral and
Paredes
(2005)

All pesticide
inputs

total
amounts
from van
Paassen et
al. (2019),
types from
Nordborg et
al. 2014

Irrigation
energy use

van Paassen
et al. (2019)

Reliabilit

Completenes

Temporal
correlatio

Geographica | Technologica
| correlation | | correlation
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Field activities | van Paassen
energy use et al. (2019)
Transportatio | van Paassen
n of field et al. (2019)
inputs
Post-harvest van Paassen
energy use et al. (2019)
Direct and Modelled
indirect N20 using IPCC
emissions Tier 2
methods
with N input
data from
van Paassen
et al. (2019)
CO2 van Paassen
emissions et al. (2019)
from lime and
urea
Soil carbon Modelled
changes using NIR
values
(Federal
Environmen
t Agency,
2022)

The available data for wheat production in the U.S. was of high quality (table 23). The main sources
for data are van Paassen et al. (2019) and the USDA LCA Commons (USDA-National Agricultural Library,
2014). In fact, the data in van Paassen et al. (2019) were taken from the USDA LCA Commons, and
modified for simplicity as well as correcting reported errors in the original data. For this reason, the van
Paassen et al. (2019) data were preferentially sourced over the USDA LCA Commons data when they are
both indicated in the table. Proxy data from Saskatchewan were used for calculation of the amount of
wheat straw removed. These data were based on qualified estimates and econometric modeling of the
removal of corn stover for use in production of ethanol from lignocellulosic biomass (Juneja et al. 2103).
Data for amounts and types of fertilizer inputs were taken from van Paassen et al. (2019). While higher
quality data for amounts of fertilizers was available from the NASS (USDA, 2020), these numbers are
only presented in terms of total nutrients applied, rather than in terms of products applied. Some data
points (seed, field activities, transport and post-harvest) had lower data quality for temporal correlation
since they are all almost 10 years old at the time of writing this report. Post-harvest energy use data was
taken from van Paassen et al. (2019) as previously described
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Table 23. Data sources to be used for modeling US non-durum wheat production, and their associated
pedigree matrix scores

Data
point

Source

Yield
(grain)

NASS report
(USDA, 2020)

Straw
removed

Lafond et al.
(2009)

Reliabilit

Yy

Seed

van Paassen
et al. (2019)

Lime

van Paassen
et al. (2019)
(USDA-
National
Agricultural
Library, 2014)

Manure

van Paassen
et al. (2019),
based on
nutrient
contents from
Government
of
Saskatchewan
(2022) and
Azeez and
Van Averbeke
(2010)

All
fertilizer
inputs

van Paassen
et al.
(2019)/USDA
LCA Commons
(USDA-
National
Agricultural
Library, 2014)

Herbicide,
fungicide,
insecticid
e inputs

NASS
database
(USDA-NASS,
2022)

Irrigation
energy
use

van Paassen
et al.
(2019)/USDA
LCA Commons
(USDA-
National

Completenes | Temporal
s correlatio

Geographica
| correlation

Technologica
| correlation
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Agricultural
Library, 2014)
Field van Paassen
activities | etal.
(2019)/USDA
LCA Commons
(USDA-
National
Agricultural
Library, 2014)
Transport | van Paassen
of field et al.
inputs (2019)/USDA
LCA Commons
(USDA-
National
Agricultural
Library, 2014)
Post- van Paassen
harvest et al. (2019)
energy
use
Direct and | Calculated
indirect using IPCC
energy Tier 2
use methods and
N inputs from
van Paassen
et al. (2019)
COo2 van Paassen
emissions | et al. (2019)
from lime
and urea
Soil Calculated
carbon using NIR
changes methods (U.S.
Environmenta
| Protection
Agency, 2022)

2.5.6.4 Field pea data sources

A total of three sources were consulted for Saskatchewan, and five sources were consulted for
Canadian field pea production. In contrast to both canola and non-durum wheat, both Saskatchewan
and Canadian field pea production may be characterized by data of very high quality (tables 24-25). This
is a result of a recently completed project by Bamber et al. (2020) for Pulse Canada. In this project,
survey data was collected characterizing farm-level inputs for over 600 pea and lentil producers,
including a large sample from Saskatchewan pea producers. These data were used, with few exceptions.
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Specifically, data characterizing transportation of inputs to farms are taken from van Paassen et al.
(2019). Data on irrigation energy for the Canadian model was taken from van Paassen et al. (2019). All
other data in both the Saskatchewan and Canadian models were taken from Bamber et al. (2020),
adjusted to take into account changes in yield since initial data collection. The input values for inoculant
were partially based on expert opinion, therefore they received a score of 4 for both reliability and
completeness. The data on types and amounts of pesticide active ingredients applied from (Bamber et
al., 2020) are representative of the technology used on Canadian and Saskatchewan farms, however
background production datasets for each chemical type are not available in ecoinvent. For this reason,
some pesticide products were modelled using the generic “pesticide, unspecified” process. This proxy
resulted in a data quality indicator of 4 for technological correlation. Importantly, data on types of
pesticides applied are limited in the appended excel file which represents the processes available in
ecoinvent at the time of the creation of the dataset. However, the full lists of pesticide products are
available for use in the current analysis, and are presented in the appended LCl excel files. The N credit
from N fixed by the peas that is made available to the next crop in rotation was calculated based on data
from research in Western Canada (Barker, 2007). This source is over 15 years old, therefore it received a
5 for temporal correlation. The N credit was modelled as an avoided use of ammonia fertilizer for the
next crop in the rotation, therefore it received a 4 for technological correlation due to this proxy.

Table 24. Data sources to be used for modeling Saskatchewan dried field pea production, and their
associated pedigree matrix scores

Data point Source to be | Reliabilit | Completenes | Temporal | Geographic | Technologic
used y s correlatio | al al
n correlation | correlation
Yield StatsCan,
table 32-10-
059-10
(Statistics
Canada,
2022b)
Seed Bamber et
al. (2020)
Inoculant Bamber et
al. (2020)
Fertilizer Bamber et
inputs al. (2020)
Pesticides Bamber et
al. (2020)
Field activities | Bamber et
energy use al. (2020)
Transportatio | van Paassen
n et al. 2019
Post harvest Bamber et
al. (2020)
N20 CRSC values
emissions scaledto N
inputs from
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(direct and Bamber et

indirect) al. (2020)

Cco2 Bamber et

emissions al. (2020)

from lime and

urea

Soil carbon NIR methods

changes (Environmen
tand
Climate
Change
Canada,
2022)

N credit Barker
(2007)

Table 25. Data sources to be used for modeling Canadian dried field pea production, and their
associated pedigree matrix scores

Data point Source to be | Reliabili | Completenes | Temporal | Geographica | Technologica
used ty s correlatio | | correlation | | correlation
n
Yield StatsCan,
table 32-10-
059-10
(Statistics
Canada,
2022b)
Seed Bamber et al.
(2020)
Inoculant Bamber et al.
(2020)
Fertilizer Bamber et al.
inputs (2020)
All pesticides | Bamber et al.
(2020)
Irrigation van Paassen
energy et al. (2019)
Field activities | Bamber et al.
energy use (2020)
Transportatio | van Paassen
n et al. (2019)
Post harvest Bamber et al.
(2020)
N20 CRSC values
emissions scaledto N
inputs from
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(direct and Bamber et al.

indirect) (2020)

Cco2 Bamber et al.

emissions (2020)

from lime and

urea

Soil carbon NIR methods

changes (Environment
and Climate
Change
Canada,
2022)

N credit Barker (2007)

Data characterizing French and German field pea production are generally of high quality, with the
majority of data in both cases sourced from van Paassen et al. (2019) (tables 26-27). Yield data were
taken from the EuroStat database, a publicly available repository for a variety of data from European
Union member states (European Commission, 2022b). For both France and Germany, post-harvest
energy use could not be sourced from van Paassen et al. (2019) as it is excluded from the datasets
presented. Rather, this data had to be sourced from Nguyen et al. (2012), which used data with errors
corrected from Nemecek (2007e, 2007f), where it was representative of survey data originally collected
from 2000-2004, and extrapolated to 2021. Similarly, inputs of synthetic N fertilizers to German pea
production systems was also sourced from Nemecek (2007c), as the data available from van Paassen et
al. (2019) do not include synthetic N sources, and only include N derived from pig and chicken manure
application. Inputs of inoculant were modelled based on the Canadian average data from Bamber et al.
(2020), since no data were available on inoculant inputs for France and Germany, but it was assumed
that inoculants were used since these contribute to the N-fixing ability of peas (Clayton et al., 2004). The
N credit for French and German peas was calculated based on GL-Pro (2005), which indicated that wheat
grown after peas could use 20-25% less fertilizer. Therefore, the N credit was calculated as 20% of the N
fertilizer amount applied to French and German wheat, and modelled as an avoided ammonia input.

Table 26. Data sources to be used for modeling French dried field pea production, and their associated
pedigree matrix scores

Data point Source to Reliabilit | Completenes | Temporal | Geographica | Technologica
be used y s correlatio | | correlation | | correlation
n

Yield (and the | Eurostat
inverse, land database
area) (European
Commission
,2022b)
Seed van Paassen
et al. (2019)
Lime van Paassen
et al. (2019)
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Inoculant Bamber et 4
al. 2020a
All other van Paassen
fertilizer et al. (2019)
inputs
Manure van Paassen
inputs et al. (2019)
(modelled as | for
fertilizers) amounts,
based on
nutrient
contents
from Azeez 4
and Van
Averbeke
(2010),
Kuhn et al.
(2018), and
Moral and
Paredes
(2005)
All pesticides | total
amounts
from van
Paassen et
al. (2019),
distribution
from
Nemecek
2007
Irrigation van Paassen )
energy et al. (2019)
Field activities | van Paassen )
energy use et al. (2019)
Transportatio | van Paassen )
n et al. (2019)
Post harvest Nemecek
2007 and
2
Nguyen
2012
N20 Modeled
emissions using data
(direct and from van
indirect) Paassen et
al. (2019)
Cco2 Modeled
emissions using data
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from lime and | from van

urea Paassen et
al. (2019)

Soil carbon NIR

changes methods
(CCNUCC,
2022)

N credit GL-Pro
(2005)

Table 27. Data sources to be used for modeling German dried field pea production, and their associated
pedigree matrix scores

Data point Source to Reliabilit | Completenes | Temporal | Geographica | Technologica
be used y s correlatio | | correlation | | correlation
n
Yield (and the | Eurostat
inverse, land database
area) (European
Commission
,2022b)
Seed van Paassen
et al. (2019)
Inoculant Bamber et
al. 2020a
Lime van Paassen
et al. (2019)
N fertilizer Nemecek
(2007f)
All other van Paassen
fertilizer et al. (2019)
inputs
Manure van Paassen
(modelled as | et al. (2019)
fertilizer for
inputs) amounts,
based on
nutrient
contents
from Azeez
and Van
Averbeke
(2010),
Kuhn et al.
(2018), and
Moral and
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Paredes
(2005)

All pesticides | total
amounts
from van
Paassen et
al. (2019),
types from
Nemecek
2007f

Irrigation van Paassen

energy et al. (2019)

Field activities | van Paassen

energy use et al. (2019)

Transportatio | van Paassen

n et al. (2019)

Post harvest Nemecek
(2007f) and
Nguyen et
al 2012

N20 Modeled

emissions with data

(direct and from van

indirect) Paassen et
al. (2019)

Cco2 Modeled

emissions with data

from lime and | from van
urea Paassen et
al. 2019

Soil carbon NIR

changes methods
(Federal
Environmen
t Agency,
2022)

N credit GL-Pro
(2005)

Finally, data characterizing U.S. field pea production were of generally high quality, with most
requisite data sourced from van Paassen et al. (2019) (table 28). Inoculant input data came from the
Canadian average from Bamber et al. (2020a). None of the sources consulted included estimates of
post-harvest energy use for U.S. field pea production. This gap was filled using data adapted from
Canadian production conditions as presented by Bamber et al. (2020a). The N credit was calculated
using the same source as the Canadian data, which was based on research from Western Canada (Barker
2007).
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Table 28. Data sources to be used for modeling U.S. field pea production, and their associated pedigree

matrix scores

Data point Source to be | Reliabilit | Completenes | Temporal | Geographic | Technologic
used y S correlatio | al al
n correlation | correlation
Yield NASS
database
Seed van Paassen
et al. (2019)
Inoculant Bamber et al.
2020a
Lime van Paassen
et al. (2019)
All fertilizer van Paassen
inputs et al. (2019)
Manure van Paassen
inputs et al. (2019),
based on
nutrient
contents
from
Government
of
Saskatchewa
n (2022) and
Azeez and
Van
Averbeke
(2010)
All pesticides | van Paassen
et al. (2019)
Irrigation van Paassen
energy et al. (2019)
Field van Paassen
activities et al. (2019)
energy use
Transportatio | van Paassen
n et al. (2019)
Post harvest Bamber et al.
2020a
N20 Modelled
emissions with data
(direct and from
indirect) Bandekar et
al. (Bandekar
et al., 2022)
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C0o2 Modelled

emissions with data

from lime and | from van

urea Paassen et al.
(2019)

Soil carbon NIR Methods

changes (U.S.

Environment
al Protection
Agency,
2022)

N credit Barker (2007)

2.5.7 Background data providers

The ecoinvent database version 3.8 was chosen for all background data providers. A single
background data source was chosen to ensure methodological consistency for all background data. The
ecoinvent database was chosen since it contains background datasets for all relevant data categories at
the appropriate levels of regional specificity (country-level as well as for the province of Saskatchewan).
It is also one of the most commonly used background database for LCA practitioners. Table 29 lists all
providers used to model background datasets, as well as any modifications made to make them better
fit for the purposes of this study. Table 30 lists all processes used in modifications. These tables were
split in order to avoid redundancy, as electricity providers were changed across many of the background
processes listed in table 29. In general, processes were modified to use electricity providers specific to
the country or province modelled, unless otherwise indicated in the table. In some cases, production
processes representing specific pesticide active ingredients are unavailable in ecoinvent v.3.8. Where
possible, active ingredients have been modeled as production of active ingredients of the same chemical
family. When these were not available, pesticides were modeled as unspecified.
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Table 29. LCI flows, the processes used to model them from ecoinvent v.3.8, and any modifications made to those processes.

sowing | rape seed, for sowing -
CH

Data point | Process (from ecoinvent v.3.8) ‘ Modifications
Seed
Pea seed pea seed production, for sowing | electricity and pea providers changed for each region
| pea seed, for sowing | APOS,
U-CH
Wheat seed wheat seed production, for electricity and wheat providers changed for each region
sowing | wheat seed, for
sowing - RowW
Canola seed rape seed production, for electricity and rapeseed providers changed for each region

Fertilizers (including

manure modelled as upstream synthetic fertilizer production)

Urea

urea production | urea | APQOS,
U - RER or RNA

electricity providers changed for each region
for CA, the national average electricity mix was used since urea is produced in many
Canadian provinces (Cheminfo Services Inc., 2016)

Ammonia

ammonia production, steam
reforming, liquid | ammonia,
anhydrous, liquid | APOS, U —
RER or RNA

electricity and natural gas providers changed for each region

Ammonium nitrate

ammonium nitrate production |
ammonium nitrate | APOS, U —
RER or RNA

electricity providers changed for each region

for CA, the national average electricity mix was used since ammonium nitrate is
produced in many Canadian provinces (Cheminfo Services Inc., 2016)

ammonia providers changed to regionalized ammonia providers (modifications
described above)

Calcium
ammonium nitrate

calcium ammonium nitrate
production | calcium
ammonium nitrate — RNA or
RER

electricity providers changed for each region

for CA, the national average electricity mix was used since ammonium nitrate is
produced in many Canadian provinces (Cheminfo Services Inc., 2016)

ammonia providers changed to regionalized ammonia providers (modifications
described above)
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Urea ammonium
nitrate (UAN)

urea ammonium nitrate
production | urea ammonium
nitrate mix | APOS, U — RNA or
RER

ammonium nitrate provider changed to regionally modified ammonium nitrate
process for each region (described above)
electricity providers changed for each region

for CA, the national average electricity mix was used since urea ammonium nitrate is

produced in many Canadian provinces (Cheminfo Services Inc., 2016)

Monoammonium
phosphate (MAP)

market for monoammonium
phosphate | monoammonium
phosphate | APOS, U — RNA or
RER

electricity providers changed for each region
for CA and SK, process was modelled as taking place in AB since that is the only
location of a production facility for MAP (Cheminfo Services Inc., 2016)

Diammonium
phosphate (DAP)

diammonium phosphate
production | diammonium
phosphate | APOS, U — RNA or
RER

electricity providers changed for each region

ammonia providers changed to regionalized ammonia providers (modifications
described above)

for CA and SK, process was modelled as taking place in AB since that is the only
location of a production facility for MAP (Cheminfo Services Inc., 2016), and no
information was provided for production locations for DAP

Single single superphosphate electricity and phosphate rock providers changed for each region

superphosphate production | single for CA and SK, process was modelled as taking place in AB since that is the only
superphosphate | APOS, U - location of a production facility for MAP (Cheminfo Services Inc., 2016), and no
RER information was provided for production locations for superphosphate

Triple triple superphosphate electricity, phosphate rock, and phosphoric acid providers changed for each region

superphosphate production | triple for CA and SK, process was modelled as taking place in AB since that is the only

superphosphate | APOS, U -
RER

location of a production facility for MAP (Cheminfo Services Inc., 2016), and no
information was provided for production locations for superphosphate

Phosphate rock

phosphate rock beneficiation |
phosphate rock, beneficiated |
APOS, U - RER

electricity providers changed for each region

Potassium chloride
(potash) — SK, CA,
us

potassium mining and
benefication | potassium
chloride | APOS, U - CA-SK

electricity providers changed for each region

for CA, process was modelled as SK since that is the only location for a production

facility of potash, and SK was modelled as SK (Cheminfo Services Inc., 2016)

Potassium chloride
(potash) — FR, DE,
AU

potassium chloride production |
potassium chloride | APOS, U

electricity providers changed for each region
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Potassium sulfate

potassium sulfate production |
potassium sulfate | APOS, U -
RER

electricity providers changed for each region

for CA, process was modelled as SK since that is the only location for a production
facility of potassium, and SK was modelled as SK (Cheminfo Services Inc., 2016)
potassium chloride providers changed for each region (SK for both SK and CA)

Ammonium sulfate

ammonium sulfate production |
ammonium sulfate | APOS, U -
RER

ammonia providers changed to regionalized ammonia providers (modifications
described above)

electricity providers changed for each region

for CA, the national average electricity mix was used since ammonium sulfate is
produced in several Canadian provinces (Cheminfo Services Inc., 2016)

Sulfur natural gas production | sulfur | | electricity providers changed for each region
APOS, U - CA-AB or DE for CA and SK, the AB electricity mix was used since sulfur is mainly produced in AB
(Prud’homme, 2013)
Zinc primary zinc production from electricity and urea providers changed for each region
concentrate | zinc | APOS, U — for CA, the national average electricity mix was used since zinc is produced in several
CA-QC Canadian provinces, for SK the MB electricity mix was used since SK does not
produce zinc and MB is the largest producer (World Atlas, 2022)
Magnesium magnesium production, electricity provider changed to market group for electricity, high voltage | electricity,
electrolysis | magnesium | high voltage | APOS, U - CA
APOS, U -IL
Lime lime production, milled, loose | | electricity providers changed for each region

lime | APOS, U - CA-QC or CH

for CA, the national average electricity mix was used since lime is produced in several
Canadian provinces, and SK used for SK (Vagt, 2015)

Plant protection products

Glyphosate

glyphosate production |
glyphosate | APOS, U - RER

electricity providers changed for each region

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia and decarbonised water providers changed for each region

Pyroxasulfone,
Metolachlor

acetamide-anillide-compound
production, unspecified |
acetamide-anillide-compound,
unspecified | APOS, U - RER

electricity providers changed for each region

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia, sulfur and decarbonised water providers changed for each region

Sulfentrazone,
propiconazole,
prothioconazole,

triazine-compound production,
unspecified | triazine-

electricity providers changed for each region
US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
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epoxiconazole,
tebuconazole,
metconazole,
Tetraconazole,
Carfentrazon-ethyl,
metribuzin

compound, unspecified | APOS,
U-RER

ammonia and decarbonised water providers changed for each region

Glufosinate,
chlorpyrifos,
Methidathion

organophosphorus-compound
production, unspecified |
organophosphorus-compound,
unspecified | APOS, U - RER

electricity providers changed for each region

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia, decarbonised water and sulfur providers changed for each region

MCPA, 2,4-D,
Quizalofop-ethyl

phenoxy-compound production
| phenoxy-compound | APOS, U
- RER

electricity providers changed for each region

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia and decarbonised water providers changed for each region

Bromoxynil,
Azoxystrobin,
Dimoxystrobin,
chlorothalonil,
ethaboxam

nitrile-compound production |
nitrile-compound | APOS, U -
RER

electricity providers changed for each region

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia and decarbonised water providers changed for each region

Bentazon

benzo[thia]diazole-compound
production |
benzo[thia]diazole-compound |
APOS, U - RER

electricity providers changed for each region

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia, sulfur and decarbonised water providers changed for each region

Fluroxypyr,
Diflufenican,

pyridine-compound production
| pyridine-compound | APOS, U

electricity providers changed for each region
US national electricity grids were used for US, CA and SK since the majority of

Boscalid - RER pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia and decarbonised water providers changed for each region
Triallate [thio]carbamate-compound electricity providers changed for each region
production | [thio]carbamate- US national electricity grids were used for US, CA and SK since the majority of
compound | APOS, U - RER pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia, sulfur and decarbonised water providers changed for each region
Diquat bipyridylium-compound electricity providers changed for each region

production | bipyridylium-
compound | APOS, U - RER

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
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ammonia, sulfur and decarbonised water providers changed for each region

Ethalfluralin,
Trifluralin,
Pendimethalin

dinitroaniline-compound
production | dinitroaniline-
compound | APOS, U - RER

electricity and ammonia providers changed for each region
US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)

Deltamethrin,
cyhalothrin-
lambda, Bifenthrin,
Alpha-
cypermethrin,
Cypermethrin,
Etofenprox, Beta-
Cyfluthrin,
Permethrin

pyrethroid-compound
production | pyrethroid-
compound | APOS, U - RER

electricity providers changed for each region

US national electricity grids were used for US, CA and SK since the majority of
pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia and decarbonised water providers changed for each region

Atrazine

atrazine production | atrazine |
APOS, U - RER

electricity and ammonia providers changed for each region

Dimethanamid-P

dimethenamide production |
dimethenamide | APOS, U - RER

electricity, ammonia, sulfur and decarbonised water providers changed for each
region

Napropamide

napropamide production |
napropamide | APOS, U - RER

electricity, sulfur, and decarbonised water providers changed for each region

cyclic N-compound

cyclic N-compound production |
cyclic N-compound | APOS, U -
RER

electricity, ammonia, sulfur, and decarbonised water providers changed for each
region

Metrafenone, benzoic-compound production electricity, ammonia, sulfur, and decarbonised water providers changed for each

dicamba, | benzoic-compound | APOS, U | region

Propoxycarbazone, | - RER

fludioxonil

Flumioxazin phthalimide-compound electricity, ammonia, urea and decarbonised water providers changed for each
production | phthalimide- region
compound | APOS, U - RER

Thiram dithiocarbamate-compound ammonia and electricity providers changed for each region

production | dithiocarbamate-
compound | APOS, U - RER
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Benzimidazole
compound

benzimidazole-compound
production | benzimidazole-
compound | APOS, U - RER

ammonia, electricity, and sulfur providers changed for each region

All other active

pesticide production,

electricity providers changed for each region

ingredients unspecified | pesticide, US national electricity grids were used for US, CA and SK since the majority of
unspecified | APOS, U - RER pesticides used in Canada are sourced from the US (Bamber et al., 2022a)
ammonia, urea, sulfur and decarbonised water providers changed for each region
Inoculant
Peat moss peat moss production, ammonium nitrate and electricity providers changed for each region
horticultural use | peat moss
APOS, U - CA-QC
Energy providers
Diesel diesel, burned in agricultural infrastructure and machinery flows removed
machinery | diesel, burned in
agricultural machinery | APQOS,
U-GLO
Electricity market for electricity, low processes for each region used without modifications
voltage | electricity, low voltage
| APOS, U (for each region)
Light fuel oil heat production, light fuel oil, at | electricity providers changed for each region

boiler 10kW condensing, non-
modulating | heat, central or
small-scale, other than natural
gas | APOS, U — Europe without
Switzerland

Natural gas (heat)

heat production, natural gas, at
boiler condensing modulating
>100kW | heat, district or
industrial, natural gas | APOS, U
— CA-QC or Europe without
Switzerland

electricity and natural gas providers changed for each region

Process steam
from natural gas
(electricity)

electricity production, natural
gas, combined cycle power

processes for each region used without modifications
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plant | electricity, high voltage |
APQS, U — for each country

Transportation

Truck
transportation

market for transport, freight,
lorry 7.5-16 metric ton, EURO4
| transport, freight, lorry 7.5-16
metric ton, EURO4 | APOS, U -
RER

N credit

Ammonia (used as
a negative input to
credit the
decreased use of N
fertilizer for next
crop in rotation
due to N fixation by
peas)

ammonia production, steam regional modifications as described above
reforming, liquid | ammonia,
anhydrous, liquid | APOS, U

Table 30. Processes used for modification of background processes

Modifications | Processes used for modifications

Electricity

market for electricity, low voltage | electricity, low voltage | APOS, U — Saskatchewan,
market group for electricity, low voltage | electricity, low voltage | APOS, U — Canada,
market for electricity, low voltage | electricity, low voltage | APOS, U — France

market for electricity, low voltage | electricity, low voltage | APOS, U — Germany

market group for electricity, low voltage | electricity, low voltage | APOS, U — United States

Pea seed

pea seed production, for sowing | pea seed, for sowing | APOS, U | - Saskatchewan
pea seed production, for sowing | pea seed, for sowing | APOS, U | - Canada

pea seed production, for sowing | pea seed, for sowing | APOS, U | - France

pea seed production, for sowing | pea seed, for sowing | APOS, U | - Germany

pea seed production, for sowing | pea seed, for sowing | APOS, U | - United States

Wheat seed

wheat seed production, for sowing | wheat seed, for sowing | APOS, U | - Australia
wheat seed production, for sowing | wheat seed, for sowing | APOS, U | - Canada
wheat seed production, for sowing | wheat seed, for sowing | APOS, U | - Saskatchewan
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wheat seed production, for sowing | wheat seed, for sowing | APOS, U | - Germany
wheat seed production, for sowing | wheat seed, for sowing | APOS, U | - France
wheat seed production, for sowing | wheat seed, for sowing | APOS, U | - United States

Canola seed

rape seed production, for sowing | rape seed, for sowing | APOS, U | - Australia

rape seed production, for sowing | rape seed, for sowing | APOS, U | - Canada

rape seed production, for sowing | rape seed, for sowing | APOS, U | - Saskatchewan
rape seed production, for sowing | rape seed, for sowing | APOS, U | - France

rape seed production, for sowing | rape seed, for sowing | APQOS, U | - Germany

Natural gas

market group for natural gas, high pressure | natural gas, high pressure | APOS, U — Canada
market for natural gas, high pressure | natural gas, high pressure | APOS, U — United States
market for natural gas, high pressure | natural gas, high pressure | APOS, U — Germany
market for natural gas, high pressure | natural gas, high pressure | APOS, U — Australia
market for natural gas, high pressure | natural gas, high pressure | APOS, U — Alberta

Phosphate
rock

market for phosphate rock, beneficiated | phosphate rock, beneficiated | APOS, U — Europe
market for phosphate rock, beneficiated | phosphate rock, beneficiated | APOS, U — United States
phosphate rock beneficiation | phosphate rock, beneficiated | APOS, U | - Australia

phosphate rock beneficiation | phosphate rock, beneficiated | APOS, U | - France

Phosphoric
acid

phosphoric acid production, dihydrate process | phosphoric acid, fertiliser grade, without water, in 70% solution
state | APOS, U — United States

phosphoric acid production, dihydrate process | phosphoric acid, fertiliser grade, without water, in 70% solution
state | APOS, U — Rest of World

phosphoric acid production, dihydrate process | phosphoric acid, fertiliser grade, without water, in 70% solution
state | APOS, U - Europe

Potassium
chloride

potassium mining and benefication | potassium chloride | APOS, U | - Australia
potassium mining and benefication | potassium chloride | APOS, U — Saskatchewan
potassium chloride production | potassium chloride | APOS, U | - Germany
potassium chloride production | potassium chloride | APOS, U | - France

potassium mining and benefication | potassium chloride | APOS, U | - United states

Urea

Urea production | urea | APOS, U | - Canada

Ammonia

- Australia

- United States
- Germany

- France

ammonia production, steam reforming, liquid | ammonia, anhydrous, liquid | APOS, U
ammonia production, steam reforming, liquid | ammonia, anhydrous, liquid | APOS, U
ammonia production, steam reforming, liquid | ammonia, anhydrous, liquid | APOS, U
ammonia production, steam reforming, liquid | ammonia, anhydrous, liquid | APOS, U

65



Decarbonised
water

market for water, decarbonised | water, decarbonised | APOS, U — Rest of World
market for water, decarbonised | water, decarbonised | APOS, U — United States
market for water, decarbonised | water, decarbonised | APOS, U — Germany
market for water, decarbonised | water, decarbonised | APOS, U - France

Sulfur market for sulfur dioxide, liquid | sulfur dioxide, liquid | APOS, U - Europe
natural gas production | sulfur | APOS, U — United States
natural gas production | sulfur | APOS, U | - Germany
natural gas production | sulfur | APOS, U | - France
Ammonium ammonium nitrate production | ammonium nitrate | APOS, U | - Saskatchewan
nitrate ammonium nitrate production | ammonium nitrate | APOS, U | - Canada

ammonium nitrate production | ammonium nitrate | APOS, U | - France

|

I
ammonium nitrate production | ammonium nitrate | APOS, U | - Germany

I
ammonium nitrate production | ammonium nitrate | APOS, U | - United States
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2.5.8 Emissions modelling

2.5.8.1 Soil carbon change

The estimates of soil carbon change from each country’s NIR were used. These values were
calculated by dividing the total soil carbon change for each country’s cropland by the total area of
cropland in each country. These area-based estimates were then scaled by the yield of each crop in each
country to give carbon sequestration or emission estimates per functional unit of 1 kg of crop. Apart
from the differences in yield, these values are not crop specific, since the NIR reports these values for all
crops. These values were used to ensure methodological consistency between countries, since detailed
data were not available for all countries to perform process-based modelling at a crop-specific level. For
estimates of carbon sequestration, these were calculated as inputs of CO; to the soil from the
atmosphere, and carbon losses were modelled as emissions of CO; to the atmosphere from the soil.

2.5.8.2 N,0 emissions

In order to ensure methodological consistency for all crop-country combinations, the modelling
practices employed in each country’s NIR were used, with all deviations documented. Direct N,O
emissions were calculated in accordance with the IPCC (2019) equation 11.2 such that

N2Ogirece =N = Z_(FSN + Fon)i X EFy; + (Feg + Fsom) X EFy + N0 — Nog + NoO — Npgp
l

where

N3 04irect — N represents the annual direct N2O—N emissions produced from managed soils in kg N,O-N
year?

Fsnrepresents the amount of synthetic fertilizer N applied to soils in kg N year

Fon represents the annual amount of animal manure, compost, sewage sludge, and other organic N
additions applied to soils in kg N year™

EF1i represents emissions factors developed for N,O emissions from synthetic fertilizers, organic N
application, N inputs from crop residues, and mineralization of N due to losses of soil organic matter in
kg N2O-N (kg N input)™

Fcr represents the annual amount of N in above and belowground crop residues, including N-fixing
crops, and from forage/pasture renewal, returned to soils in kg N year

Fsom represents the annual amount of N in mineral soils that is mineralised, in association with loss of
soil C from soil organic matter as a result of changes to land use or management, in kg N year™

For Canada and Saskatchewan, the N,O emissions estimated in the CRSC carbon footprint
methodology report were used ((S&T)2 Consultants Inc., 2021a), since they are based on the Canadian
NIR, calculated at a sub-regional level, then aggregated to the provincial and national scale. This includes
the contribution to N,O emissions from decomposition of crop residues left on the field which were
scaled down in accordance with the percentage of crop residues assumed to be removed in wheat
production systems from those values presented which assumed no removal of crop residues from
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wheat production systems. The Canadian and Saskatchewan emission factors presented in Table 31 are
production weighted averages of the Reconciliation Unit (RU) factors presented in the CRSC reports.
Since the production volumes in each RU differ by crop, the emission factors also differ due to the
differences in production weighted averages. They used the same emission factors for all types of N
fertilizer applied. The values for the direct N,O emission factors for Australia, France and Germany were
taken from each country’s NIR (Cetipa, 2022; Commonwealth of Australia, 2022; Federal Environment
Agency, 2022). The French NIR uses the IPCC Tier 1 value, whereas the Australian and German NIRs
present country-specific Tier 2 values. For the United States, the NIR uses a combination of Tier 1 and
Tier 3 values, with the Tier 3 values calculated using the process-based model DAYCENT(Del Grosso et
al., 2001). However, they do not present crop-specific Tier 3 results for N,O emissions, and the data are
not available to use process-based models to calculate these emissions for the U.S., or other countries.
Therefore, the Tier 2 EF was taken from Dusenbury et al., (2008), which was used in the LCA of US peas
in rotation with wheat (Bandekar et al., 2022). This EF is representative of the Northern Great Plains
region of US cropland.

Indirect N,O emissions come from both volatilization (or gasification) of applied N as NH; and NOj,
and leaching as NOs, followed by subsequent emissions of N,O from each of these N compounds.
Indirect N,O emissions from volatilization or gasification were calculated according to equation 11.11
from IPCC (2019), such that

N;Oarpy —N = {Z(FSNL- X FraCGASFi) + [(Fon + Fprp) X Fracgasm] X EFy
7

Where

N,O(amp) — N represents the annual amount of N;O — N produced from atmospheric deposition of N
volatilised from managed soils in kg N,O-N yearr*

Fsn represents the annual amount of synthetic fertilizer N applied to soils in kg N year™

Fracease represents the fraction of synthetic fertilizer N that volatilises as NH3 and NOy in kg N volatilised
(kg of N applied)™

Fon represents the annual amount of managed animal manure, compost, sewage sludge and other
organic N additions applied to soils in kg N year?

Fraceasm represents the fraction of applied organic N fertilizer materials (Fon) that volatilises as NH; and
NO,, in kg N volatilised (kg of N applied or deposited)?! with values taken from table 11.3 in IPCC (2019)

EF, represents emission factor for N,O emissions from atmospheric deposition of N on soils and water
surfaces, in [kg N-N,O (kg NHs—N + NO,—N volatilised)?] with values taken from table 11.3 in IPCC (2019)

Indirect emissions of N,O from N leaching and runoff were calculated according to equation
11.10 from IPCC (2019) for regions where leaching/runoff occurs such that

N0y — N = (Fsy + Fon + Fprp + Fcr + Fsom) X Fracieacn—my X EFs

where
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N.O(—N represents the annual amount of N,O-N produced from leaching and runoff of N additions to
managed soils in regions where leaching/runoff occurs, in kg N,O-N year?

Fsn represents the annual amount of synthetic fertilizer N applied to soils in regions where
leaching/runoff occurs, in kg N year?

Fon represents the annual amount of managed animal manure, compost, sewage sludge and other
organic N additions applied to soils in regions where leaching/runoff occurs, in kg N year™

Fcr represents the amount of N in crop residues (above- and below-ground), including N-fixing crops,
and from forage/pasture renewal, returned to soils annually in regions where leaching/runoff occurs, in
kg N year?

Fsom represents the annual amount of N mineralised in mineral soils associated with loss of soil C from
soil organic matter as a result of changes to land use or management in regions where leaching/runoff
occurs, in kg N year™ calculated according to equation 11.8 in IPCC (2019)

Fracieach represents the fraction of all N added to/mineralised in managed soils in regions where
leaching/runoff occurs that is lost through leaching and runoff, in kg N (kg of N additions)™® with values
taken from table 11.3 in IPCC (2019)

EFs represents the emission factor for N,O emissions from N leaching and runoff, in kg N,O-N (kg N
leached and runoff)? with values taken from table 11.3 in IPCC (2019)

For Canada, as per the CRSC methodology report ((S&T)2 Consultants Inc., 2021a), the IPCC Tier 1
methodology was followed for indirect N,O emissions from volatilization. Regionalized Tier 2 values for
Fracieach were taken from the CRSC methodology report ((S&T)2 Consultants Inc., 2021a), and
aggregated to Saskatchewan and national level averages based on the relative proportions of
production for each crop in each region. The Tier 1 value for EFs was used. For Australia, France,
Germany and the United States, the values for Fracgas, Fracieacn, EF2 and EFs were taken from each
country’s NIR (Cetipa, 2022; Commonwealth of Australia, 2022; Federal Environment Agency, 2022).
Due to the climate conditions in Australia, no volatilization was included, and leaching was only included
in regions where the climate conditions allowed it (100% of irrigated land and 20% on non-irrigated
land) (Commonwealth of Australia, 2022). For Germany, the Fracease values from the NIR are both
country-specific, and fertilizer type-specific. Therefore, the overall fractions for each crop were
calculated based on the proportions of each type of fertilizer applied. The German Fracgasm values from
the NIR were manure type and application method-specific. Crop-specific data were not available for the
methods of manure application, therefore the generic values were used.
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Table 31. Emission factors and fractions used in N,O emissions modelling for all crops and regions.

Region EFIFSN EF1|:5N EF1|:0N EF1|:0N EFIFCR EF].FSOM FracGASF FracGAsp FracGAsp FracGAsp FracGAsp FracGAsp FracGASM EFa FrachACH EF5
Irrigated Non- Dairy, pigs CAN ammonium | urea® ammonium NK and straight
cropland? | irrigated | feedlot, solutions® phosphates® | NPK fertilizers/
cropland® | poultry fertilizers® | single
nutrient
fertilizers®
Canada (peas) | 0.0074 0.0074 0.0074 | 0.0074 | 0.0074 | 0.0074 | 0.10 0.10 0.10 0.10 0.10 0.10 0.20 0.01 | 0.1597 0.011
Canada
(wheat) 0.0085 0.0085 0.0085 0.0085 | 0.0085 | 0.0085 | 0.10 0.10 0.10 0.10 0.10 0.10 0.20 0.01 | 0.1748 0.011
Canada
(canola) 0.0077 0.0077 0.0077 0.0077 | 0.0077 | 0.0077 | 0.10 0.10 0.10 0.10 0.10 0.10 0.20 0.01 | 0.1649 0.011
Saskatchewan
(peas) 0.0072 0.0072 0.0072 0.0072 | 0.0072 | 0.0072 | 0.10 0.10 0.10 0.10 0.10 0.10 0.20 0.01 | 0.1603 0.011
Saskatchewan
(wheat) 0.0074 0.0074 0.0074 | 0.0074 | 0.0074 | 0.0074 | 0.10 0.10 0.10 0.10 0.10 0.10 0.20 0.01 | 0.1632 0.011
Saskatchewan
(canola) 0.0074 0.0074 0.0074 | 0.0074 | 0.0074 | 0.0074 | 0.10 0.10 0.10 0.10 0.10 0.10 0.20 0.01 | 0.1636 0.011
Australia 0.0085 0.002 0.01 0.0039 | 0.001 0.002 - - - - - - - - 0.24 0.011
France 0.01 0.01 0.01 0.01 0.01 0.01 0.06 0.06 0.06 0.06 0.06 0.06 0.147 0.01 | 0.25 0.0075
Germany 0.0062 0.0062 0.0062 0.0062 | 0.0062 | 0.01 0.0066 | 0.081 0.038 0.041 0.041 0.008 0.21 0.01 | 0.3 0.0075
United States | 0.0021 0.0021 0.0021 0.0021 | 0.0021 | 0.0021 | 0.11 0.11 0.11 0.11 0.11 0.11 0.21 0.01 | 0.24 0.011

2The distinction between irrigated and non-irrigated cropland is only made for Australia
®The distinction between fertilizer types is only made for Germany
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The input values for synthetic fertilizer and manure came from the inventory values, as described in
section 2.5.6. The Fsom values were calculated using the estimates of soil carbon change, as described in
section 2.5.8.1. For any countries that had net carbon losses from the soil (rather than sequestration),
these carbon losses were used to calculate the losses of N based on the N:C ratio of 0.1 (Cetipa, 2022;
Commonwealth of Australia, 2022; Environment and Climate Change Canada, 2022; Federal
Environment Agency, 2022). Inputs of N from crop residue were calculated for each crop-country
combination, as described below in section 2.5.8.3.

2.5.8.3 Ninputs from crop residues

Retention of crop residues on agricultural fields after crop harvesting may impart a large number of
benefits to agricultural soils. Potential benefits include limiting soil water evaporation, reducing risks soil
erosion by wind and water, and increases in soil carbon stocks and sequestration (Ranaivoson et al.,
2017). These benefits may be offset, however, by increased emissions of N,O resulting from microbial N
mineralization and nitrification of residues, the rate of which is dependent on the N content of crop
residues (Abalos et al., 2022; Chen et al., 2013). Accurate modeling of N,O emissions therefore requires
information related to crop residue yields and associated management practices, such as their removal
from fields, as well as the N content of these residues. Specific assumptions made about crop residue-
related management practices, yields, and N contents for each crop-country combination are detailed
below.

2.5.8.3.1. Canola

Retention of canola crop residues on fields has been demonstrated to have suppressive effects on
weeds (Haramoto and Gallandt, 2004; Radicetti et al., 2013), and positive impacts on nutrient uptake in
proceeding crops (Arcand et al., 2014; Hirzel et al., 2022) without negatively impacting establishment,
growth, or yields (Robertson et al., 2009). Canola residues were assumed to be left on the field for all
countries in this analysis. Leaving residues on the field was previously identified as a best practice for
canola in western Canada (MacWilliam et al., 2014), and is in line with work performed for the CRSC
((S&T)2 Consultants Inc, 2021a). In Australia, retention of canola residues on fields is in line with the
most common practice for broad-acre crops (Umbers and Watson, 2021), and previous carbon footprint
assessments of Australian canola (Eady, 2017). In France, it has been argued that canola crop residues
are not being utilized to their maximum potential in the energy sector due to the lack of a mature
market for these residues throughout the European Union (Igbal et al., 2016; Karan and Hamelin, 2021).
Finally, in Germany it is common practice to leave canola residues on the fields (Rothardt et al., 2021;
Vinzent et al., 2017; Wang et al., 2020).

Following harvesting, total crop residues include both an above and belowground component, each
occurring in different proportions and each with potentially different contributions to crop residue N,O
emissions due to differences in decomposition and N mineralization (Arcand et al., 2014). For the
Saskatchewan and Canadian canola production models, above and belowground residue yields and N
contents are taken from Thiagarajan et al. (2018), the current best available estimates of these data. Use
of these values is in line with work done for the CRSC ((S&T)2 Consultants Inc, 2021a), and the Canadian
National Inventory Report (Environment and Climate Change Canada, 2022).

For Australian canola production, yields, dry matter contents, and N contents are taken from the
Australian NIR for oilseeds (Government of Australia, 2022), in line with previous work done by Eady
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(2017). For French canola production, amounts of above and belowground residues were calculated
based on values reported in the French NIR (Cetipa, 2022) assuming a dry matter content of 91%, in line
with Terres Inovia (2020). N content of aboveground French canola residues was subsequently taken
from Arvalis (2020a), while N content of belowground residues was taken from the French NIR (Cetipa,
2022). Yields and N contents of above and belowground residues in German canola production systems

were calculated based on Vos et al. (2022), in line with the German NIR (Federal Environment Agency,
2022). A complete breakdown of assumed above and belowground crop residue yields and N contents
for canola is presented in table 32.

Table 322. Assumed values for canola crop residue yields and N contents used in calculation of N,O
emissions from crop residues

Aboveground Belowground crop | Aboveground Belowground
crop residues (kg | residues (kg dry residues N residues N
dry matter/kg matter/kg yield) content (kg/kg content (kg/kg
yield) residue) residue)
Saskatchewan 2.65! 1.35% 0.0132 0.0092
Canada 2.65! 1.35% 0.0132 0.0092
Australia 2.00° 0.643 0.0093 0.0103
France 2.46% 0.74* 0.007° 0.009°
Germany 1.517 0.467 0.008’ 0.010’

! Values taken from (Thiagarajan et al. (2018)

2 Thiagarajan et al. (2018)

3 Australian NIR (Government of Australia, 2022), table 5.1.1

* Calculated based on French NIR (Cetipa, 2022), assuming a dry matter content of 91% in line with
Terres Inovia (2020)

> Arvalis (2020a)

®French NIR (Cetipa, 2022), table 274

7 Calculated based on Vos et al. (2022)

2.5.8.3.2. Wheat

Retention of wheat residues on field and subsequent incorporation into agricultural soils may have
beneficial effects on yields (Esther et al., 2014; Sui et al., 2015), soil nutrient dynamics and nutrient use
efficiencies (Coelho et al., 2016; Hoang and Marschner, 2019; Sui et al., 2015), and soil microbiota (Chen
et al.,, 2021; Esther et al., 2014). Incorporation of straw may also provide protective effects from wind-
and water-induced soil erosion (Nelson, 2002; Yang et al., 2020), while providing farmers with an
alternative management practice to burning of residues (Liu et al., 2021). Harvesting of straw residues,
however, may be economically beneficial for farmers given the myriad potential uses of wheat straw,
such as a feedstock for production of second generation biofuels (Hasanly et al., 2018; Suardi et al.,
2020), bedding in livestock systems (Smerchek and Smith, 2020; Yesufu et al., 2020), and others (Saad
Azzem and Bellel, 2022; Xie et al., 2012).

Accurate emissions modeling for wheat production systems therefore requires estimation of above
and belowground residues after harvesting, the proportion of above ground residues removed from the
field in the form of wheat straw, and the N contents of belowground residues, and those aboveground
residues that are not removed and are rather retained on the field. Specific proportions of wheat straw
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removed from fields for each region have been previously described in section 2.5.5.2. For the
Saskatchewan and Canadian wheat production models above and belowground residue yields and N
contents are taken from Thiagarajan et al. (2018), the current best available estimates of these data. Use
of these values is in line with work done for the CRSC ((S&T)2 Consultants Inc., 2021b), and the Canadian
National Inventory Report (Environment and Climate Change Canada, 2022).

Residue yields and N contents for the Australian production model were calculated based on values
presented in the Australian NIR (Government of Australia, 2022). French residue yields and N content of
below ground residues were calculated based on values presented in the French NIR (Cetipa, 2022)
assuming a dry matter content of 87.2%, in line with Arvalis (2020b). N content of aboveground residues
in the French production system was taken from values presented by Arvalis (2020a). Residue yields and
N contents for the German production system were calculated based on Vos et al. (Vos et al., 2022), in
line with methods used in the German NIR (Federal Environment Agency, 2022). Estimation of residue
yields and N contents for the American production system was more difficult as the U.S. NIR calculates
these values using the process-based DAYCENT model (Del Grosso et al., 2001), application of which is
infeasible for the current study. Further, only a single U.S.-specific literature source could be identified
from which these values may be derived (Kemanian et al., 2007) . However, this source only presents
ranges for N contents of grain and above ground biomass without presenting data related to
belowground biomass or harvest indices which would be required to calculate the required data
(Kemanian et al., 2007). In the absence of U.S.-specific data, Canadian data from Thiagarajan et al.
(2018) have been used in proxy (table 33).

Table 333. Assumed values for wheat crop residue yields and N contents of above and belowground
residues

Aboveground Belowground crop | Aboveground Belowground
crop residues (kg | residues (kg dry residues N residues N
dry matter/kg matter/kg yield) content (kg/kg content (kg/kg
yield) residue) residue)
Saskatchewan 1.491 0.58! 0.007* 0.015*
Canada 1.491 0.58! 0.007* 0.015!
Australia 1.322 0.382 0.0062 0.01?
France 0.973 0.46° 0.0066* 0.0113
Germany 0.69° 0.31° 0.006° 0.009°
United States 1.491 0.58! 0.007* 0.015!

! Thiagarajan et al. (2018), assuming a dry matter content of 89.3% in line with CRSC report ((S&T)2
Consultants Inc., 2021b)

2 Calculated based on Australian NIR table 5.1.1 (Government of Australia, 2022)

3 Calculated from French NIR (Cetipa, 2022) using an assumed dry matter content of 87.2% in line with
Arvalis (2020b)

* Arvalis (2020a) pg 495

>Vos et al. (2022) — pg 388
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2.5.8.3.3. Field peas

Pulse crops, such as field peas, are often included in crop rotations due to their ability to fix N,
thereby reducing requirements for synthetic fertilizers in subsequent crops (MacWilliam et al., 2014;
Xing et al., 2017). Key to farmers recognising these benefits is the retention of crop residues on fields, as
large amounts of N may be released during decomposition (Bahl and Pasricha, 2000; Walley et al.,
2007). Retention of residues on fields may also improve the biological properties of soils (Marschner et
al., 2004), and soil carbon dynamics (Wang and Sainju, 2014). Given the important role that pea crop
residues play in providing benefits to subsequent crops in rotation it is assumed here that all residues
are retained for the purposes of calculating N inputs from crop residues.

Yields of above and belowground residues, as well as N contents for the Saskatchewan and
Canadian systems have been taken from Thiagarajan et al. (2018), the current best available estimates
of these data. Use of these values is in line with work done for the CRSC ((S&T)2 Consultants Inc, 2021b),
and the Canadian National Inventory Report (Environment and Climate Change Canada, 2022). These
numbers assume field peas have a dry matter content of 89.3%, in line with the CRSC report ((S&T)2
Consultants Inc, 2021b). French residue yields and N content of below ground residues were calculated
based on values presented in the French NIR (Cetipa, 2022) assuming a dry matter content of 87.2%, in
line with Arvalis (2020b). N content of aboveground residues in the French production system was taken
from values presented by Arvalis (2020a). Residue yields and N contents for the German production
system were calculated based on Vos et al. (2022), in line with methods used in the German NIR (Federal
Environment Agency, 2022). As with estimates of yields and N contents of wheat residues, Canadian
proxy data has been used for the U.S. production system in the absence of U.S.-specific data (table 34).

Table 344. Assumed values for dry field pea crop residue yields and N contents of above and
belowground residues

Aboveground Belowground crop | Aboveground Belowground
crop residues (kg | residues (kg dry residues N residues N
dry matter/kg matter/kg yield) content (kg/kg content (kg/kg
yield) residue) residue)
Saskatchewan 2.28! 0.491 0.0211 0.022!
Canada 2.28! 0.49? 0.021! 0.022!
France 0.69? 0.29? 0.01353 0.0082
Germany 0.69* 0.31* 0.006* 0.009*
United States 2.28! 0.49? 0.021! 0.022!

! Thiagarajan et al. (2018), assuming a dry matter content of 89.3% in line with CRSC report ((S&T)2
Consultants Inc, 2021b)

2 Calculated from French NIR (Cetipa, 2022)

3 Arvalis (2020a) pg 495

4Vos et al. (2022) — pg 388

2.5.9 Impact assessment methods

The carbon footprint of each crop-country model was calculated using the IPCC 2021 AR6
methodology. (Cilleruelo, 2022). This method is based on the most recent Assessment Report (AR6)




released by the IPCC (IPCC, 2022), which reports all characterization factor values used in calculation of
global warming impacts.

2.5.10 Calculation of production weighted average global carbon footprints

As a point of comparison, global, production weighted average carbon footprints were calculated for
each crop to compare with the carbon footprint results from Saskatchewan cropping systems. Global
production weighted averages were calculated by determining the proportion of total production
represented by each country included in the analysis, as reported in table 2. These proportions were
then multiplied by the calculated impact assessment results (both with and without soil carbon change),
and the products summed. Importantly, calculation of these production weighted average carbon
footprints did not include the impacts attributable to Saskatchewan cropping systems. They did,
however, include the impacts attributable to Canadian production systems. These production weighted
average values were generated for all three crops included in this analysis.

2.5.11 Data quality and uncertainty assessment

Data quality indicators were computed for each LClI data point based on the pedigree matrix scores
assigned during the data quality assessment stage (reported in tables 13-28). These pedigree matrix
scores were entered into openLCA for each flow. The openLCA software was used to calculate the total
uncertainty (geometric standard deviation) associated with the data quality indicators, as described in
section 2.4. In addition to data quality uncertainty, the other source of uncertainty that was accounted
for was the parameter uncertainty, known as the base uncertainty in openLCA. This represents the
stochastic uncertainty associated with the variability in the value for each data point, rather than the
quality of the data (Bamber et al., 2019). These uncertainty values were sourced from Frischknecht et
al., (2005), which provides generic base uncertainty factors specific to sector or type flow (Table 35).
These generic factors were used since data were collected from various sources and it was not possible
to consistently calculate the variability of the data values. The uncertainty of the impact assessment
results was calculated using Monte Carlo simulation, which propagates the uncertainty in the inventory
data to the results to determine the overall uncertainty of the model. The Monte Carlo simulation was
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performed with a total of 1000 runs, which is the most common method of uncertainty propagation for
agricultural LCAs (Bamber et al., 2019).

input / output group c p a input / output group c P a
demand of: pollutants emitted to air:

wrking ol waste vosmentsarcsn | 75| 5| 15| co, 105 105
transport services (tkm) 2.00( 2.00| 2.00] S0, 1.05
Infrastructure 3.00( 3.00| 3.00| NMVOC total 1.50

resources: NOx, N20 1.50 1.40
primary energy carriers, metals, salts 1.05]| 1.05| 1.05] CHg4, NHa 1.50 1.20
land use, occupation 1.50| 1.50| 1.10( individual hydrocarbons 1.50( 2.00

land use, transformation 2.00| 2.00| 1.20 PM=10 1.50| 1.50
pollutants emitted to water: PM10 2.00( 2.00
individual hydrocarbons, PAH 3.00 polycyclic aromatic hydrocarbons (PAH) | 3.00

heavy metals 5.00| 1.80| CO, heavy metals 5.00

pesticides 1.50| inorganic emissions, others 1.50

NO3, POy 1.50| radionuclides (e.g., Radon-222) 3.00
pollutants emitted to soil:

oil, hydrocarbon total 1.50

heavy metals 1.50| 1.50

pesticides 1.20

Table 355. Basic uncertainty factors for the inherent stochasticity in combustion (c), process (p) and
agricultural (a) processes, based on the sector of the activity. Source: Frischknecht et al. (2005).

2.5.12 Sensitivity analysis

Sensitivity analyses were performed to determine the sensitivity of the final results to any
methodological choices that were based on assumptions, and that made significant contributions to the
overall carbon footprint results. These included the choice of data sources for LCI data when the data
quality was similar between multiple sources, the choice of cut-off criteria and exclusions, allocation
methods for manure and wheat straw, N,O emissions modelling, and impact assessment methods. Since
sensitivity analyses are used to determine the impacts of methodological choices on results, amounts of
uncertainty associated with sensitivity analysis results were not calculated.

2.5.12.1 Cut-off criteria and exclusions

Manure inputs were excluded from the canola and pea models for Saskatchewan and Canada, and
the canola model for Australia, since the CRSC reports ((S&T)2 Consultants Inc, 2021b), Eady (2017), and
Alcock et al. (2022) reported no manure inputs for these crop-region combinations. However, van
Paassen et al. 2019 reported manure inputs for these regions. As a sensitivity analysis, the manure
inputs reported in van Paassen et al. 2019 were used in the canola and pea models for Saskatchewan,
Canada, and the canola model for Australia. Similarly, for Canadian and Saskatchewan canola, wheat,
and peas, lime inputs were excluded since the CRSC reports ((S&T)2 Consultants Inc., 2021b,c,d) and
Bamber et al. (2020a) excludes them. However, van Paassen et al. 2019 include lime inputs for Canada,
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therefore these were included in the model as a sensitivity analysis. Irrigation was also not included for
German peas since van Paassen et al. 2019 did not include any inputs of energy use for irrigation,
although Nemecek (2007) did indicate an input of irrigation, therefore this value was used as a
sensitivity analysis.

2.5.11.3 Manure nutrient contents

To replace manure inputs in terms of upstream inputs of synthetic fertilizers as described in
section 2.5.5.1, it was necessary to determine manure nutrient contents. Nutrient contents of manure
are largely dependent on specific feed formulations and the amounts of nutrients consumed by the
animal which may vary significantly across different regions. The assumed manure nutrient contents
used here reflect this (table 9). To better understand the potential impacts of regional differences in
estimates of manure nutrient contents on the final results, a sensitivity analysis was performed in which
manure nutrient contents were assumed to be the same across all regions included in this analysis.
Specifically, average values were calculated based on the assumed manure nutrient contents, and these
values were applied to all systems that included manure inputs. The assumed manure nutrient contents
used in this sensitivity analysis are presented in table 37

Table 36. Assumed percent nutrient compositions applied to all manure inputs in all cropping systems
for sensitivity analysis

Pig Poultry
N 0.96 3.47
P 0.97 1.69
K 0.36 1.63

2.5.11.4 Allocation methods

Manure inputs were modelled as the original inputs of synthetic fertilizer (i.e. those that that
provided the nutrients that were subsequently passed through the crops that were fed to the animals
and eventually excreted in the manure used). This avoided the need for allocation between manure and
other co-products of the animal production systems. However, the nutrients in the manure are recycled
products since they were first used to produce the crops consumed by the livestock. Therefore, a 50:50
allocation ratio was used to model the recycling of these products, as suggested by AFNOR (2011). For
the sensitivity analysis, the 0:100 and 100:0 allocation ratios also suggested by AFNOR (2011) were used,
meaning that either none or all of the impacts of the fertilizer production were allocated to the manure.

Given the highly variable estimates of wheat straw removal rates observed in the literature, a
sensitivity analysis was performed around the amount of straw assumed to be removed. First, a
sensitivity analysis was designed in which it was assumed that 0% of straw was removed (i.e., all impacts
allocation to wheat grain production), in line with assumption by ((S&T)2 Consultants Inc., 2021b).
Second, analyses were performed taking into account the region-specific straw removal rates found in
the literature. It was assumed that the identified rates applied to total crop residues throughout each
specific region. These assumed straw removal rates were: 55% for Canada (Li et al., 2012b); 54% for
Australia (Broster and Walsh, 2022); 50% for France (Lokesh et al., 2019) and the U.S. (Juneja et al.,
2013); and 67.5% for Germany, representing an average value from Weiser et al., (2014) and Brosowski
et al., (2020). Finally, a sensitivity analysis was also performed in which it was assumed that 85% of
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straw was removed in all regions, in line with the maximum possible removal rate suggested by any
single source (Li et al. 2012).

In addition, during consultation with stakeholders some concerns were raised regarding the
accuracy of the reported reference year for the area of land from which crop residues were baled as
reported by Statistics Canada (2021b). Specifically, it is reported that the information given is taken from
the Canadian Census of Agriculture performed in 2021. In the relevant question on the Census of
Agriculture (i.e., question 37), it is specified that information is being collected related to crop residue
baling practices in the year 2020 (Statistics Canada, 2021c). However, the published data tables list 2021
as the reference year for the information presented. Whether the published information reflects crop
residue baling practices in 2021 or 2020 slightly changes the constant assumed rate at which crop
residues are removed applied to all of the wheat models. For this reason, a sensitivity analysis was
performed in which it was assumed that the reported data is representative of crop residue baling
practices in 2020 instead of 2021. This number was then compared with the total area used for non-
durum wheat production in Saskatchewan in 2020 to estimate the percentage of non-durum wheat land
from which crop residues were baled (i.e., 21.1% rather than 24.1%). This number was then used in
combination with the 34.5% residue removal rate from Lafond et al. (2009) to calculate the total
residues removed, applied to all wheat production models.

2.5.11.5 N.O emissions modelling

For each emission factor or fraction used in the N,O emission calculations, a sensitivity analysis was
conducted to use instead the minimum and maximum values of the ranges given. These were obtained
from the NIRs or IPCC reports that reported the uncertainty associated with each factor. The Australian
NIR (Government of Australia, 2022) estimated an uncertainty range of +/-55.9% for the total estimate
of N,O emissions from agricultural soils. This was not broken down to uncertainty estimates around
each emission factor or fraction, therefore values of +55.9% and -55.9% of total N,O emissions were
used as a sensitivity analysis. The French NIR (Cetipa, 2022) used the generic uncertainty factors from
IPCC (2019), which are a range of 0.001-0.018 for EF; for direct N,O emissions from fertilizer and 0.000-
0.014 for manure, and for indirect emissions a range of 0.002-0.018 for EF, and 0.00 to 0.02 for EFs. For
Germany, they also used the default uncertainty ranges for EF1 and EF5, and EF4 ranged from 0.002 to
0.05 (Vos et al. 2022). The US NIR (United States Environmental Protection Agency, 2022) reported an
uncertainty range of -27% to +26% for the total estimate of N,O emissions from agricultural soils. The
Canadian NIR (Environment and Climate Change Canada, 2022) reported an uncertainty range of -36% to
+52% for their estimate of total N,O emissions from agricultural soils. In addition to this uncertainty,
there was a recent publication by Liang et al., (2020) that indicates that the region-specific N,O emission
factors should be scaled by a factor of 0.28 when applied to crop residue N inputs, and by 0.84 for
manure N inputs. This was not performed in the N,O estimates from the CRSC reports used for Canada
((S&T)2 Consultants Inc., 2021a), therefore, this change was also included as part of the sensitivity
analysis.

2.5.11.6 Crop residue yields and N contents

Large differences were observed in the above and below ground crop residue yields and N contents
across the regions included in this analysis. Given the potentially important role that N from crop
residues may play in determining field level nitrogenous emissions a sensitivity analysis was conducted
to explore how these regional differences may be impacting results. Specifically, average values for

78



above and below ground residue yields and N contents were calculated for each crop, and these values
were used in calculations of the N inputs from crop residues for each crop-region combination. Above
and below ground residue yields and N contents used in this sensitivity analysis are presented in table
37. Use of these alternative crop residues yields and N contents alters both the field level emissions due
to differences in the N contribution made by crop residues to each system, and alters the allocation
factors associated with removed crop residues in the wheat production systems. The wheat allocation

factors used in this sensitivity analysis were calculated following the procedure outlined in section
2.5.5.2, using an assumed constant straw removal rate, and proportion of land from which straw is

removed, representative of Saskatchewan.

Table 37. Crop residue yields and N contents used for sensitivity analysis.

Aboveground Belowground crop | Aboveground Belowground
crop residues (kg | residues (kg dry residues N residues N
dry matter/kg matter/kg yield) content (kg/kg content (kg/kg
yield) residue) residue)
Canola 2.25 0.91 0.01 0.009
Wheat 1.24 0.48 0.006 0.012
Field pea 1.64 0.41 0.017 0.017

2.5.11.7 Impact assessment methods

The impact assessment method chosen was the IPCC 2021 GWP 100, which estimates the infrared
radiative forcing on a 100-year timeframe. As a sensitivity analysis, we also used the IPCC 2021 GWP
500, which estimates the radiative forcing on a 500 year timeframe instead(IPCC, 2022).

3. Results and discussion

3.1 Life cycle inventory

3.1.1 Canola

Germany had the highest canola yields (3360 kg/ha), followed by France (3210 kg/ha), Canada
(2145.2 kg/ha), and Saskatchewan (2118.8 kg/ha). Australia had the lowest (1387.5 kg/ha) (Table 38).
Seed inputs were similar between regions, ranging from 0.001-0.003 kg/kg yield. Lime was only applied
in Australia and Germany, ranging from 0.1-0.19 kg/kg. France and Germany had the highest N fertilizer
application rates (0.145 and 0.14 kg/kg), and Saskatchewan and Australia had the lowest (0.057 and
0.056 kg/kg). P fertilizer application rates were fairly similar, ranging from 0.02 kg/kg in Germany to
0.031 kg/kg in Saskatchewan. K and S fertilizer rates were more variable, with K fertilizer application
rates ranging from 0.00g kg/kg in Canada and Australia to 0.039 kg/kg in France, and S fertilizers ranging
from 0.008 kg/kg in Australia to 0.042 kg/kg in Saskatchewan. France and Germany were the only
countries with manure application to canola production. French canola received 0.334 kg/kg of pig
manure and 0.101 kg/kg of poultry manure. German canola had a similar poultry manure application
rate to France (0.09 kg/kg) and around a 3 times higher pig manure application rate than France (1.05
kg/kg). Total pesticide active ingredient application rates were very similar, ranging from 0.001 kg/kg in
Saskatchewan to 0.002 kg/kg in all other regions.
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Irrigation energy was only used for Canadian, French and German canola production, ranging from
0.007 MJ/kg in France to 0.05 MJ/kg in Germany. Australia had the highest energy use for field activities
(1.791 MJ/kg), followed by Germany and France (1.21 MJ/kg), and Canada and Saskatchewan had the
lowest (0.472 MJ/kg and 0.458 MJ/kg). Saskatchewan had the lowest post-harvest energy use (0.003
MJ/kg), and Germany had the most (0.32 MJ/kg). All transportation distances were assumed to be the
same (30 km for manure and 50 km for all other inputs) due to lack of region-specific data.
Saskatchewan, Canada and Australia have much lower amounts of inputs transported to the lack of
manure application, compared to France and Germany.

Australia has the lowest N,O emissions (1.88x10™* kg/kg), due to their relatively dry climate and lack
of tillage for canola. France and Germany (0.002 kg/kg) have double the N,O emissions of Canada and
Saskatchewan (0.001 kg/kg), due to higher N inputs, more field activities, and differences in soil and
climate. Australia has the highest levels of field-level CO, emissions (0.118 kg/kg) since they have the
highest inputs of lime. Germany also has lime inputs and has the second highest field-level CO,
emissions (0.09 kg/kg). Saskatchewan, Canada and France do not have lime inputs and thus have lower
field-level CO; emissions (0.03-0.045 kg/kg). Canadian and Saskatchewan soils are sequestering carbon (-
0.225 and -0.161 kg CO,/kg), while all other countries have net carbon emissions from soils. France and
Germany have higher emissions (0.227 and 0.390 kg CO,/kg), and Australia has lower emissions (0.046
kg CO2/kg).

Table 38. Summary of life cycle inventory data for canola production

Saskatchewan Canada Australia France Germany
Yield (kg/ha) | 2118.8 2145.2 1387.5 3210 3360
Seed (kg/kg) 0.003 0.003 0.002 0.001 0.001
Lime (kg/kg) 0 0 0.190 0 0.10
N fertilizers | ) )c7 0.091 0.056 0.145 0.14
(kg/kg)
P fertilizers 0.031 0.030 0.029 0.027 0.02
(kg/kg)
Kfertilizers 0.009 0.006 0.006 0.039 0.06
(kg/kg)
S fertilizers 0.042 0.015 0.008 0.003 0.01
(kg/kg)
Pig manure

0 0 0 0.334 1.05
(kg/kg)
Poultry
manure 0 0 0 0.101 0.09
(kg/kg)
Total pesticide

0.001 0.002 0.002 0.002 0.002
Al (kg/kg)
Irrigation
energy 0 0.010 0 0.007 0.05
(MJ/kg)
Field activities
energy 0.458 0.472 1.791 1.209 1.21
(MJ/kg)
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Saskatchewan Canada Australia France Germany

Post-harvest
energy 0.003 0.186 0.050 0.152 0.32
(kwWh/kg)
Transportation
(kg*km/kg)
Field-level N;O
emissions 0.001 0.001 1.882E-4 0.002 0.002
(kg/kg)
Field-level CO,
emissions 0.030 0.045 0.118 0.030 0.09
(kg/kg)
Soil carbon
change (kg -0.225 -0.161 0.046 0.227 0.390
COz/kg)

7.081 7.204 14.483 24.506 51.58

3.1.2 Non-durum Wheat

Similar to canola, Germany had the highest wheat grain yields (7360 kg/ha), followed closely by
France (7090 kg/ha) (Table 39). Canada, the US and Saskatchewan had similar yields (3375, 3322, and
2986 kg/ha, respectively), and Australia had the lowest (2042 kg/ha). In addition to the grain yield,
wheat also has straw as a co-product, ranging from 0.057-0.123 kg/kg). There were no lime inputs to
Saskatchewan and Canadian wheat production systems. Seed inputs were fairly similar between
Saskatchewan, Canada, France and Germany, ranging from 0.021-0.033 kg/kg. The US had slightly higher
seed inputs (0.047 kg/kg), and Australia had the highest seed inputs (0.075 kg/kg). Australia and the US
had the highest lime application rates (0.196 kg/kg and 0.124 kg/kg) due to their relatively low yields.
France and Germany had 0.056 and 0.054 kg/kg lime application. N fertilizer application rates ranged
from 0.037 kg/kg in Australia to 0.065 kg/kg in France. France and Germany had relatively low P fertilizer
application rates (0.005-0.006 kg/kg) compared to all other regions (0.013-0.026 kg/kg). K and S fertilizer
application rates were somewhat similar between regions with K rates ranging from 0.003 kg/kg in
Australia to 0.006 kg/kg in Canada, France, and the US. S fertilizer application rates ranged from 0.001
kg/kg in France to 0.011 kg/kg in Saskatchewan. Saskatchewan wheat received no manure inputs. Pig
manure application rates were the lowest in Australia (0.049 kg/kg), fairly similar in Canada, France, and
the US (0.103-0.164 kg/kg), and highest in Germany (0.479 kg/kg). Poultry manure application rates
were lowest in Canada and Australia (0.024-0.025 kg/kg), followed by France and Germany (0.042-0.046
kg/kg), with the highest application rates in the US (0.115 kg/kg). Pesticide application rates were similar
between regions, ranging from 0.0002-0.001 kg/kg.

Irrigation was not performed in Saskatchewan. Where irrigation was performed, energy inputs were
the lowest in Germany and the US (1.25x10°-2.86x10° MJ/kg), followed by Canada and France (0.004
and 0.002 MJ/kg), and Australia had the highest (0.015 MJ/kg). Australia and the US had the highest
energy use for field activities (1.240 and 1.290 MJ/kg), followed by Canada (0.758 MJ/kg), France and
Germany (0.558 and 0.565 MJ/kg), and Saskatchewan had the lowest (0.330 MJ/kg). Australia, France,
Germany and the US all had the same post-harvest energy use (0.530 MJ/kg), as did Canada and
Saskatchewan (0.003 MJ/kg). Like canola, all transportation distances were assumed to be 30 km for
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manure and 50 km for all other inputs. Germany and the US had the most inputs transported to farm
(23.519 ad 20.899 kg*km/kg), followed by Australia and France (15.631 and 14.056 kg*km/kg), and
Canada and Saskatchewan (6.286 and 8.895 kg*km/kg).

Australia had the lowest N,O emissions, due to their soil, climate, and management conditions
(3.11x10™ kg/kg). This was followed by the US (4.87x10* kg/kg), then Saskatchewan and Canada
(6.07x10™ and 6.57x10* kg/kg), and France and Germany had the highest emissions (7.98x10* and
7.91x10* kg/kg). Saskatchewan, Canada, France and Germany had similar field-level CO, emissions
(0.020-0.038 kg/kg) and the US and Australia had higher emissions (0.072 and 0.109 kg/kg).
Saskatchewan and Canadian soils had net carbon sequestration (-0.078 to -0.153 kg CO,/kg). All other
soils had net CO, emissions, ranging from 0.031 kg/kg in Australia to 0.178 kg/kg in Germany.

Table 39. Summary of life cycle inventory data for wheat production

Saskatchewan | Canada Australia France Germany United
States
Yield (kg/ha) | 2986.2 3374.7 2042 7090 7360 32220
Straw
removed (kg | 0.123 0.123 0.110 0.081 0.057 0.123
DM/kg)
Seed (kg/kg) | 0.032 0.033 0.075 0.022 0.021 0.047
Lime (kg/kg) | O 0 0.196 0.056 0.054 0.124
N fertilizers 0.056 0.042 0.037 0.065 0.058 0.051
(kg/kg)
P fertilizers 0.022 0.013 0.026 0.006 0.005 0.017
(kg/kg)
Kfertilizers 0.005 0.006 0.003 0.006 0.005 0.006
(kg/kg)
S fertilizers 0.011 0.007 0.005 0.001 0.005 0.003
(kg/kg)
Pig manure |, 0.103 0.049 0.151 0.479 0.164
(kg/kg)
Poultry
manure 0 0.024 0.025 0.046 0.042 0.115
(kg/kg)
Total pesticide
0.001 0.001 0.001 2.13E-04 | 4.38E-04 2.60E-04
Al (kg/kg)
Irrigation
energy 0 0.004 0.015 0.002 1.25E-09 2.86E-09
(MJ/kg)
Field activities
energy 0.330 0.758 1.240 0.558 0.565 1.290
(MJ/kg)
Post-harvest
energy 0.003 0.003 0.530 0.530 0.530 0.530
(kWh/kg)
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Saskatchewan | Canada Australia France Germany United
States
Transportation | o g 8.895 15.631 14.056 23.519 20.899
(kg*km/kg)
Field-level N,O
emissions 6.07E-04 6.57E-04 3.11E-04 7.98E-04 7.91E-04 4 .87E-04
(kg/kg)
Field-level CO;
emissions 0.027 0.020 0.109 0.038 0.036 0.072
(kg/kg)
Soil carbon
change (kg -0.153 -0.078 0.031 0.103 0.178 0.060
CO,/kg)
3.1.3 Peas

France and Germany had the highest yields of peas (3346 and 3200 kg/ha), followed by
Saskatchewan and Canada (2235 and 2325 kg/ha), and the US had the lowest yield (1950 kg/ha) (Table
40). Saskatchewan and Canada had the lowest seed inputs (1.02x10* and 1.58x10* kg/kg), followed by
France and Germany (0.042 and 0.044 kg/kg), and the US had the highest (0.072 kg/kg). Due to a lack of
data availability, all inoculant inputs were assumed to be the same as the Canadian application rates on
a per hectare basis, therefore all variation was due to yield differences (0.001-0.002 kg/kg). There were
no lime inputs to Saskatchewan and Canadian peas. France and Germany had similar lime application
rates (0.12 and 0.125 kg/kg), and the US had a higher rate (0.205 kg/kg). French peas had no synthetic N
fertilizer application, and all other regions had low application rates, ranging from 2.59x10™ kg/kg in
Canada to 1.88x1072 kg/kg in Germany. All other synthetic fertilizer application rates were also fairly low.
P fertilizer application rates ranged from 1.89x10% kg/kg in Canada to 7.19x102 in the US. K application
rates ranged from 1.36x1073 kg/kg in Saskatchewan to 6.32x102 in the US, and S application rates ranged
from 0 kg/kg in France to 2.40x1073 kg/kg in Canada. Manure was not applied in Saskatchewan or
Canada. Pig manure application rates ranged from 0.272 kg/kg in the US to 1.101 kg/kg in Germany.
Poultry manure application rates ranged from 0.097 kg/kg in France and Germany to 0.191 kg/kg in the
US. Canada had the lowest application rate of total pesticide active ingredients (9.45x10* kg/kg),
followed by Saskatchewan, France and Germany (0.0012-0.0016 kg/kg), and the US had the highest
(0.002 kg/kg).

France and the US were the only countries that irrigated their peas, using 0.037 and 0.064 MJ/kg,
respectively. France, Germany, and the US had higher field activities fuel use (0.965-1.179 MJ/kg) than
Canada and Saskatchewan (0.503-0.564 MJ/kg). Based on average moisture contents at harvest, German
peas do not need to be dried. Canada had the lowest post-harvest drying energy use (8.10x10* MJ/kg),
followed by Saskatchewan and the US (0.001 MJ/kg), and France had the highest (0.041 MJ/kg). As with
canola and wheat, all transportation distances were assumed to be 30 km for manure inputs and 50 km
for all other inputs. Since there was no manure application on Saskatchewan and Canadian peas, they
had much lower transportation of inputs (1.26 and 1.30 kg*km/kg) compared to France (25.29
kg*km/kg), the US (35.83 kg*km/kg), and Germany (49.71 kg*km/kg).
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Saskatchewan peas had the lowest N,O emissions (6.80x10* kg/kg), due to their climate, soil and
management conditions. Canada and France had similar N,O emissions (7.38x10* and 7.39x10™* kg/kg),
followed by the US (9.19x10* kg/kg), and Germany had the highest emissions (1.30x10° kg/kg). Since
there was no lime applied to Saskatchewan or Canadian peas, their field-level CO; emissions were much
lower (2.47x10%-2.98x10* kg/kg), compared to France, Germany, and the US (5.25x1072-9.80x10°% kg/kg).
Canadian and Saskatchewan soils were the only regions that had net carbon sequestration (-0.162 to -
0.208 kg COy/kg). All other regions had net CO, emissions from soil carbon change, ranging from 0.099
kg/kg in the US to 0.410 kg/kg in Germany. The N credit from N fixation was fairly similar across all
regions (-0.004 to -0.006 kg ammonia/kg).

Table 40. Summary of life cycle inventory data for dry pea production

Saskatchewan Canada France Germany United States
Yield (kg/ha) | 2235.14 2324.59 3346 3200 1950.281
Seed (kg/kg) | 1.02E-04 1.58E-04 0.042 0.044 0.072
Inoculant 0.002 0.002 0.001 0.001 0.002
(kg/kg)
Lime (kg/kg) 0 0 0.120 0.125 0.205
Nfertilizers | 3 ggr 04 2.59E-04 0 1.88E-02 1.38E-02
(kg/kg)
P fertilizers 2.00E-02 1.89E-02 4.42E-02 3.52E-02 7.19E-02
(kg/kg)
Kfertilizers 1.36E-03 3.25E-03 4.81E-02 5.02E-02 6.32E-02
(kg/kg)
S fertilizers 2.08E-03 2.40E-03 0 1.56E-03 1.33E-03
(kg/kg)
Pig manure

0 0 0.320 1.101 0.272
(kg/kg)
Poultry
manure 0 0 0.097 0.097 0.191
(kg/kg)
Total pesticide | ) ¢ 3 9.45E-04 1.62E-03 1.43E-03 0.002
Al (kg/kg)
Irrigation
energy 0 0 0.037 0 0.064
(MJ/kg)
Field activities
energy 0.503 0.564 0.965 1.058 1.179
(MJ/kg)
Post-harvest
energy 1.30E-03 8.10E-04 0.041 0 0.001
(kWh/kg)
Transportation
(kg*km/ks) 1.26 1.30 25.29 49.71 35.83
Field-level N,O
emissions 6.80E-04 7.38E-04 7.39E-04 1.30E-03 9.19E-04
(kg/kg)
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Saskatchewan Canada France Germany United States
Field-level CO,
emissions 2.98E-04 2.47E-04 5.26E-02 5.89E-02 9.80E-02
(kg/kg)
Soil carbon
change (kg -0.208 -0.162 0.217 0.410 0.099
CO2/kg)
Neredit (ke | 5 00q 0.005 -0.006 -0.005 -0.006
ammonia/kg)

3.2 Life cycle impact assessment

Overall, Saskatchewan and Canadian canola, wheat, and peas, have relatively low impacts compared
to the same crops produced in other countries. Throughout all the results, including sensitivity analyses,
either Saskatchewan or Canadian average crops had the lowest carbon footprint except for Australian
canola, which had lower impacts of production due to lower field-level N,O emissions. However, when
using the low end of the possible N,O emission values in the sensitivity analysis, Saskatchewan canola
had lower impacts than Australian canola. Changing the impact assessment method from GWP 100 to
GWP 500 also changed the results so that Saskatchewan canola had lower impacts than Australia. This
was due to the reduction in the impact factor for N,O from the 100 to 500 year timeframe. Also, when
the impacts of soil carbon changes were included in the carbon footprint totals, Saskatchewan and
Canadian crops always had the lowest impacts since their soils have net carbon sequestration, and all
other countries have net carbon losses.

In general, field-level N,O emissions, fertilizer production, field activities, and soil carbon changes
were the largest contributors to the carbon footprints of crop production. The specific contributions for
each crop-region model are detailed below.

3.2.1 Canola

Best practice is to present the LCIA results and the soil carbon change impacts separately. Therefore,
Figure 1 shows the carbon footprint results, excluding soil carbon changes, for canola production in
Saskatchewan, Canada, Australia, France and Germany, broken down by the contribution of each major
LCI data category. For Canada and Saskatchewan, the main contributors to the carbon footprint of
canola production were fertilizer inputs (27%), and associated N,O emissions (57-59%). For
Saskatchewan, all N,O emissions came from a combination of N applied in synthetic fertilizer and from
crop residues, with ~55% from fertilizer and 45% from residues. There is no manure application for
Canadian canola, and there are no net soil carbon losses on Saskatchewan soils that could lead to N
losses. For the Canadian average, 0.01% of the N,O emissions came from mineralization N losses due to
soil carbon change. The impacts of upstream fertilizer production were predominantly due to CO;
emissions in the upstream production of ammonia to produce N fertilizers. CO, from the combustion of
diesel for field activities contributed 6% of the impacts. Canadian average canola production had 19%
higher production than Saskatchewan, due to higher fertilizer inputs and associated N,O emissions.

For Australia, fertilizer inputs accounted for 26% of the carbon footprint but N,O emissions were
only 11%. This is due to the very low N>O emission factors and lack of volatilization in Australia due to its
dry climate and lack of irrigation for canola. Approximately 64% of the N,O emissions were due to
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fertilizer application, 26% from crop residues and 10% from soil carbon change. There was no manure
application for Australian canola. Field activities accounted for 30% of Australian GHG emissions, which
is much higher than the 5-6% for Canadian and Saskatchewan canola. This is because Australian canola
requires higher levels of field activities, and because the overall impacts of production are lower, leading
to the higher percent contribution from field activities. CO, emissions from lime and urea application
also accounted for 24% of emissions, compared to 5-6% for Canada and Saskatchewan. This is because
lime fertilizer is applied in Australia and not in Canada. Overall, Australian canola had a 19% lower
carbon footprint than Saskatchewan canola (not including SOC changes), due to the significantly lower
N0 emissions. All differences between regions were statistically significant (as indicated by the separate
letters above each bar on the graph).

French and German canola production systems had quite similar impacts, with 24% of impacts
coming from fertilizer inputs, and 55-58% coming from field-level N,O emissions. Fifty-one percent of
N,O emissions from French canola were from synthetic N fertilizer, 6% from manure, 22% from crop
residues, and 20% from soil carbon change. For Germany, 34% of N,O emissions came from synthetic
fertilizer, 8% from manure, 14% from crop residue and 44% from soil carbon loss. Field activities
accounted for 10% of the impacts of both French and German canola, and all other categories were
<5%. French and German canola production had 57% and 66% higher impacts than canola production in
Saskatchewan. These differences came from higher inputs of fertilizers and manure, and higher levels of
field activities, despite the higher yields in Europe compared to Canada. There were also higher levels of
N,O emissions due to a combination of the higher N inputs, as well as differences in soil, climate, and
management conditions.

Canadian soils are the only cropland soils that are sequestering carbon, due to a combination of soil,
climate and management factors (Figure 2). The soil carbon sequestration estimates for Saskatchewan
are higher than the national average, since there are some regions in Canada that do not sequester as
much carbon, and some that have net CO; emissions. All other countries have net CO; emissions from
their cropland soils. Germany has the highest levels of emissions, followed closely by France. This is due
to the soil and climate conditions in these regions, as well as the intensity of field operations. Australia
has much lower levels of CO, emissions, likely due to differences in soil, climate and management
factors. According to the Australian NIR (Commonwealth of Australia, 2022), the majority (~70%) of the
estimate soil carbon losses from cropland are due to land converted to cropland, with the remainder
from cropland remaining cropland. In the most recent Australian NIR, they indicated that croplands have
a small net emission of carbon, however in previous years (2016 and 2018) they have had a small net
sequestration. However, these inter-annual changes are small compared to the long-term trend of
decreased carbon emissions (-95%) from Australian soils from 1990-2020, due to the adoption of no-till
and reduced-till practices (Commonwealth of Australia, 2022).

Including the impacts of soil carbon changes, Saskatchewan canola has the lowest life cycle GHG
emissions of all regions studied (0.372 kg CO,e/kg). Australian and Canadian canola have similar overall
impacts, at ~ 42% and 47% higher than Saskatchewan. Despite the lower impacts of production for
Australian canola compared to Saskatchewan and Canadian canola, Australian agricultural soils have net
CO; emissions, whereas Saskatchewan and Canadian soils are sequestering carbon. French and German
peas have much higher impacts (214% and 271% higher than Saskatchewan), since they have both
higher impacts of production, and higher CO, emissions from agricultural soils. Both including and
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excluding the soil carbon changes, Saskatchewan canola has a lower carbon footprint (20-49% lower)

than the weighted average of all countries included this analysis (Table 41).

GHG emissions per kg canola
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Figure 1. Contribution analysis of main LCl data categories to the overall carbon footprints (without soil
carbon change) of canola produced in SK, CA, AU, FR and DE (kg CO.e per kg canola).
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Figure 2. Contribution analysis of main LCl data categories to the overall carbon footprints (with soil
carbon change) of canola produced in SK, CA, AU, FR and DE (kg COze per kg canola). The dashed line
represents net total emissions in SK, accounting for negative impacts from soil carbon changes.

Table 41. Global average carbon footprint values (with and without soil carbon change) compared to
Saskatchewan carbon footprint values for canola production.

Global average Saskatchewan
kg CO,e per kg canola (without | 0.747 0.597
soil carbon change)
kg CO,e per kg canola (with soil | 0.728 0.372
carbon change)

3.2.2 Non-durum wheat

Figure 3 shows the LCIA results, without soil carbon change, for the production of 1 kg of non-durum
wheat grain (allocated based on the mass relationship between grain and straw harvested) for
Saskatchewan, Canada, Australia, France, Germany, and the United States. The results are broken down
into the contributions from transportation, seed, fertilizer inputs, manure inputs, plant protection
products, field activities, irrigation, post-harvest drying, and field-level CO, and N,O emissions. For
Canadian and Saskatchewan wheat, fertilizer inputs (22-31%) and associated field-level N,O emissions
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(47-51%) were the highest contributors to the life cycle GHG emissions. Around 65% of the N20
emissions came from synthetic N fertilizer, and 35% from crop residues. For the Canadian average, <1%
came from N mineralization due to soil carbon losses, due to small regional soil carbon losses in the
Eastern provinces as well as British Columbia. There were no carbon losses in Saskatchewan soils,
therefore no N,O emissions from this source. Field activities contributed 7-15% of the GHG emissions of
Saskatchewan and Canadian wheat grain, and field-level CO, emissions from the application of urea
contributed 5-7%. All other inputs and activities contributed 5% or less. Overall, the Canadian average
wheat production had 5% higher impacts than Saskatchewan. All other countries had significantly higher
impacts of production than Saskatchewan.

Australian wheat had 57% higher impacts than Saskatchewan wheat. The impacts of seed
production were much higher in Australia than any other region (21%). This is due to the assumed land
use change in Australia for the production of wheat seed, as included in Nemecek (2015). Australian
peas also had higher levels of field activities than Canada and Saskatchewan, which contributed a similar
proportion (17%), but were actually double the Canadian levels of energy use. Fertilizer inputs, post-
harvest energy use, and field-level CO, and N,O emissions all had similar percentage contributions to the
overall impacts of Australian wheat (10-18%). Seventy-nine percent of the N,O emissions for Australian
wheat were due to synthetic N fertilizer application. Nine percent were from N mineralization due to soil
carbon losses, 7% from crop residues, and 4% from manure inputs. All other inputs and activities
contributed 1% or less to the overall carbon footprint of Australian wheat production.

French and German wheat had very similar impacts, which were 33-38% higher than Saskatchewan
wheat. This was due mostly to higher field-level N,O emissions, as well as higher post-harvest energy
use. Field-level N,O emissions were the highest contributor to the overall impacts, contributing 47-48%.
Fifty percent of French N,O emissions came from synthetic fertilizer application, 21% from soil carbon
losses, 23% from crop residues and 6% from manure inputs. For German N,O emissions, the breakdown
was 47% from soil carbon losses, 32% from fertilizer inputs, 8% from manure and 13% from crop
residues. Fertilizer production contributed 18% of the impacts of French and German wheat production,
post-harvest energy use contributed 13-15%, and field activities 9%. Field-level CO, emissions from lime
and urea application contributed 7% of impacts, and all other inputs and activities contributed 2% or
less.

Wheat production in the US had 51% higher impacts than Saskatchewan. This is due to higher levels
of field activities, post-harvest energy use, and field-level CO, emissions. Fertilizer production (22%) and
field-level N,O emissions (27%) were the largest contributors to the carbon footprint of US wheat. Forty-
five percent of field-level N,O emissions for US wheat came from the application of synthetic N
fertilizers, 34% came from crop residues, 11% from soil carbon loses, and 9% from manure. Field
activities contributed 18% of the life cycle GHG emissions of US wheat production, field-level CO,
emissions from lime and urea contributed 13%, and post-harvest energy use contributed 11%. All other
impacts and activities contributed 6% or less.

Saskatchewan soils had the highest levels of carbon sequestration per kg of wheat (Figure 4). Average
Canadian soils are also sequestering carbon, albeit at a lower rate. All other regions have net carbon
emissions from agricultural soils. Australia has the lowest levels of emissions, followed by the US,
France, and Germany. When the impacts of soil carbon changes are included in the overall carbon
footprint, Saskatchewan wheat production has the lowest impacts (0.214 kg CO,e/kg), followed by
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Canadian wheat (41% higher). All other regions have much higher impacts than Saskatchewan, since
they have higher life cycle impacts of production, and have net carbon emissions from soils. Of all other
regions, Australian and France have the lowest impacts (176% of Saskatchewan impacts), followed by
the United States (180%). German wheat has the highest combined impacts (203% of Saskatchewan).
Either including or excluding soil carbon changes, Saskatchewan wheat grain production had lower
impacts (28-61% lower) than the global production weighted average of all countries (Table 42).

GHG emissions per kg wheat grain
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Figure 3. Contribution analysis of main LCI data categories to the overall carbon footprints (without soil
carbon change) of wheat grain produced in SK, CA, AU, FR, DE, and US (kg CO,e per kg wheat grain),
using mass allocation between harvested grain and straw.
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Figure 4. Contribution analysis of main LCl data categories to the overall carbon footprints (with soil
carbon changes) of wheat grain produced in SK, CA, AU, FR, DE, and US (kg CO.e per kg wheat grain),
using mass allocation between harvested grain and straw. The dashed line represents net total
emissions in SK, accounting for negative impacts from soil carbon changes.

Table 42. Global average carbon footprint values (with and without soil carbon change) compared to
Saskatchewan carbon footprint values for wheat grain production.

Global average Saskatchewan
kg CO.e per kg wheat grain 0.497 0.359
(without soil carbon change)
kg CO.e per kg wheat grain 0.552 0.214
(with soil carbon change)

3.2.3 Peas

Figure 5 shows the LCIA results, without soil carbon change, for the production of 1 kg of peas for
Saskatchewan, Canada, France, Germany, and the United States. The results are broken down into the
contributions from transportation, seed, fertilizer inputs, manure inputs, inoculant inputs, plant
protection products, field activities, irrigation, post-harvest drying, field-level CO, and N,O emissions,
and N credit. Peas produced in Saskatchewan have the lowest carbon footprint, followed closely by the
Canadian average (7% higher). The highest contributor to the carbon footprint of Saskatchewan and
Canadian pea production is field-level N.O emissions (75-76%). Approximately 95% of the N,O emissions

91



are due to crop residue N inputs, and 5% from fertilizer N inputs, due to the high levels of crop residues
and low synthetic fertilizer and manure application rates for peas. Field activities contributed 16-17% of
the life cycle impacts for Canadian and Saskatchewan peas, and fertilizer production contributed 7-8%.
The N credit, for reduced N fertilizer required for the next crop in rotation, contributed a 4% reduction
in impacts. All other inputs and activities contributed 5% or less.

All differences between regions are significantly different. French peas had 70% higher impacts than
Saskatchewan peas, due to higher inputs of fertilizer and manure, higher levels of field activities, and
higher field-level CO, emissions due to the inclusion of lime application. Field-level N,O emissions are
the highest contributor to the carbon footprint of French pea production (48%). Fifty-five percent of
these N,0 emissions are due to N mineralization from soil carbon loss. Twenty-nine percent are from
crop residues, and 16% are from manure inputs. There were no synthetic N fertilizers applied to French
peas. After N,O emissions, field activities are the next highest contributor to the carbon footprint of
French peas (18%). Fertilizer inputs and field-level CO, emissions from lime inputs contributed 12% each,
and all other inputs and activities contributed 3% or less. The N credit contributed -3%.

German peas had the highest carbon footprint of all regions (156% of Saskatchewan peas). This was
due to higher field-level N,O emissions, as well as higher fertilizer inputs. Field-level N,O emissions
contributed 56% of the life cycle GHG emissions. Seventy-one percent of these emissions came from soil
carbon losses, 13% from manure, 9% from crop residues and 7% from synthetic N fertilizer. Fertilizer
production, and field activities each contributed 13% to the carbon footprint of German peas, and field-
level CO; emissions from lime and urea application contributed 9%. All other inputs contributed 4% or
less.

Pea production in the US had the second highest carbon footprint (after Germany), which was 137%
of the Saskatchewan pea carbon footprint. This was due to high levels of field activities and field-level
CO: emissions, and relatively high field-level N,O emissions (but lower than Germany). Field-level N20
emissions were the highest contributors to the carbon footprint of US peas (43%). These emissions came
from crop residues (69%), soil carbon losses (12%), synthetic N fertilizer (10%), and manure (10%).
Fertilizer production and field-level CO, emissions from lime and urea application each contributed 17%
to the overall carbon footprint of US pea production. Field activities contributed 16%, and all other
inputs and activities contributed 3% or less.

Saskatchewan soils had the highest levels of soil carbon sequestration, followed by the Canadian
average (Figure 6). All other countries had net carbon emissions from their agricultural soils. The US had
the lowest levels of carbon emissions, followed by France, and Germany had the highest. When the
impacts of soil carbon changes are combined with the LCIA results, Saskatchewan peas still have the
lowest carbon footprint (0.04 kg CO.e/kg), followed by the Canadian average (160% higher). Since all
other regions already had higher impacts of production, and have much higher impacts from soil carbon
change, their combined impacts compared to Saskatchewan range from 1500% higher in France to
2516% higher in Germany. When either including or excluding soil carbon changes, Saskatchewan peas
had a lower carbon footprint (28-86% lower) than the global weighted average (Table 43).
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Figure 5. Contribution analysis of main LCl data categories to the overall carbon footprints (without soil
carbon changes) of peas produced in SK, CA, FR, DE, and US (kg CO.e per kg peas).
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Figure 6. Contribution analysis of main LCl data categories to the overall carbon footprints (with soil
carbon changes) of peas produced in SK, CA, FR, DE, and US (kg CO.e per kg peas). The dashed line
represents net total emissions in SK, accounting for negative impacts from soil carbon changes.

Table 43. Global average carbon footprint values (with and without soil carbon change) compared to
Saskatchewan carbon footprint values for pea production.

Global average Saskatchewan
kg CO.e per kg peas (without 0.347 0.248
soil carbon change)
kg CO.e per kg peas (with soil 0.295 0.040
carbon change)

3.3 Sensitivity analysis

3.3.1 Cut-off criteria and exclusions

Including the manure inputs that were previously excluded from the analysis for Saskatchewan,
Canadian, and Australian canola, and the lime inputs for Saskatchewan and Canada increased the total
carbon footprint values by 1-16% (Table 44). Including the previously excluded manure and lime inputs
for Saskatchewan and Canadian peas, and the irrigation input for German peas increased the total
carbon footprint values from 0-36% (Table 45). Despite these changes, the relative rankings (from
lowest to highest carbon footprint) of the regions did not change for either crop.

Table 44. Canola sensitivity analysis results for the inclusion of inputs excluded in the original results.

Original New
ranking ranking
Total % change (lowest to (lowest to
kg Fertilizer Manure Field-level Field-level without from highest CF) | highest
CO,e/kg inputs inputs co2 N20 soil carbon | original CF)
SK 0.164 0.004 0.113 0.355 0.689 16% 2 2
CA 0.195 0.004 0.127 0.402 0.799 13% 3 3
AU 0.126 0.006 0.118 0.051 0.489 1% 1 1
FR 0.226 0.013 0.030 0.547 0.940 0% 4 4
DE 0.240 0.023 0.043 0.543 0.991 0% 5 5
Table 45. Peas sensitivity analysis results for the inclusion of inputs excluded in the original results.
Irrigation Original | New
energy ranking | ranking
Total % (lowest | (lowest
without change | to to
kg Fertilizer Manure Field-level Field-level soil from highest | highest
COe/kg | inputs inputs Cc0o2 N20 carbon original | CF) CF)
SK 0.024 0.005 0 0.079 0.186 0.337 36% 1 1
CA 0.022 0.005 0 0.076 0.202 0.350 32% 2 2
FR 0.051 0.012 | 1.91E-03 0.053 0.202 0.422 0% 3 3
DE 0.082 0.025 | 1.17E-06 0.059 0.354 0.636 0% 5 5
us 0.098 0.018 | 7.36E-03 0.098 0.251 0.588 0% 4 4
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3.3.2 Manure nutrient contents

Using the same average manure nutrient contents for all countries changed the overall carbon

footprint results between 0-5% across all crop-country combinations (Tables 46-48). This change altered

both the manure input amounts, and the associated N,O emissions. Due to these small changes, the

relative ranking of all countries from lowest to highest carbon footprint did not change.

Table 46. Canola sensitivity analysis results for changed manure nutrient contents.

Original New ranking
Total % change ranking (lowest to
Manure Field-level without soil from (lowest to highest CF)

kg CO,e/kg | inputs N20 carbon original highest CF)

SK 0.000 0.355 0.597 0% 2 2
CA 0.000 0.402 0.709 0% 3 3
AU 0.000 0.051 0.483 0% 1 1
FR 0.016 0.551 0.947 1% 4 4
DE 0.034 0.560 1.019 3% 5 5

Table 47. Wheat sensitivity analysis results for changed manure nutrient contents.

Original New ranking
% change ranking (lowest to
kg Total without from (lowest to highest CF)
COze/kg Manure inputs Field-level N20 | soil carbon original highest CF)
SK 0.000 0.169 0.359 0% 1 1
CA 0.003 0.194 0.377 0% 2 2
AU 0.003 0.082 0.560 0% 6 6
FR 0.007 0.234 0.495 0% 4 4
DE 0.016 0.233 0.489 2% 3 3
us 0.011 0.153 0.548 1% 5 5
Table 48. Peas sensitivity analysis results for changed manure nutrient contents.
Original New ranking
Total % change ranking (lowest to
Manure Field-level without soil | from (lowest to highest CF)
kg CO,e/kg | inputs N20 carbon original highest CF)
SK 0 0.186 0.248 0% 1 1
CA 0 0.202 0.266 0% 2 2
FR 0.016 0.207 0.431 2% 3 3
DE 0.038 0.371 0.667 5% 5 5
us 0.022 0.254 0.595 1% 4 4
3.3.3 Manure allocation methods

Changing from the 50:50 allocation method for the impacts of the production of the upstream

synthetic fertilizers that provided the nutrients to the manure inputs, to the 100:0 and 0:100 allocation

methods changed the results by 0-4% for all crops and countries (Tables 49-54). Allocating 0% of the

impacts to the manure reduced impacts by 0-4% and allocating 100% of the impacts to manure

95



increased impacts by 0-4%. Again, due to these small changes, the relative ranking of the countries did
not change.

Table 49. Canola sensitivity analysis results for 0% allocation of recycled synthetic fertilizer impacts to
manure.

Original New ranking
Manure Total without | % change ranking (lowest | (lowest to
kg CO,e/kg inputs soil carbon from original | to highest CF) highest CF)
SK 0 0.597 0% 2 2
CA 0 0.709 0% 3 3
AU 0 0.483 0% 1 1
FR 0 0.926 -1% 4 4
DE 0 0.968 -2% 5 5

Table 50. Wheat sensitivity analysis results for 0% allocation of recycled synthetic fertilizer impacts to
manure.

Original New ranking
ranking (lowest to
Manure Total without % change (lowest to highest CF)
kg CO.e/kg | inputs soil carbon from original | highest CF)
SK 0 0.359 0% 1 1
CA 0 0.374 -1% 2 2
AU 0 0.558 -1% 6 6
FR 0 0.488 -1% 4 4
DE 0 0.467 -2% 3 3
us 0 0.532 -2% 5 5

Table 51. Peas sensitivity analysis results for 0% allocation of recycled synthetic fertilizer impacts to
manure.

Original New ranking
Manure Total without | % change ranking (lowest | (lowest to
kg CO,e/kg inputs soil carbon from original | to highest CF) highest CF)
SK 0 0.248 0% 1 1
CA 0 0.266 0% 2 2
FR 0 0.410 -3% 3 3
DE 0 0.611 -4% 5 5
us 0 0.570 -3% 4 4

Table 52. Canola sensitivity analysis results for 100% allocation of recycled synthetic fertilizer impacts to
manure.

Original New ranking
Total ranking (lowest to
Manure without soil % change (lowest to highest CF)

kg CO,e/kg | inputs carbon from original | highest CF)

SK 0 0.597 0% 2 2
CA 0 0.709 0% 3 3
AU 0 0.483 0% 1 1
FR 0.026 0.953 1% 4 4
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Table 53. Wheat sensitivity analysis results for 100% allocation of recycled synthetic fertilizer impacts to

manure.
Original New ranking
% change ranking (lowest to

kg Total without from (lowest to highest CF)
COze/kg Manure inputs soil carbon original highest CF)

SK 0 0.359 0% 1 1
CA 0.005 0.379 1% 2 2
AU 0.008 0.566 1% 6 6
FR 0.011 0.499 1% 4 4
DE 0.020 0.487 2% 3 3
us 0.021 0.553 2% 5 5

Table 54. Peas sensitivity analysis results for 100% allocation of recycled synthetic fertilizer impacts to

manure.
Original New ranking
Total ranking (lowest to
Manure without soil % change (lowest to highest CF)

kg CO.e/kg | inputs carbon from original | highest CF)

SK 0 0.248 0% 1 1
CA 0 0.266 0% 2 2
FR 0.025 0.434 3% 3 3
DE 0.050 0.661 4% 5 5
us 0.037 0.606 3% 4 4

3.3.4 Wheat straw content and allocation methods

When 0% of the impacts of wheat production were allocated to wheat straw (i.e., 100% of impacts
were allocated to wheat grain, and no straw was assumed to be removed from the field) the wheat grain
carbon footprint increased by 4-7%, depending on the original assumed allocation factors (Table 55).
This did not change the relative rankings of the countries. When the largest possible percent of straw
(85%) was assumed to be removed as a co-product and allocated to, the impacts of wheat grain
decreased by 45-61% (Table 56), and the relative rankings of wheat from Australia, Germany and US
changed. Saskatchewan had the lowest carbon footprint, followed by Canada, then the United States,
France, and Australia. Germany had the highest carbon footprint. Application of a slightly altered straw
removal rate of 21.1% rather than 24.1% assuming data from Statistics Canada( 2021b) are
representative of crop residue baling practices in 2020 rather than 2021 had very minor (i.e., <1%
change) impacts on the estimated carbon footprint values, and did not change the ranking of regions in
terms of emissions (Table 57). Finally, when the variable rates of straw removal from the literature were
used, the estimated impacts of wheat grain production decreased 30-48% (Table 58). Again, the relative
rankings changed. With the variable straw removal rates, Saskatchewan had the lowest impacts,
followed by Canada, the US, Germany, and France. Australia had the highest impacts. This shows the
importance of transparency in allocation methods when conducting a carbon footprint analysis or life
cycle assessment, as well as the need for principled approaches that are consistent with current
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international methodological standards. In light of the potentially influential role of assumed wheat
straw removal rates, development of accurate, country-specific data is also highly desirable.

Table 55. Wheat sensitivity analysis for 0% wheat removal and allocation.

Original
ranking New ranking
Total without % change (lowest to (lowest to

kg CO,e/kg | Field-level N20 soil carbon from original | highest CF) highest CF)
SK 0.182 0.382 7% 1 1
CA 0.209 0.402 7% 2 2
AU 0.088 0.592 5% 6 6
FR 0.247 0.519 5% 4 4
DE 0.237 0.497 4% 3 3
us 0.157 0.574 6% 5 5

Table 56. Wheat sensitivity analysis for 85% wheat removal and associated allocation.

Original
ranking New ranking
Field-level Total without % change (lowest to (lowest to

kg CO,e/kg | N20 soil carbon from original | highest CF) highest CF)
SK 0.059 0.142 -60% 1 1
CA 0.067 0.147 -61% 2 2
AU 0.039 0.277 -51% 6 5
FR 0.120 0.269 -45% 4 4
DE 0.139 0.303 -36% 3 6
us 0.055 0.227 -58% 5 3

Table 57. Wheat straw sensitivity analysis assuming that crop residues were removed from 21.1% of
land rather than 24.1% of land.

Original
ranking New ranking
Field-level Total without % change (lowest to (lowest to

kg CO,e/kg | N20 soil carbon from original | highest CF) highest CF)
SK 0.170 0.362 0.81% 1 1
CA 0.195 0.380 0.82% 2 2
AU 0.083 0.566 0.66% 6 6
FR 0.235 0.496 0.63% 4 4
DE 0.228 0.480 0.52% 3 3
us 0.148 0.546 0.73% 5 5

Table 58. Wheat sensitivity analysis for variable wheat removal and associated allocation.

Original
ranking New ranking
Field-level Total without % change (lowest to (lowest to

kg CO,e/kg | N20 soil carbon from original | highest CF) highest CF)
SK 0.105 0.233 -35% 1 2
CA 0.094 0.195 -48% 2 1
AU 0.081 0.375 -33% 6 6
FR 0.155 0.338 -31% 4 5




DE 0.158 0.335 -30% 3 4
uUs 0.078 0.305 -44% 5 3

3.3.5 N;O emissions modelling

Modelling the N,O emissions as the lowest possible values based on the ranges presented by each
country resulted in overall reductions in the carbon footprint of canola ranging from a 6% reduction for
Australia to a 53% reduction for France (Table 59). For wheat, using the lowest possible N,O values
resulted in reductions ranging from 7% for the US to 43% for France (Table 60). For peas, the reductions
ranged from 12% for the US to 60% for Saskatchewan and Canada (Table 61). When using these low N,O
values, Saskatchewan canola had the lowest carbon footprints (excluding soil carbon), followed by
France, Australia, and Canada. Germany had the highest. This is different from the original ranking, in
which Australia was lowest, followed by Saskatchewan, Canada, France, and Germany. For wheat, the
relative rankings did not change. Peas changed from Saskatchewan, Canada, France, United States,
Germany, to Saskatchewan, Canada, France, Germany, United States.

Using the highest N,O values gave increases in carbon footprint values for canola ranging from 7% in
Australia to 90% in Germany (Table 62). For wheat, using the highest N,0 values resulted in increases
ranging from 7% in the US to 90% in Canada (Table 63). For peas, the increases ranged from 11% for the
US to 91% for Germany (Table 64). When using these high N>O values, the relative rankings from lowest
to highest for canola carbon footprint values (excluding soil carbon changes) did not change from the
original ranking of Australia, Saskatchewan, Canada, France, Germany. For wheat, the rankings changed
to Saskatchewan, United States, France, Canada, Australia, Germany. For peas, the rankings did not
change from the original Saskatchewan, Canada, France, United States, Germany ranking.

Table 59. Canola sensitivity analysis results for lowest N,O values in range.

Original New ranking
Total % change ranking (lowest to
without soil from (lowest to highest CF)
kg CO,e/kg | Field-level N20 | carbon original highest CF)
SK 0.154 0.396 -33.68% 2 1
CA 0.174 0.481 -32.19% 3 4
AU 0.023 0.454 -5.95% 1 3
FR 0.048 0.441 -53.09% 4 2
DE 0.062 0.510 -48.52% 5 5

Table 60. Wheat sensitivity analysis results for lowest N,O values in range.

Original New ranking
% change ranking (lowest to

kg Total without from (lowest to highest CF)
CO,e/kg Field-level N20 soil carbon original highest CF)

SK 0.081 0.271 -25% 1 1
CA 0.093 0.276 -27% 2 2
AU 0.037 0.515 -8% 6 6
FR 0.021 0.280 -43% 4 4
DE 0.026 0.276 -42% 3 3
us 0.107 0.502 -7% 5 5
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Table 61. Peas sensitivity analysis results for lowest N,O values in range.

Original New ranking
Total % change ranking (lowest to
without soil from (lowest to highest CF)
kg CO,e/kg | Field-level N20 | carbon original highest CF)
SK 0.037 0.100315 -60% 1 1
CA 0.041 0.105095 -60% p p
FR 0.017 0.237784 -44% 3 3
DE 0.038 0.320526 -50% 5 4
us 0.183 0.520244 -12% 4 5
Table 62. Canola sensitivity analysis results for highest N,O values in range.
Original New ranking
Total % change ranking (lowest to
without soil from (lowest to highest CF)
kg CO,e/kg | Field-level N20 | carbon original highest CF)
SK 0.540 0.781 31% 2 2
CA 0.612 0.919 30% 3 3
AU 0.080 0.511 6% 1 1
FR 1.057 1.450 54% 4 4
DE 1.499 1.948 97% 5 5

Table 63. Wheat sensitivity analysis results for highest N,O values in range.

Original New ranking
% change ranking (lowest to
kg Total without from (lowest to highest CF)
CO,e/kg Field-level N20 soil carbon original highest CF)
SK 0.382 0.572 60% 1 1
CA 0.534 0.717 90% 2 4
AU 0.129 0.608 8% 6 5
FR 0.452 0.711 44% 4 3
DE 0.623 0.874 83% 3 6
uUs 0.185 0.580 7% 5 2
Table 64. Peas sensitivity analysis results for highest N,O values in range.
Original New ranking
Total % change ranking (lowest to
without soil from (lowest to highest CF)
kg CO,e/kg | Field-level N20 | carbon original highest CF)
SK 0.281 0.344 39% 1 1
CA 0.307 0.372 40% 2 2
FR 0.390 0.610 45% 3 3
DE 0.930 1.212 91% 5 5
us 0.316 0.653 11% 4 4
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3.3.6 Crop residue yields and N contents

Using the same average crop residue yield and N content for all countries changed the total carbon

footprint of canola between -8 and 6% (Table 65). Due to these relatively small changes, the relative

ranking of the countries did not change. For wheat, the total carbon footprint values changed by -3 to

+5% and the relative rankings did not change (Table 66). For peas, the carbon footprint values changed
between -12 to 28% (Table 67). This changed the relative rankings of France and the US, changing from
the third and fourth lowest carbon footprints to the fourth and third, respectively.

Table 65. Canola sensitivity analysis results for crop residue yields and N contents.

Original New ranking
% change ranking (lowest to

kg Total without from (lowest to highest CF)
COze/kg Field-level N20 soil carbon original highest CF)

SK 0.310 0.551 -8% 2 2
CA 0.352 0.658 -7% 3 3
AU 0.052 0.483 0% 1 1
FR 0.582 0.974 4% 4 4
DE 0.606 1.054 6% 5 5

Table 66. Wheat sensitivity analysis results for crop residue yields and N contents.

Original New ranking

% change ranking (lowest to
kg Total without from (lowest to highest CF)
CO,e/kg Field-level N20 soil carbon original highest CF)
SK 0.160 0.352 -2% 1 1
CA 0.182 0.366 -3% 2 2
AU 0.085 0.567 1% 6 6
FR 0.241 0.501 1% 4 5
DE 0.251 0.499 5% 3 3
us 0.132 0.530 -2% 5 5

Table 67. Peas sensitivity analysis results for crop residue yields and N contents.
Original New ranking
Total % change ranking (lowest to
without soil from (lowest to highest CF)
kg CO,e/kg | Field-level N20 | carbon original highest CF)
SK 0.136 0.199 -20% 1 1
CA 0.149 0.213 -20% 2 2
FR 0.320 0.540 28% 3 4
DE 0.480 0.763 20% 5 5
us 0.181 0.518 -12% 4 3
3.3.7 Impact assessment methods

Using the GWP 500 impact assessment method instead of the GWP 100 changed the carbon
footprint estimates for canola by -9% to -33% (Table 68). The decreases were mainly due to the

differences in impact factors for N,O between the two methods. The original GWP 100 method has an
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impact factor of 273 kg COe/kg N,O, and the GWP 500 has an impact factor of 130. The estimated
impacts of the other inputs and activities also changed due to differences in impact factors for upstream
N,O and other emissions, however these changes were small compared to the change in field-level N,O
emissions. Since the impacts of Saskatchewan canola decreased more than Australian canola,
Saskatchewan had the lowest carbon footprint estimate in this scenario, followed by Australia. All other
relative rankings for canola remained unchanged.

For wheat, the estimated carbon footprint values decreased by 6-30% (Table 69), and peas by 27-
40% (Table 70). Again, these differences were mainly due to the difference in impact factor for N,O. The
relative rankings of wheat for Saskatchewan and Canada swapped from lowest and second lowest to
second lowest and lowest, respectively. The relative rankings of the other countries did not change for
wheat. For peas, the country with the highest carbon footprint changed from Germany to the US.
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Table 68. Canola sensitivity analysis results for GWP 500 impact assessment methods.

Original | New
ranking | ranking
(lowest | (lowest
Field- Field- Total to to
kg Fertilizer Manure Plant Field Post- level level without soil % change highest | highest
COe/kg | Transportation | Seed | inputs inputs protection activities Irrigation | harvest co2 N20 carbon from original | CF) CF)
SK 0.001 | 0.004 0.150 0 0.007 0.036 0.000 0.002 0.030 0.169 0.399 -33.1% 2 1
CA 0.002 | 0.005 0.175 0 0.012 0.038 0.001 0.011 0.045 0.192 0.479 -32.5% 3 3
AU 0.003 | 0.003 0.116 0 0.021 0.143 0.000 0.013 0.118 0.024 0.441 -8.6% 1 2
FR 0.005 | 0.001 0.210 0.014 0.012 0.096 0.000 0.003 0.030 0.260 0.633 -32.6% 4 4
DE 0.011 | 0.002 0.223 0.022 0.014 0.097 0.007 0.008 0.043 0.258 0.685 -30.8% 5 5
Table 69. Wheat sensitivity analysis results for GWP 500 impact assessment methods.
Original | New
ranking | ranking
Total % (lowest | (lowest
kg Field- Field- without | change | to to
COze Fertilizer | Manure | Plant Field Post- level level soil from highest highest
/kg Transportation | Seed inputs inputs protection | activities Irrigation | harvest | CO2 N20 carbon original | CF) CF)
SK 0.001 0.014 0.104 0.000 0.006 0.104 0.000 0.002 0.026 0.080 0.338 -6% 1 2
CA 0.002 0.015 0.075 0.002 0.000 0.057 0.000 0.000 0.019 0.092 0.263 -30% 2 1
AU 0.003 0.108 0.081 0.004 0.004 0.094 0.002 0.056 0.104 0.039 0.494 -12% 6 6
FR 0.003 0.007 0.080 0.005 0.001 0.043 0.000 0.070 0.036 0.111 0.358 -28% 4 4
DE 0.005 0.007 0.078 0.010 0.003 0.043 0.000 0.057 0.035 0.108 0.346 -28% 3 3
us 0.004 0.025 0.103 0.009 0.002 0.098 0.000 0.057 0.068 0.070 0.436 -20% 5 5
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Table 70. Peas sensitivity analysis results for GWP 500 impact assessment methods.

Origina | New
| rankin
% ranking | g
Field Total change | (lowest | (lowes
kg Manur Plant Field Post- Field- | - N withou | from to tto
COze/k Transportatio Fertilize | e Inoculan protectio activitie Irrigatio harves | level level | credi | tsoil origina | highest | highest
g n Seed r inputs inputs tinputs n s n t c0o2 N20 t carbon | CF) CF)
1.274€ 3.00E 0.08 - 1 1
SK 2.60E-04 -05 0.018 0 0.001 0.011 0.040 0 0.001 -04 9 | 0.010 0.150 -40%
1.455E 1.60E- 2.50E 0.09 - 2 2
CA 2.700E-04 -05 0.018 0 0.001 0.008 0.045 0 04 -04 6 | 0.011 0.159 -40%
0.09 - 3 3
FR 0.005 0.011 0.049 0.011 0.001 0.011 0.077 | 1.87E-03 0.006 | 0.053 6 | 0.013 0.309 -27%
0.16 - 5 4
DE 0.010 0.017 0.078 0.023 0.001 0.011 0.085 0 0 | 0.059 9 | 0.012 0.440 -31%
4.00E- 0.12 - 4 5
uUs 0.007 0.008 0.090 0.016 0.001 0.016 0.095 | 7.10E-03 04 | 0.098 0 | 0.015 0.443 -25%
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3.4 Limitations of the analysis

LCA has limitations. While the impacts of these limitations may be somewhat mitigated through
performance of in-depth sensitivity analyses, as has been done here, some limitations remain. The most
obvious of these is the use of secondary data sourced from LCl databases, published literature, and
government and industry sources as the basis for the analyses. LCA is data intensive, and the robustness
of models and associated results and interpretations are intrinsically linked to the quality of the data
used in model development (Ciroth et al., 2016). While much of the data used in this analysis are of high
quality, many data points were of relatively lower quality with respect to the completeness criteria,
either due to small sample sizes, or a lack of reporting on the percentage of supply covered. This lack of
reporting is, unfortunately, quite common in the LCA literature (Turner et al., 2020). Completeness
scores could also be improved through the collection of primary data based on large, representative
samples across industries. Doing so, however, would require significant effort and resources.

An additional key limitation of LCA is related to the models and assumptions used for estimation of
LClI data. These include those for estimation of field level emissions, manure nutrient inputs, crop
residue yields, etc. While use of modeled values is necessary given the infeasibility of primary data
collection, the potential biases that may be inherent to these models should not be ignored. The impact
of these biases has been taken into account through the performance of uncertainty analysis as per best
practices in the LCA field (Bamber et al., 2019). This limitation is particularly evident with regards to the
assumptions made around amounts of straw removed as a co-product of wheat production systems.
Wheat straw is commonly used as a bedding material (Smerchek and Smith, 2020; Yesufu et al., 2020)
and as forage (Ates et al., 2017; Molavian et al., 2020) for livestock systems, as well as for production of
second generation biofuels (Hasanly et al., 2018; Suardi et al., 2020). Harvest and removal of wheat
straw residues is therefore likely dependent on regional market forces (i.e., demands for livestock
bedding/forage and biofuel feedstocks). A more in-depth exploration of the removal of wheat straw
from fields, and the resulting changes in associated allocation factors, would therefore require in-depth
knowledge of regional markets, or data of sufficiently high quality characterizing the proportions of
harvested wheat straw diverted to each possible use. Data describing the relative size of the livestock
sectors across the different regions included in this analysis could be used in proxy to scale proportions
of straw removed across each country, but this scaling would be based on the fallible assumption that
demand for wheat straw is driven solely by the livestock sector in each region. For example, operating
with this assumption, and scaling the amount of straw baled per kilogram of wheat produced linearly,
results in the conclusion that, in the U.S., 5 times more wheat straw must be baled than is produced per
kilogram of wheat, based on cattle inventories from Statistics Canada (Statistics Canada, 2022c) and
FAOstat (FAOstat, 2021) In the future, it is clear that greater effort must be put into accounting for
production of crop residues, as well as the proportion of residues that are harvested for use in other
sectors.

4. Conclusion

Production of commodity field crops is economically important in Saskatchewan as well as in Canada
as a whole. Field crops produced in Canada have substantial international market share, making
increasingly important contributions to global food security (Caparas et al., 2021). Given increases in
societal desires for sustainably produced foods (Mazzocchi et al., 2021; Okpiaifo et al., 2020; Tobi et al.,
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2019), it is necessary that food system managers and stakeholders develop an in-depth understanding
of the GHG emissions associated with food production systems, including key hot spots along supply
chains and the comparative impacts of food products, such that sustainability improvement measures
may be implemented in order to promote net-positive outcomes.

This analysis provides estimates of life cycle GHG emissions for canola, non-durum wheat, and field
pea production in Saskatchewan and compares them with the emissions attributable to the same crops
produced in Canada as a whole as well as in Australia, France, Germany, and the U.S. Saskatchewan and
Canadian crop production systems compare favourably to their international counterparts, having the
lowest and second lowest GHG emissions per kilogram of product, with few exceptions. The results
generally exhibited a low degree of sensitivity to methodological choices made in the study. Key supply
chain hotspots for all crop-region combinations included field level N;O emissions and fertilizer inputs.
These may serve as foci for research into potential sustainability improvement strategies.

While canola, non-durum wheat, and field peas represent an important portion of the Saskatchewan
field crop sector, similar comparisons of other economically important crops should be considered in the
future. These comparisons may help develop a deeper understanding of how the Saskatchewan field
crop sector compares to international competitors, as well as opportunities for improvement.

106



References

(S&T)2 Consultants Inc., 2021a. Updated Carbon Footprints for Major Canadian Grains Methodology
Report. Prepared For: Canadian Rountdable on Sustainable Crops.

(S&T)2 Consultants Inc., 2021b. Updated Carbon Footprint for Canadian Wheat Prepared For: Canadian
Roundtable on Sustainable Crops.

(S&T)2 Consultants Inc, 2021a. Updated Carbon Footprint for Canadian Canola Prepared For: Canadian
Roundtable on Sustainable Crops.

(S&T)2 Consultants Inc, 2021b. Updated Carbon Footprint for Canadian Dried Peas Prepared For:
Canadian Roundtable on Sustainable Crops.

Abalos, D., Recous, S., Butterbach-Bahl, K., De Notaris, C., Rittl, T., Topp, C.F.E., Petersen, S., Hansen, S.,
Bleken, M.A., Rees, R.M., Olesen, J.E., 2022. A review and meta-analysis of mitigation measures for
nitrous oxide emissions from crop residues. Sci. Total Environ. 828, 154388.

ABARES, 2022. Agricultural commodities and trade data [WWW Document]. URL
https://www.agriculture.gov.au/abares/research-topics/agricultural-outlook/datattaustralian-crop-
report-data (accessed 9.13.22).

Abdalla, K., Chivenge, P., Ciais, P., Chaplot, V., 2016. No-tillage lessens soil CO2 emissions the most
under arid and sandy soil conditions: results from a meta-analysis. Biogeosciences 13, 3619-3633.

Adams, H.D., Williams, A.P., Xu, C., Rauscher, S.A., Jiang, X., McDowell, N.G., 2013. Empirical and
process-based approaches to climate-induced forest mortality models. Front. Plant Sci. 4, 438.
https://doi.org/10.3389/fpls.2013.00438

AFNOR, 2011. Repository of Good Practices. General Principles for An Environmental Communication on
Mass Market Products. Part 0. General Principles and Methodological Framework.

Agreste, 2022. Evolution des pratiques culturales en grandes cultures entre 2011 et 2017.

Agriculture and Agri-Food Canada, 2022a. Farm income forecast results for 2021 and 2022 [WWW
Document]. URL https://agriculture.canada.ca/en/canadas-agriculture-sectors/sector-overviews-
data-and-reports/farm-income-forecast-results-2021-and-2022 (accessed 9.7.22).

Agriculture and Agri-Food Canada, 2022b. Area, yield, production of Canadian principal field crops. Crop
years: 2018-2019 to 2020-2021 [WWW Document]. URL https://agriculture.canada.ca/en/market-
information-system/rp/index-eng.cfm?action=pR&r=243&pdctc (accessed 7.11.22).

Agriculture and Agri-Food Canada, 2021. Canadian drought monitor. Conditions as of July 31, 2021.

Alcock, T.D., Salt, D.E., Wilson, P., Ramsden, S.J., 2022. More sustainable vegetable oil: Balancing
productivity with carbon storage opportunities. Sci. Total Environ. 829, 154539.
https://doi.org/10.1016/j.scitotenv.2022.154539

Arcand, M.M., Knight, J.D., Farrell, R.E., 2014. Differentiating between the supply of N to wheat from
above and belowround residues of preceding crops of pea and canola. Biol. Fertil. Soils 50, 563—
570.

Arita, S., Grant, J., Sydow, S., Beckman, J., 2022. Has global agricultural trade been resilient under
coronavirus (COVID-19)? Findings from an econometric assessment of 2020. Food Policy 107,
102204.

107



Arthur, A.L., Hoffmann, A.A., Umina, P.A., 2015. Challenges in devising economic spray thresholds for a
major pest of Australian canola, the redlegged earth mite (Halotydeus destructor). Pest Manag. Sci.
71, 1462-1470.

Arulnathan, V., Heidari, M.D., Pelletier, N., 2022. Internal causality in agri-food systems: Solving
allocation problems based on feed energy utilization in egg production. J. Environ. Manage. 309,
114673.

Arvalis, 2020a. GES'TIM+: la référence méthodologique pour I'évaluation de I'impact des activités
agricoles sur |'effet de serre, la préservation des ressources énergétiques et la qualité de I'air.

Arvalis, 2020b. Qualit@lim [WWW Document]. URL
https://www.franceagrimer.fr/fam/content/download/65251/document/QUALITALIM_BLE_2020.
PDF?version=2 (accessed 10.8.20).

Ates, S., Keles, G., Demirci, U., Dogan, S., Ben Salem, H., 2017. Biomass yield and feeding value of rye,
triticale, and wheat straw produced under a dual-purpose management system. J. Anim. Sci. 95,
4893-4903. https://doi.org/10.2527/jas2017.1888

Australian Oilseeds Federation, 2021. Annual report 2020-21.

Azeez, J.0., Van Averbeke, W., 2010. Nitrogen mineralization potential of three animal manures applied
on a sandy clay loam soil. Bioresour. Technol. 101, 5645-5651.

Azeez, J.0., Van Averbeke, W., Okorogbona, A.0.M., 2010. Differential responses in yield of pumpkin
(Cucurbita maxima L.) and nightshade (Solanum retroflexum Dun.) to the application of three
animal manures. Bioresour. Technol. 101, 2499-2505.
https://doi.org/10.1016/j.biortech.2009.10.095

Bahl, G.S., Pasricha, N.S., 2000. N-utilization by maize (Zea mays L.) as influenced by crop rotation and
field pea (Pisum sativum L.) residue management. Soil Use Manag. 16, 230-231.

Bai, Z., Ma, L., Jin, S., Ma, W., Velthof, G.L., Oenema, O., Liu, L., Chadwick, D., Zhang, F., 2016. Nitrogen,
Phosphorus, and potassium flows through the manure management chain in China. Environ. Sci.
Technol. 50, 13409-13418.

Bamber, N., Arulnathan, V., Puddu, L., Smart, A., Ferdous, J., Pelletier, N., 2022a. Life cycle inventory and
assessment of Canadian faba and dry bean production.

Bamber, N., Dutta, B., Heidari, M.D., Zargar Ershadi, S., Li, Y., Pelletier, N., 2020. Life cycle inventory and
assessment of Canadian pea and lentil production.

Bamber, N., Dutta, B., Heidari, M.D., Zargar, S., Li, Y., Tremorin, D., Pelletier, N., 2022b. Spatially resolved
inventory and emissions modelling for pea and lentil life cycle assessment. Sustain. Prod. Consum.
33, 738-755.

Bamber, N., Turner, |, Arulnathan, V., Li, Y., Zargar Ershadi, S., Smart, A., Pelletier, N., 2019. Comparing
sources and analysis of uncertainty in consequential and attributional life cycle assessment: Review
of current practice and recommendations. Int. J. Life Cycle Assess. 25.
https://doi.org/10.1007/s11367-019-01663-1

Bandekar, P.A., Putman, B., Thoma, G., Matlock, M., 2022. Cradle-to-grave life cycle assessment of
production and consumption of pulses in the United States. J. Environ. Manage. 302, 114062.

108



https://doi.org/10.1016/j.jenvman.2021.114062
Barker, B., 2007. Nitrogen credit [WWW Document].

Beard, C., Hills, A., 2022. Registered foliar fugicides for canola in Western Australia [WWW Document].
URL https://www.agric.wa.gov.au/canola/registered-foliar-fungicides-canola-western-australia
(accessed 9.29.22).

Begna, S., Angadi, S., Mesbah, A., Umesh, M.R., Stamm, M., 2021. Forage yield and quality of winter
canola—pea mixed cropping system. Sustainability 13, 1-12. https://doi.org/10.3390/su13042122

Ben Aoun, W., El Akkari, M., Flénet, F., Jacquet, F., Gabrielle, B., 2016. Recommended fertilization
practices improve the environmental performance of biodiesel from winter oilseed rape in France.
J. Clean. Prod. 139, 242-249. https://doi.org/10.1016/j.jclepro.2016.07.058

Biswas, W., Barton, L., Carter, D., 2008. Global warming potential of wheat production in Western
Australia: a life cycle assessment. Water Environ. J. 22, 206-216.

Bortolini, M., Cascini, A., Gamberi, M., Mora, C., Regattieri, A., 2014. Sustainable design and life cycle
assessment of an innovative multi-functional haymaking agricultural machinery. J. Clean. Prod. 82,
23-36.

Brewin, D., 2021. The impact of COVID-19 on the grains and oilseeds sector: 12 months later. Can. J.
Agric. Econ. 69.

Brosowski, A., Bill, R., Thran, D., 2020. Temporal and spatial availability of cereal straw in Germany—
Case study: Biomethane for the transport sector. Energy. Sustain. Soc. 10.
https://doi.org/10.1186/s13705-020-00274-1

Broster, J.C., Walsh, M.J., 2022. Nutrient removal and movement as a result of different HWSC practices,
in: Proceedings of the 20th Agronomy Australia Conference.

Buchspies, B., Kaltschmitt, M., 2018. A consequential assessment of changes in greenhouse gas
emissions due to the introduction of wheat straw ethanol in the context of European legislation.
Appl. Energy 211, 368-381. https://doi.org/10.1016/j.apenergy.2017.10.105

Canal, N., Deudon, O., Le Bris, X., Gate, P., Pigeon, G., Regimbeau, M., Calvet, J.-C., 2017. Anticipation of
the winter wheat growth based on seasonal forecasts over France. Meterological Appl. 24, 432—
443,

Cann, D., Hunt, J., Harris, F., Porker, K., 2019. Comparative yield physiology of spring and winter wheat in
a semi-arid Mediterranean environment, in: Proceedings of the 2019 Agronomy Australia
Conference. pp. 25-29.

CCNUCC, 2022. Rapport national d’inventaire pour la France au titre la Convention cadre des Nations
Unies sure les changements climatiques et du Protocole de Kyoto.

Cetipa, 2022. Rapport National d’Inventaire pour la France.

Cheminfo Services Inc., 2016. Carbon Footprints for Canadian Crops: Canadian Fertilizer Production
Data.

Chen, H., Li, X., Hu, F., Shi, W., 2013. Soil nitrous oxide emissions following crop residue addition: a
meta-analysis. Glob. Chang. Biol. 19, 2956—2964.

109



Chen, Q,, Liu, Z., Zhou, J., Xu, X., Zhu, Y., 2021. Long-term straw mulching with nitrogen fertilization
increases nutrient and microbial determinants of soil quality in a maize—wheat rotation on China’s
Loess Plateau. Sci. Total Environ. 775, 145930. https://doi.org/10.1016/].scitotenv.2021.145930

Cilleruelo, J., 2022. LCIA method package v2.1.3 - addition of IPCC 2021 AR6 method [WWW Document].
URL https://www.openlca.org/ipcc2021ar6/ (accessed 10.2.22).

Ciroth, A., Muller, S., Weidema, B., Lesage, P., 2016. Empirically based uncertainty factors for the
pedigree matrix in ecoinvent. Int. J. Life Cycle Assess. 21, 1338-1348.
https://doi.org/10.1007/s11367-013-0670-5

Clayton, G.W., Rice, W.A., Lupwayi, N.Z., Johnston, A.M., Lafond, G.P., Grant, C.A., Walley, F., 2004.
Inoculant formulation and fertilizer nitrogen effects on field pea: Nodulation, N2 fixation and
nitrogen partitioning. Can. J. Plant Sci. 84, 79-88. https://doi.org/10.4141/P02-089

Coelho, G.F., GonCalves, A.C., Novoa-Munoz, J.C., Fernandez-Calvifio, D., Arias-Estévez, M., Fernandez-
Sanjurjo, M.J., Alvarez-Rodriguez, E., Nufiez-Delgado, A., 2016. Competitive and non-competitive
cadmium, copper and lead sorption/desorption on wheat straw affecting sustainability in
vineyards. J. Clean. Prod. 139, 1496-1503. https://doi.org/10.1016/j.jclepro.2016.09.021

Commonwealth of Australia, 2022. Australian National Inventory Report 2020 2.

Cordeiro, M.R.C., Mengistu, G.F., Pogue, S.J., Legesse, G., Gunte, K.E., Taylor, A.M., Ominski, K.H.,
Beauchemin, K.A., McGeough, E.J., Faramarzi, M., McAllister, T.A., 2022. Assessing feed security for
beef production within livestock-intensive regions. Agric. Syst. 196, 103348.
https://doi.org/10.1016/j.agsy.2021.103348

Crippa, M., Solazzo, E., Guizzardi, D., Monforti-Ferrario, F., Tubiello, F.N., Leip, A., 2021. Food systems
are responsible for a third of global anthropogenic GHG emissions. Nat. Food 2, 198-209.

Del Grosso, S.J., Parton, W.J., Mosier, A.R., Hartman, M.D., Brenner, J., Ojima, D.S., Schimel, D.S., 2001.
Simulated interaction of carbon dynamics and nitrogen tace gas fluxes using the DAYCENT model,
in: Modeling Carbon and Nitrogen Dynamics for Soil Management. CRC Press, Boca Raton, pp. 303—
332.

Destatis, 2022. Harvest volume of selected crops in a time comparison [WWW Document]. URL
https://www.destatis.de/EN/Themes/Economic-Sectors-Enterprises/Agriculture-Forestry-
Fisheries/Field-Crops-Grassland/Tables/3-harvest-volume-of-selected-crops-in-a-time-
comparison.html (accessed 9.13.22).

Dias, G.M., Ayer, N.W., Khosla, S., Van Acker, R., Young, S.B., Whitney, S., Hendricks, P., 2017. Life cycle
perspectives on the sustainability of Ontario greenhouse tomato production: Benchmarking and
improvement opportunities. J. Clean. Prod. 140, 831-839.
https://doi.org/10.1016/].jclepro.2016.06.039

Doran-Browne, N.A., Eckard, R.J., Behrendt, R., Kingwell, R.S., 2015. Nutrient density as a metric for
comparing greenhouse gas emissions from food production. Clim. Change 129, 73-87.
https://doi.org/10.1007/s10584-014-1316-8

Dusenbury, M.P., Engel, R.E., Miller, P.R., Lemke, R.L., Wallander, R., 2008. Nitrous Oxide Emissions from
a Northern Great Plains Soil as Influenced by Nitrogen Management and Cropping Systems. J.
Environ. Qual. 37, 542-550. https://doi.org/10.2134/jeq2006.0395

110



Eady, S., 2017. Greenhouse gas emissions from the cultivation of canola oilseed in Australia.

Eady, S., Carre, A., Grant, T., 2012. Life cycle assessment modelling of complex agricultural systems with
multiple food and fibre co-products. J. Clean. Prod. 28, 143-149.
https://doi.org/10.1016/j.jclepro.2011.10.005

Environment and Climate Change Canada, 2022. National Inventory Report 1990-2020: Greenhouse gas
sources and sinks in Canada.

Esther, O.J., Guo, C. hui, Tian, X. hong, Li, H. yun, Zhou, Y. xue, 2014. The Effects of Three Mineral
Nitrogen Sources and Zinc on Maize and Wheat Straw Decomposition and Soil Organic Carbon. J.
Integr. Agric. 13, 2768—2777. https://doi.org/10.1016/52095-3119(13)60679-6

European Commission, 2022a. Qilseeds and protein crops production [WWW Document]. URL
https://agridata.ec.europa.eu/extensions/DashboardCereals/OilseedProduction.html# (accessed
9.16.22).

European Commission, 2022b. Eurostat [WWW Document]. URL
https://ec.europa.eu/eurostat/data/database (accessed 9.16.22).

FAO, 2016. Environmental performance of animal feed supply chains. Guidelines for assessment. Rome.

FAOstat, 2021. Crops and livestock products [WWW Document]. URL
https://www.fao.org/faostat/en/#data/QCL (accessed 10.19.21).

Federal Environment Agency, 2022. National inventory report for the German greenhouse gas inventory
1990-2020.

Figl, H., Kusche, 0., 2021. OKOBAUDAT Manual. Technical and formal information and rules for the
OKOBAUDAT database Version 2.1.

Fischer, T., Ammar, K., Monasterio, 1.0., Monjardino, M., Singh, R., Verhulst, N., 2022. Sixty years of
irrigated wheat yield increase in the Yaqui Valley of Mexico: {ast drivers, prospects and
sustainability. F. Crop. Res. 283, 108528.

Fix, J., Tynan, S., 2011. Carbon Footprint Analysis for Wood & Agricultural Residue Sources of Pulp.

Flemming, C., Liang, C., Macdonald, D., Thiagarajan, A., 2021. National inventory report 1990 - 2019:
Greenhouse gas sources and sinks in Canada. Canada’s submission to the United Nations
Framework Convention on Climate Change. Chapter 5: Agriculture (CRF Sector 3).

FranceAgriMer, Arvalis, 2017. Quality of French durum wheat at delivery to inland collection silos.

Frischknecht, R., Jungbluth, N., Althaus, H.J., Doka, G., Dones, R., Heck, T., Hellweg, S., Hischier, R.,
Nemecek, T., Rebitzer, G., Spielmann, M., 2005. The ecoinvent database: Overview and
methodological framework. Int. J. Life Cycle Assess. 10, 3-9.
https://doi.org/10.1065/lca2004.10.181.1

Fritter, M., 2020. Development of the Canadian Agri-food Lifecycle Data Centre with data format
interoperability requirements. University of British Columbia.

Fuhrer, J., Chervet, A., 2015. No-tillage: long term benefits for yield stability in a more variable climate?
Procedia Environ. Sci. 29, 194-195.

Gabrielle, B., Laville, P., Duval, O., Nicoullaud, B., Germon, J.C., Hénault, C., 2006. Process-based

111



modeling of nitrous oxide emissions from wheat-cropped soils at the subregional scale. Global
Biogeochem. Cycles 20, 1-11. https://doi.org/10.1029/2006GB002686

Galassi, G., Colombini, S., Malagutti, L., Crovetto, G.M., Rapetti, L., 2010. Effects of high fibre and low
protein diets on performance, digestibility, nitrogen excretion and ammonia emissions in the heavy
pig. Anim. Feed Sci. Technol. 161, 140-148.

Ghamkhar, R., Hartleb, C., Rabas, Z., Hicks, A., 2022. Evaluation of environmental and economic
implications of a cold-weather aquaponic food production system using Ifie cycle assessment and
economic analysis. J. Ind. Ecol. 26, 862—-874.

GL-Pro, 2005. Guidelines for growing grain legumes in Europe.

Gong, H., Guo, Y., Wu, J., Wu, H., Nkebiwe, P.M., Pu, Z., Feng, G., Jiao, X., 2022. Synergies in sustainable
phosphorus use and greenhouse gas emissions mitigation in China: Perspectives from the entire
supply chain from fertilizer production to agricultural use. Sci. Total Environ. 838, 155997.

Government of Australia, 2022. National Inventory Report.

Government of Canada, 2022. Overview of Canada’s agriculture and agri-food sector [WWW
Document]. URL https://agriculture.canada.ca/en/canadas-agriculture-sectors/overview-canadas-
agriculture-and-agri-food-sector#s2 (accessed 9.7.22).

Government of Saskatchewan, 2022. Managing manure as a fertilizer [WWW Document]. URL
https://www.saskatchewan.ca/business/agriculture-natural-resources-and-industry/agribusiness-
farmers-and-ranchers/crops-and-irrigation/soils-fertility-and-nutrients/managing-manure-as-a-
fertilizer (accessed 10.2.22).

Grant, T., 2016. AusLCI database manual.
GRDC, 2018. GRDC Grownotes. Canola. Section 7 Insect Control.

Griffiths, N., 2014. Use of manures [WWW Document]. URL https://grdc.com.au/resources-and-
publications/grdc-update-papers/tab-content/grdc-update-papers/2014/07/use-of-manures
(accessed 10.9.22).

Groth, S., Wittmann, R., Longin, C.F.H., B6hm, V., 2020. Influence of variety and growing location on
carotenoid and vitamin E contents of 184 different durum wheat varieties (Triticum turgidum ssp.
durum) in Germany. Eur. Food Res. Technol. 246, 2079-2092.

Haramoto, E.R., Gallandt, E.R., 2004. Brassica cover cropping for weed management: A review. Renew.
Agric. Food Syst. 19, 187-198.

Hasanly, A., Khajeh Talkhoncheh, M., Karimi Alavijeh, M., 2018. Techno-economic assessment of
bioethanol production from wheat straw: a case study of Iran. Clean Technol. Environ. Policy 20,
357-377. https://doi.org/10.1007/s10098-017-1476-0

Hassan, M.U., Aamer, M., Mahmood, A., Awan, M.I., Barbanti, L., Seleiman, M.F., Bakhsh, G.,
Alkharabsheh, H.M., Babur, E., Shao, J., Rasheed, A., Huang, G., 2022. Managment strategies to
mitigate N20 emissions in agriculture. Life2 12, 439.

Havrysh, V., Kalinichenko, A., Brzozowska, A., Stebila, J., 2021. Life cycle energy consumption and carbon
dioxide emissions of agricultural residue feedstock for bioenergy. Appl. Sci. 11, 1-18.
https://doi.org/10.3390/app11052009

112



Hernandez, C., Escamilla-Alvarado, C., Sdnchez, A., Alarcdn, E., Ziarelli, F., Musule, R., Valdez-Vazquez, I.,
2019. Wheat straw, corn stover, sugarcane, and Agave biomasses: chemical properties, availability,
and cellulosic-bioethanol production potential in Mexico. Biofuels, Bioprod. Biorefining 13, 1143—
1159. https://doi.org/10.1002/bbb.2017

Heuzé, V., Tran, G., Noziere, P., Bastianelli, D., Lebas, F., 2021. Straws [WWW Document]. Feed. a
Program. by INRAE, CIRAD, AFZ FAO. URL https://www.feedipedia.org/node/60 (accessed
10.23.22).

Heuzé, V., Tran, G., Renaudeau, D., Lessire, M., Lebas, F., 2015. Wheat grain [WWW Document]. Feed. a
Program. by INRAE, CIRAD, AFZ FAO. URL https://feedipedia.org/node/223 (accessed 10.23.22).

Hietala, S., Heusala, H., Katajajuuri, J.-M., Jarvenranta, K., Virkajarvi, P., Huuskonen, A., Nousiainen, J.,
2021. Environmental life cycle assessment of Finnish beef - cradle-to-farm gate analysis of dairy
and beef breed beef production. Agric. Syst. 194, 103250.

Hirzel, J., Undurraga, P., Ledn, L., Matus, ., 2022. Effect of residue incorporation on wheat grain and
plant nutrients during a four-year rotation of canola-wheat and bean-wheat crops. Commun. Soil
Sci. Plant Anal. 53, 2054-2063.

Hlisnikovsky, L., Mensik, L., Cermak, P., Krizova, K., Kunzova, E., 2022. Long-term effect of pig slurry and
mineral fertilizer additins on soil nutrient content, field pea grain and straw yield under winter
wheat-spring barley-field pea crop rotation on Cambisol and Luvisol. Land 11, 187.

Hoang, K.T.K., Marschner, P., 2019. P Pools After Seven-Year P Fertiliser Application Are Influenced by
Wheat Straw Addition and Wheat Growth. J. Soil Sci. Plant Nutr. 19, 603-610.
https://doi.org/10.1007/s42729-019-00059-2

Hoffmann, M.P., Haakana, M., Asseng, S., Hohn, J.G., Palosuo, T., Ruiz-Ramos, M., Fronzek, D., Ewert, F.,
Gaiser, T., Kassie, B.T., Paff, K., Rezaei, E.E., Rodriguez, A., Semenov, M., Srivastava, A.K.,
Stratonovitch, P., Tao, F., Chen, Y., Rotter, R.P., 2018. How does inter-annual variability of
attainable yield affect the magnitude of yield gaps for wheat and maize? An analysis at ten sites.
Agric. Syst. 159, 199-208.

Horf, M., Vogel, S., Driicker, H., Gebbers, R., Hans-Werner, O., 2022. Optical spectrometry to determine
nutrient concentrations and other physiochemical parameters in liquid organic manures.
Agronomy 12, 514.

INSEE, 2022. French Economy Dashoard [WWW Document]. URL https://www.insee.fr/en/outil-
interactif/5543645/tableau/70_SAC/71_AGR (accessed 9.13.22).

IPCC, 2022. Climate Change 2022. Mitigation of climate change. Working group Il contribution to the
IPCC sixth assessment report (AR6). Summary for policymakers.

IPCC, 2019. IPCC Guidelines for National Greenhouse Gas Inventories Intergovernmental Panel on
Climate Change (2019).

Igbal, Y., Lewandowski, |., Weinreich, A., Wippel, B., Pforte, B., Hadal, O., Trybol, O., Spottle, M., Peters,
D., 2016. Maximising the yield of biomass from residues of agricultural crops and biomass from
forestry.

ISO, 2018. Greenhouse gases - Carbon footprint of products - Requirements and guidelines for
guantification.

113



ISO, 2006a. Environmental management - Life cycle assessment - Requirements and guilelines.
https://doi.org/10.1007/s11367-011-0297-3

ISO, 2006b. Environmental management - Life cycle assessment — Principles and framework.

Juneja, A., Kumar, D., Murthy, G.S., 2013. Economic feasibility and environmental life cycle assessment
of ethanol production from lignocellulosic feedstock in Pacific Northwest U.S. J. Renew. Sustain.
Energy 5. https://doi.org/10.1063/1.4803747

Kajsa, H., Per-Anders, H., Katterer, T., Tidaker, P., Sundberg, C., 2019. Environmental performance of
crop cultivation at different sites and nitrogen rates in Sweden. Nutr. Cycl. Agroecosystems 114,
139-155.

Kakanis, I., 2021. Life cycle assessment of nitrate and compound fertilizers production - a case study.
Sustainability 13, 148.

Karan, S.K., Hamelin, L., 2021. Crop residues may be a key feedstock to bioeconomy but how reliable are
current estimation methods? Resour. Conserv. Recycl. 164, 105211.

Kemanian, A.R., Stockle, C.0., Huggins, D.R., 2007. Estimating grain and straw nitrogen concentration in
grain crops based on aboveground nitrogen concentration and harvest index. Agron. J. 99, 158—
165. https://doi.org/10.2134/agronj2006.0090

Klimczyk, M., Siczek, A., Schimmelpfennig, L., 2021. Improving the efficiency of urea-based fertilization
leading to reduction in ammonia emission. Sci. Total Environ. 771, 145483.
https://doi.org/10.1016/j.scitotenv.2021.145483

Koch, P., Salou, T., 2016. AGRIBALYSE © : METHODOLOGY Version 1.3.

Kristell Hergoualc’h, Hiroko Akiyama, Martial Bernoux , Ngonidzashe Chirinda, Agustin del Prado, Asa
Kasimir, James Douglas MacDonald, Stephen Michael Ogle, Kristiina Regina, T.J. van der W., 2019.
2019 Refinement to the 2006 IPCC Guidelines for National Greenhouse Gas Inventories, IPCC.

Kuang, W., Gao, X., Tenuta, M., Zeng, F., 2021. A global meta-analysis of nitrous oxide emissions from
drip-irrigated cropping systems. Glob. Chang. Biol. 27, 3244-3256.

Kuhn, T., Kokemohr, L., Holm-Miiller, K., 2018. A life cycle assessment of liquid pig manure transport in
line with EU regulations: A case study from Germany. J. Environ. Manage. 217, 456—-467.

Lafond, G.P., Stumborg, M., Lemke, R., May, W.E., Holzapfel, C.B., Campbell, C.A., 2009. Quantifying
straw removal through baling and measuring the long-term impact on soil quality and wheat
production. Agron. J. 101, 529-537. https://doi.org/10.2134/agronj2008.0118x

Li, X., Mupondwa, E., Panigrahi, S., Tabil, L., Adapa, P., 2012a. Life cycle assessment of densified wheat
straw pellets in the Canadian Prairies. Int. J. Life Cycle Assess. 17, 420-431.
https://doi.org/10.1007/s11367-011-0374-7

Li, X., Mupondwa, E., Panigrahi, S., Tabil, L., Sokhansanj, S., Stumborg, M., 2012b. A review of
agricultural crop residue supply in Canada for cellulosic ethanol production. Renew. Sustain. Energy
Rev. 16, 2954-2965. https://doi.org/10.1016/j.rser.2012.02.013

Liang, C., MacDonald, D., Thiagarajan, A., Flemming, C., Cerkowniak, D., Desjardins, R., 2020. Developing
a country specific method for estimating nitrous oxide emissions from agricultural soils in Canada.
Nutr. Cycl. Agroecosystems 117, 145—167. https://doi.org/10.1007/s10705-020-10058-w

114



Lips, M., 2017. Length of operational life and its impact on life-cycle costs of a tractor in Switzerland.
Agriculture 7, 68.

Liu, J., Shang, J., Qian, B., Huffman, T., Zhang, Y., Dong, T., Jing, Q., Martin, T., 2019. Crop yield estimates
using time-series MODIS data and the effects of cropland masks in Ontario, Canada. Remote Sens.
11, 2419.

Liu, Q., Wu, T.Y,, Pu, L., Sun, J., 2021. Comparison of fertilizer use efficiency in grain production between
developing countries and developed countries. J. Sci. Food Agric. 102, 2404-2412.

Liu, Z., Sun, J., Zhu, W., Qu, Y., 2021. Exploring impacts of perceived value and government regulation on
farmers’ willingness to adopt wheat straw incorporation in China. Land 10.
https://doi.org/10.3390/1and10101051

LMC International, 2020. the economic impact of canola on the Canadian economy: 2020 update.
Winnipeg, Canada.

Lokesh, K., West, C., Kuylenstierna, J.C., Fan, J., Budarin, V., Priecel, P., Lopez-Sanchez, J.A., Clark, J.H.,
2019. Economic and agronomic impact assessment of wheat straw based alkyl polyglucoside
produced using green chemical approaches. J. Clean. Prod. 209, 283-296.
https://doi.org/10.1016/j.jclepro.2018.10.220

Macholdt, J., Honermeier, B., 2017. Yield stability in winter whear production: A survey on German
farmers’ and advisors’ views. Agronomy 7, 45.

MacWilliam, S., Sanscartier, D., Lemke, R., Wismer, M., Baron, V., 2016. Environmental benefits of
canola production in 2010 compared to 1990: A life cycle perspective. Agric. Syst. 145, 106—115.
https://doi.org/10.1016/j.agsy.2016.03.006

MacWilliam, S., Wismer, M., Kulshreshtha, S., 2014. Life cycle and economic assessment of Western
Canadian pulse systems: The inclusion of pulses in crop rotations. Agric. Syst. 123, 43-53.
https://doi.org/10.1016/j.agsy.2013.08.009

Malone, T., Schaefer, K.A., Lusk, J.L., 2021. Unscrambling U.S. egg supply chains amid COVID-19. Food
Policy 101, 102046.

Marschner, P., Joergensen, R.G., Piepho, H.P., Buerkert, A., 2004. Legume rotation effects on early
growth and rhizosphere microbiology of sorghum in West African soils. Plant Soil 264, 325—-334.
https://doi.org/10.1023/B:PLS0.0000047767.62179.25

Masuda, K., 2016. Measuring eco-efficiency of wheat production in Japan: A combined application of life
cycle assessment and data envelopment analysis. J. Clean. Prod. 126, 373-381.
https://doi.org/10.1016/j.jclepro.2016.03.090

Mazzocchi, C., Orsi, L., Sali, G., 2021. Consumers’ attitudes for sustainable mountain cheese.
Sustainability 13, 1743.

Meisterling, K., Samaras, C., Schweizer, V., 2009. Decisions to reduce greenhouse gases from agriculture
and product transport: LCA case study of organic and conventional wheat. J. Clean. Prod. 17, 222—
230.

Molavian, M., Ghorbani, G.R., Rafiee, H., Beauchemin, K.A., 2020. Substitution of wheat straw with
sugarcane bagasse in low-forage diets fed to mid-lactation dairy cows: Milk production,

115



digestibility, and chewing behavior. J. Dairy Sci. 103, 8034—8047. https://doi.org/10.3168/jds.2020-
18499

Montero, G., Coronado, M.A., Torres, R., Jaramillo, B.E., Garcia, C., Stoytcheva, M., Vazquez, A.M., Ledn,
J.A., Lambert, A.A., Valenzuela, E., 2016. Higher heating value determination of wheat straw from
Baja California, Mexico. Energy 109, 612—619. https://doi.org/10.1016/j.energy.2016.05.011

Moral, R., Paredes, C., 2005. Estimation of nutrient values of pig slurries in Southeast Spain using easily
determined properties. Waste Manag. 25, 719-725.

Moreno Ruiz, E., FitzGerald, D., Symeonidis, A., loannidoum, D., Miiller, J., Valsasina, L., Vadenbo, C.,
Minas, N., Sonderegger, T., Dellenbach, D., 2021. Documentation of changes implemented in the
ecoinvent database v3.8.

Mufioz, I., Flury, K., Jungbluth, N., Rigarlsford, G., Canals, L.M., King, H., 2014. Life cycle assessment of
bio-based ethanol produced from different agricultural feedstocks. Int. J. Life Cycle Assess. 19,
109-119. https://doi.org/10.1007/s11367-013-0613-1

Naudin, C., Van Der Werf, H.M.G., Jeuffroy, M.H., Corre-Hellou, G., 2014. Life cycle assessment applied
to pea-wheat intercrops: A new method for handling the impacts of co-products. J. Clean. Prod. 73,
80-87. https://doi.org/10.1016/j.jclepro.2013.12.029

Nelson, R.G., 2002. Resource assessment and removal analysis for corn stover and wheat straw in the
Eastern and Midwestern United states - Rainfall and wind-induced soil erosion methodology.
Biomass and Bioenergy 22, 349-363. https://doi.org/10.1016/50961-9534(02)00006-5

Nemecek, T., 2015. wheat production | wheat grain | APOS, U - AU. ecoinvent database version 3.8.

Nemecek, T., 2007a. protein pea production | protein pea | APOS, U - DE. ecoinvent database version
3.8.

Nemecek, T., 2007b. rape seed production | rape seed | APOS, U - DE. ecoinvent database version 3.8.
Nemecek, T., 2007c. wheat production | wheat grain | APOS, U - FR. ecoinvent database version 3.8.

Nguyen, T.T.H., Bouvarel, |., Ponchant, P., Van Der Werf, H.M.G., 2012. Using environmental constraints
to formulate low-impact poultry feeds. J. Clean. Prod. 28, 215-224.
https://doi.org/10.1016/].jclepro.2011.06.029

Niu, W., Huang, G, Liu, X., Chen, L., Han, L., 2014. Chemical composition and calorific value prediction of
wheat straw at different maturity stages using near-infrared reflectance spectroscopy. Energy and
Fuels 28, 7474-7482. https://doi.org/10.1021/ef501446r

Noor, A.Y.M., Toiba, H., Setiawan, B., Muhaimin, A.W., Kiloes, A.M., 2022. The application of choice
experiments in a study on consumer preference for agri-food products: A literature review. Agric.
Econ. 68, 189-197.

Nordborg, M., Cederberg, C., Berndes, G., 2014. Modeling potential freshwater ecotoxicity impacts due
to pesticide use in biofuel feedstock production: The cases of maize, rapeseed, Salix, soybean,
sugar cane, and wheat. Environ. Sci. Technol. 48, 11379-11388.
https://doi.org/10.1021/es502497p

O’Keeffe, S., Majer, S., Drache, C., Franko, U., Thran, D., 2017. Modelling biodiesel production within a
regional context — A comparison with RED Benchmark. Renew. Energy 108, 355-370.

116



https://doi.org/10.1016/j.renene.2017.02.024

Okpiaifo, G., Durand-Morat, A., West, G.H., Nalley, L.L., Nayga Jr., R.M., Wailes, E.J., 2020. Consumers’
preferences for sustainable rice practices in Nigeria. Glob. Food Sec. 24, 100345.

Ouikhalfan, M., Lakbita, O., Delhali, A., Assen, A.H., Belmabkhout, Y., 2022. Toward net-zero emission
fertilizers industry: Greenhouse gas emission analyses and decarbonization solutions. Energy Fuels
36, 4198-4223.

Pelletier, N., 2017. Life cycle assessment of Canadian egg products, with differentiation by hen housing
system type. J. Clean. Prod. 152, 167-180. https://doi.org/10.1016/J.JCLEPR0O.2017.03.050

Pelletier, N., 2015. Life Cycle Thinking, Measurement and Management for Food System Sustainability.
Environ. Sci. Technol. 49, 7515-7519. https://doi.org/10.1021/acs.est.5b00441

Pelletier, N., 2008. Environmental performance in the US broiler poultry sector: Life cycle energy use
and greenhouse gas, ozone depleting, acidifying and eutrophying emissions. Agric. Syst. 98, 67—-73.
https://doi.org/10.1016/J.AGSY.2008.03.007

Pelletier, N., Ibarburu, M., Xin, H., 2014. Comparison of the environmental footprint of the egg industry
in the United States in 1960 and 2010. Poult. Sci. 93, 241-255. https://doi.org/10.3382/ps.2013-
03390

Pelletier, N., Pirog, R., Rasmussen, R., 2010. Comparative life cycle environmental imapcts of three beef
production strategies in the Upper Midwestern United States. Agric. Syst. 103.

Pelletier, N., Tyedmers, P., 2011. An Ecological Economic Critique of the Use of Market Assessment
Research 15. https://doi.org/10.1111/j.1530-9290.2011.00337.x

Pembleton, K.G., Cullen, B.R., Rawnsley, R.P., Harrison, M.T., Ramilan, T., 2016. Modelling the resilience
of forage crop production to future climate change in the dairy regions of Southeastern Australia
using APSIM. J. Agric. Sci. 154, 1131-1152. https://doi.org/10.1017/50021859615001185

Prud’homme, M., 2013. Sulphur. Can. Encycl.
Pulse Canada, 2021. Canadian peas and lentils: Life cycle assessment summary report.

Radicetti, E., Mancinelli, R., Campiglia, E., 2013. Influence of winter cover crop residue management on
weeds and yield in pepper (capsicum annuum L.) in a Mediterranean enviroment. Crop Prot. 52,
64-71.

Ranaivoson, L., Naudin, K., Ripoche, A., Affholder, F., Rabeharisoa, L., Corbeels, M., 2017. Agro-
ecological functions of crop residues under conservation agriculture. A review. Agron. Sustain. Dev.
37, 26.

Robertson, M.J., Holland, J.F., Bambach, R., 2009. Canola residues do not reduce establishment, growth,
and yield of following summer crops. Crop Pasture Sci. 60, 640—645.

Rodehutscord, M., Riickert, C., Maurer, H.P., Schenkel, H., Schipprack, W., Bach Knudsen, K.E.,
Schollenberger, M., Laux, M., Eklund, M., Siegert, W., Mosenthin, R., 2016. Variation in chemical
composition and physical characteristics of cereal grains from different genotypes. Arch. Anim.
Nutr. 70, 87-107. https://doi.org/10.1080/1745039X.2015.1133111

Rothardt, S., FuB, R., Phalmann, I., Kage, H., 2021. Post-harvest N20 emissions can be mitigated with

117



organic amendments. Front. Environ. Sci. 9.

Saad Azzem, L., Bellel, N., 2022. Thermal and Physico-Chemical Characteristics of Plaster Reinforced with
Wheat Straw for Use as Insulating Materials in Building. Buildings 12.
https://doi.org/10.3390/buildings12081119

Schmidt Rivera, X.C., Bacenetti, J., Fusi, A., Niero, M., 2017. The influence of fertiliser and pesticide
emissions model on life cycle assessment of agricultural products: The case of Danish and Italian
barley. Sci. Total Environ. 592, 745-757. https://doi.org/10.1016/j.scitotenv.2016.11.183

Shackley, B., Curry, J., Nicol, D., DPIRD, 2022. Understanding the fit of winter wheats for WA
environments [WWW Document]. URL https://grdc.com.au/resources-and-publications/grdc-
update-papers/tab-content/grdc-update-papers/2022/03/understanding-the-fit-of-winter-wheats-
for-wa-environments (accessed 9.13.22).

Smerchek, D.T., Smith, Z.K., 2020. Bedding application to feedlot steers: Influence on growth
performance, estimated maintenance coefficient, carcass characteristics, and circulating
metabolites in beef steers. Animals 10, 1-17. https://doi.org/10.3390/ani10101766

Sommer, S.G., Hjorth, M., Leahy, J.J., Zhu, K., Christel, W., Sgrensen, C.G., Sutaryo, 2014. Pig slurry
characteristics, nutrient balance and biogas production as affected by separation and acidification.
J. Agric. Sci. 153, 177-191.

Statistics Canada, 2022a. Canada: outlook for Principal Field Crops [WWW Document].

Statistics Canada, 2022b. Table 32-10-0359-01 Estimated areas, yield, production, average farm price
and total farm value of principal field crops, in metric and imperial units [WWW Document].
https://doi.org/https://doi.org/10.25318/3210035901-eng

Statistics Canada, 2022c. Table 32-10-0130-01 Number of cattle, by class and farm type (x1000) [WWW
Document]. https://doi.org/https://doi.org/10.25318/3210013001-eng

Statistics Canada, 2021a. Production of principal field crops, November 2021 [WWW Document]. URL
https://www150.statcan.gc.ca/n1/daily-quotidien/211203/dg211203b-eng.htm (accessed 9.7.22).

Statistics Canada, 2021b. Table 32-10-0366-01 Crop residue [WWW Document]. Census Agric.
https://doi.org/https://doi.org/10.25318/3210036601-eng

Statistics Canada, 2021c. Census of Agriculture [WWW Document]. URL
https://www.statcan.gc.ca/en/statistical-programs/instrument/3438_Q1_V6 (accessed 11.4.11).

Suardi, A., Stefanoni, W., Bergonzoli, S., Latterini, F., Jonsson, N., Pari, L., 2020. Comparison between
two strategies for the collection of wheat residue after mechanical harvesting: Performance and
cost analysis. Sustainability 12. https://doi.org/10.3390/SU12124936

Sui, N., Zhou, Z., Yu, C,, Liu, R., Yang, C., Zhang, F., Song, G., Meng, Y., 2015. Yield and potassium use
efficiency of cotton with wheat straw incorporation and potassium fertilization on soils with
various conditions in the wheat-cotton rotation system. F. Crop. Res. 172, 132-144.
https://doi.org/10.1016/j.fcr.2014.11.011

Takashima, N.E., Rondanini, D., Puhl, L.E., Miralles, D.J., 2013. Environmental factors affecting yield
variability in spring and winter rapeseed genotypes cultivated in the southeastern Argentine
Pampas. Eur. J. Agron. 48, 88—100.

118



Taylor, A.M., Amiro, B.D., Fraser, T.J., 2013. Net CO2 exchange and carbon budgets of a three-year crop
rotation following conversion of perennial lands to annual cropping in Manitoba, Canada. Agric.
For. Meteorol. 182-183, 67-75.

Terres Inovia, 2020. Qualite des graines Colza Récolte 2020 [WWW Document]. URL
https://www.terresinovia.fr/documents/20126/156024/fiche-qual-graines-colza2020-Terres-
Univia-Terres-Inovia.pdf/034837c3-45d5-1dc1-ddeb-dd9c4248334d?t=1611656205613 (accessed
10.8.20).

Thiagarajan, A., Fan, J., Mcconkey, B.G., Janzen, H.H., Campbell, C.A., 2018. Dry matter partitioning and
residue N content for 11 major field crops in Canada adjusted for rooting depth and yield. Can. J.
Soil Sci. 98, 574-579.

Tittonell, P., Rufino, M.C., Janssen, B.H., Giller, K.E., 2010. Carbon and nutrient losses during manure
storage under traditional and improved practices in smallholder crop-livestock systems - evidence
from Kenya. Plant Soil 328, 253—-269.

Tobi, R.C.A., Harris, F., Rana, R., Brown, K.A., Quaife, M., Green, R., 2019. Sustainable diet dimesnions.
Comparing consumer preference for nutrition, environmental and social responsibility food
labelling: A systematic review. Sustainability 11, 6575.

Tomkinson, J., 2013. canola, no-till, great southern WA, at farm/AU U. AusLCl database.

Torriani, D.S., Calanca, P., Schmid, S., Beniston, M., Fuhrer, J., 2007. Potential effects of changes in mean
climate and climate variability on the yield of winter and spring crops in Switzerland. Clim. Res. 34,
59-69.

Turner, |., Heidari, D., Pelletier, N., 2022. Life cycle assessment of contemporary Canadian egg
production systems during the transition from conventional cage to alternative housing systems:
Update and analysis of trends and conditions. Resour. Conserv. Recycl. 176, 105907.

Turner, I., Smart, A., Adams, E., Pelletier, N., 2020. Building an ILCD/EcoSPOLD2-compliant data-
reporting template with application to Canadian agri-food LCI data. Int. J. Life Cycle Assess.
https://doi.org/https://doi-org.ezproxy.library.ubc.ca/10.1007/s11367-020-01748-2

U.S. Environmental Protection Agency, 2022. Inventory of U.S. greenhouse has emissions and sinks.

Uddin, M.E., Larson, R.A., Wattiaux, M.A., 2020. Effects of dairy cow breed and dietary forage on
greenhouse gas emissions from manure storage and after field application. J. Clean. Prod. 270,
122461.

Umbers, A., Watson, D., 2021. GRDC Farm Practices Survey Report 2021.

United States Environmental Protection Agency, 2022. Inventory of U.S. Greenhouse Gas Emissions and
Sinks.

USDA-NASS, 2022. Quick Stats [WWW Document]. URL https://www.nass.usda.gov/ (accessed 9.16.22).
USDA-National Agricultural Library, 2014. LCA Commons Submission Guidelines.

USDA, 2022a. Wheat data [WWW Document]. URL https://www.ers.usda.gov/data-products/wheat-
data/ (accessed 9.13.22).

USDA, 2022b. World agricultural production.

119



USDA, 2020. Agricultural Statistics 2020.
Vagt, G.0., 2015. Limestone. Can. Encycl.

Van de Wouw, A.P., Idnurm, A., Davidson, J.A., Sprague, S.J., Khangura, R.K., Ware, A.H., Lindbeck, K.D.,
Marcroft, S.J., 2016. Fungal diseases of canola in Australia: identification of trends, threats and
potential therapies. Australas. Plant Pathol. 45, 415-423.

Van Middelaar, C.E., Cederberg, C., Vellinga, T. V., Van Der Werf, H.M.G., De Boer, |.J.M., 2013. Exploring
variability in methods and data sensitivity in carbon footprints of feed ingredients. Int. J. Life Cycle
Assess. 18, 768-782. https://doi.org/10.1007/s11367-012-0521-9

van Paassen, M., Braconi, N., Kuling, L., Durlinger, B., Gual, P., 2019. Agri-footprint 5.0. Part 2:
Description of data.

Van Zandvoort, A,, Lapen, D.R,, Clark, I.D., Flemming, C., Craiovan, E., Sunohara, M.D., Boutz, R.,
Gottschall, N., 2017. Soil CO2 , CH4 , and N20 fluxes over and between tile drains on corn,
soybean, and forage fields under tile drainage management. Nutr. Cycl. Agroecosystems 109, 115-
132. https://doi.org/10.1007/s10705-017-9868-4

Vinzent, B., Ful}, R., Maidl, F.-X., Hiilsbergen, K.-J., 2017. Efficacy of agronomic strategies for mitigation
of after-harvet N20 emissions of winter oilseed rape. Eur. J. Agron. 89, 88—96.

Vos, C., Résemann, C., Haenel, H.-D., Ddmmgen, U., Doring, U., Wulf, S., Eurich-Menden, B., Freibauer,
A., Dohler, H., Schreiner, C., Osterburg, B., FuR, R., 2022. Calculations of gaseous and particulate
emissions from German agriculture (1990-2020). Report on methods and data (RMD) Submission
2022.

Walley, F.L., Clayton, G.W., Miller, P.R., Carr, P.M., Lafond, G.P., 2007. Nitrogen economy of pulse crop
production in the northern great plains. Agron. J. 99, 1710.
https://doi.org/10.2134/agronj2006.0314er

Wang, H., Ma, S., Dittert, K., 2020. Straw amendments did not induce high N20 emissions in non-frozen
wintertime conditions: A study in northern Germany. Soil Use Manag. 36, 693—703.

Wang, J., Sainju, U.M., 2014. Soil carbon and nitrogen fractions and crop yields affected by residue
placement and crop types. PLoS One 9, e105039. https://doi.org/10.1371/journal.pone.0105039

Ward, S.E., Umina, P.A., Macfadyen, S., Hoffmann, A.A., 2021. Hymenopteran parasitoids of aphid pests
with Australian grain production landscapes. Insects 12, 44.

Weiser, C., Zeller, V., Reinicke, F., Wagner, B., Majer, S., Vetter, A., Thraen, D., 2014. Integrated
assessment of sustainable cereal straw potential and different straw-based energy applications in
Germany. Appl. Energy 114, 749-762. https://doi.org/10.1016/j.apenergy.2013.07.016

World Atlas, 2022. Canadian Provinces by Zinc Production [WWW Document].

Xie, J., Liu, J., Huo, X., Meng, Q., Chu, M., 2021. Fresh food dual-channel supply chain considering
consumers’ low-carbon and freshness preferences. Sustainability 13, 6445.

Xie, L., Liu, M., Ni, B., Wang, Y., 2012. New environment-friendly use of wheat straw in slow-release
fertilizer formulations with the function of superabsorbent. Ind. Eng. Chem. Res. 51, 3855—-3862.
https://doi.org/10.1021/ie2016043

120



Xing, H., Liu, D.L,, Li, G., Wang, B., Anwar, M.R., Crean, J., Lines-Kelly, R., Yu, Q., 2017. Incorporating grain
legumes in cereal-based cropping systems to improve profitability in southern New South Wales,
Australia. Agric. Syst. 154, 112-123. https://doi.org/10.1016/j.agsy.2017.03.010

Yadav, V.S, Singh, A.R., Gunasekaran, A., Raut, R.D., Narkhede, B.E., 2022. A systematic literature review
of the agro-food suply chain: Challenges, network design, and performance measurement
perspectives. Sustain. Prod. Consum. 29, 685—-704.

Yang, C., Geng, Y., Fu, X.Z., Coulter, J.A., Chai, Q., 2020. The effects of wind erosion depending on
cropping system and tillage method in a semi-arid region. Agronomy 10.
https://doi.org/10.3390/agronomy10050732

Yeluripati, J.B., del Prado, A., Sanz-Cobefia, A., Rees, R.M,, Li, C., Chadwick, D., Tilston, E., Topp, C.F.E.,
Cardenas, L.M., Ingraham, P., Gilhespy, S., Anthony, S., Vetter, S.H., Misselbrook, T., Salas, W.,
Smith, P., 2015. Global research alliance modelling platform (GRAMP): An open web platform for
modelling greenhouse gas emissions from agro-ecosystems. Comput. Electron. Agric. 111, 112—
120. https://doi.org/10.1016/j.compag.2014.11.016

Yesufu, J., McCalmont, J.P., Clifton-Brown, J.C., Williams, P., Hyland, J., Gibbons, J., Styles, D., 2020.
Consequential life cycle assessment of miscanthus livestock bedding, diverting straw to
bioelectricity generation. GCB Bioenergy 12, 39-53. https://doi.org/10.1111/gcbb.12646

121



Appendix 1. Detailed results for baseline analyses
Table A 1 Detailed contribution analysis describing contributions to total GHG emissions (kg CO2e) per kilogram of canola produced in the
baseline model.

Region Field- Field- Soil
Fertilizer | Manure | Plant Field Post- level level carbon
Transportation | Seed inputs inputs protection | activities | Irrigation | harvest C0O2 N20 change
SK 0.002 0.005 0.159 0.000 0.007 0.037 0.000 0.002 0.030 0.355 -0.225
CA 0.002 0.006 0.191 0.000 0.013 0.038 0.001 0.012 0.045 0.402 -0.161
AU 0.003 0.004 0.126 0.000 0.023 0.145 0.000 0.013 0.118 0.051 0.046
FR 0.005 0.001 0.226 0.013 0.015 0.098 0.000 0.003 0.030 0.547 0.227
DE 0.011 0.002 0.240 0.023 0.015 0.098 0.008 0.009 0.043 0.543 0.390

Table A 2 Detailed contribution analysis describing contributions to total GHG emissions (kg COe) per kilogram of wheat grain produced in the
baseline model.

Region Field- Field- Soil
Fertilizer | Manure | Plant Field Post- level level carbon
Transportation | Seed inputs inputs protection | activities | Irrigation | harvest CO2 N20 change
SK 0.001 0.018 0.111 0.000 0.006 0.025 0.000 0.002 0.026 0.169 -0.145
CA 0.002 0.019 0.081 0.002 0.000 0.058 0.000 0.000 0.019 0.194 -0.074
AU 0.003 0.120 0.087 0.004 0.005 0.095 0.002 0.058 0.104 0.083 0.029
FR 0.003 0.010 0.087 0.006 0.002 0.043 0.000 0.073 0.036 0.234 0.098
DE 0.005 0.009 0.084 0.010 0.003 0.044 0.000 0.060 0.035 0.227 0.171
us 0.004 0.032 0.118 0.010 0.002 0.099 0.000 0.062 0.068 0.147 0.057

Table A 3 Detailed contribution analysis describing contributions to total GHG emissions (kg COe) per kilogram of peas produced in the baseline

model.
Regio Field
n Manur Plant Field Field- | - N Soil
Transportatio Fertilize | e Inoculan | protectio | activitie | Irrigatio | Post- level | level | credi | carbo
n Seed | rinputs | inputs | tinputs | n S n harvest | CO2 N20 |t n
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1.35E 3.00E | 0.18 | 0.01

SK 2.70E-04 -05 0.019 0.000 0.001 0.011 0.041 0 0.001 -04 6 0 -0.208
1.56E 1.70E- | 2.50E | 0.20 | 0.01

CA 2.70E-04 -05 0.019 0.000 0.001 0.009 0.046 0 04 -04 2 1 -0.162
0.20 | 0.01

FR 0.005 0.014 | 0.051 0.012 0.001 0.012 0.078 1.91E-03 | 0.006 0.05 2 3 0.217
0.00E+0 | 0.0000 0.35 | 0.01

DE 0.011 0.021 | 0.082 0.025 0.001 0.011 0.086 0 0 006 |4 3 0.410
4.10E- 0.25 | 0.01

us 0.008 0.008 | 0.098 0.018 0.001 0.017 0.096 7.36E-03 | 04 0.10 1 6 0.099
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